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In recent years, the role of neural network based Large Language Models has increased significantly in 

computational linguistics (Naveed et al. 2025, 3), thanks to their ability to self-learn and analyze huge 

quantities of data without human supervision. These neural network AIs form the base for Large 

Language Models (LLMs) that can learn from English texts written by humans and then produce natural 

sounding text (Fang et al. 2023, 10). Since LLMs have already achieved high usage and are expected 

to improve even further in the future, assessing their present abilities and limitations is important. One 

example of recently released LLMs is ChatGPT-5 that has been trained with more data and higher 

complexity than the previous versions of itself and thus can be expected to accurately represent the 

abilities of current LLMs. 

The goal of this thesis is to test ChatGPT-5’s ability to identify errors with English prepositional 

verbs. The thesis focuses on prepositional verbs where the required preposition was omitted. This error 

type was chosen due to the verb consisting of two parts, from which omitting one part would be a clear 

method of producing an error. Additionally, the error itself should still be reasonably easy for fluent 

language users to identify. The research data was acquired from reputable online newspapers, modified 

to contain an erroneous prepositional verb, and passed to ChatGPT for grammatical analysis. 

ChatGPT was shown to have weaknesses with less common prepositional verbs and 

understanding of the type of verb being used. The analysis showed that ChatGPT can perform at a high 

level but sometimes misunderstands user’s instructions. However, the research was very limited in 

scope, and thus significant conclusions cannot be made about ChatGPT’s abilities. Future studies 

should be done on larger data sets and more varied prepositional verbs. Similar research should also 

be done with other prepositional verb errors like wrong prepositions or wrong location for a preposition, 

as well as testing other LLMs. 
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Neuroverkkoihin perustuvien suurien kielimallien (LLM) rooli tietokonelingvistiikassa on kasvanut 

merkittävästi viime vuosien aikana (Naveed et al. 2025, 3) johtuen niiden kyvystä oppia itsenäisesti ja 

käsitellä valtavaa määrää tietoa ilman ihmisvalvontaa. Neuroverkoilla kehitetyt tekoälyt muodostavat 

pohjan suurille kielimalleille, jotka pystyvät oppimaan ihmisen kirjoittamista englanninkielisistä 

teksteistä, ja tuottamaan sitten luonnollisen omaista tekstiä (Fang et al. 2023, 10). Koska niiden käyttö 

on lisääntynyt merkittävästi ja kehitys vaikuttaa jatkuvan tulevaisuudessa, isojen kielimallien 

kyvykkyyden ja rajoituksien arviointi nykyhetkellä on tärkeää. Eräs äskettäin julkistettu suuri kielimalli 

on ChatGPT-5, joka on edellisiä versioita kompleksisempi ja kehitetty runsaammalla koulutusdatalla, 

minkä takia sen voi olettaa edustavan tarkasti nykyisten isojen kielimallien kyvykkyyttä 

Tämän tutkielman tavoite on testata ChatGPT-5:n kykyä tunnistaa englannin kielen 

prepositioverbeillä tehtyjä virheitä. Tutkielma keskittyy prepositioverbeihin, joista prepositio on 

poistettu. Perusteena virhetyypin valinnalle oli verbin kaksiosainen rakenne, missä toisen osan 

poistaminen muodostaa selkeän virheen. Virheen on lisäksi oltava sellainen, että sujuva kielenkäyttäjä 

pystyisi tunnistamaan sen. Tutkimusmateriaali hankittiin luotettavista verkkolehdistä, muokattiin 

sisältämään virheellinen prepositionaaliverbi ja annettiin ChatGPT:lle kieliopillista analyysia varten. 

ChatGPT:n heikkouksiksi havaittiin harvinaisemmat prepositioverbit ja käytetyn verbityypin 

ymmärtäminen. Analyysi osoitti, että ChatGPT kykenee toimimaan korkeatasoisesti, mutta ymmärtää 

toisinaan käyttäjän ohjeistuksen väärin. Tutkimus oli kuitenkin mittakaavaltaan erittäin rajoittunut, eikä 

merkittäviä johtopäätöksiä voida tehdä ChatGPT:n kyvykkyydestä. Myöhemmät tutkimukset 

suositellaan toteutettavan laajemmalla aineistolla ja useammilla prepositioverbeillä, toisentyyppisillä 

virheillä kuten epäsopivilla tai väärin sijoitetuilla prepositioilla, sekä muilla suurilla kielimalleilla. 
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Use of AI in Thesis 

 

I have used AI tools in my thesis: 
 

☐  No  

☒  Yes 

 
The AI tools used in my thesis and the purpose of their use has been described below: 
 
Names of the tools and versions: ChatGPT-5 
 
Purpose of the use: ChatGPT-5 was used only for purposefully designed grammar analysis tasks, 
according to the goals of the thesis. ChatGPT-5 analyzed English research texts supplied by me, and 
its output was saved. The prompt question, the analyzed texts and ChatGPT’s output can be found in 
Appendix 2, at the end of the thesis. 
 
Parts in which AI was used: ChatGPT was only used externally on its website (chatgpt.com), no work 
or analysis was performed within the thesis or with materials from the thesis. Example of the usage is 
described in section 3.3, but ChatGPT’s outputs are referenced throughout the thesis.  
 
I am aware that I am totally responsible for the entire content of the thesis, including the parts 
generated by AI, and accept the responsibility for any violations of the ethical standards of 
publications.
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1. Introduction 

In recent years, the role of Artificial Intelligence (AI) in computational linguistics has 

increased greatly. Neural networks-based AIs in particular have generated considerable 

attention in research (Naveed et al. 2025, 3), thanks to their capability of teaching themselves 

without constant human monitoring. According to Stryker (2025), a Large Language Model 

(LLMs) is a type of neural network AI that specializes in analyzing and understanding written 

language. The advantage of LLMs over statistical and other types of AIs, that previously 

played a greater role in computational language research, is their ability to analyze vast 

quantities of language data. According to Naveed et al. (2025, 2) the role of these Large 

Language Models has increased in translation, information retrieval, summarization and other 

complex language tasks. Thus, the role of LLMs in the linguistic and natural language 

processing (NLP) research already seems to be firm. Additionally, the development of LLMs, 

and by extension their role in the field of computational linguistics, is likely to continue at a 

significant pace. Consequently, assessing their abilities and improvement over time is 

important. 

The weaknesses of LLMs have been shown to be dependent on the task performed: 

while they have always had some problems in the creation of new data, focusing only on the 

analysis of existing data has been less prone to yield fabricated data and other issues 

(Adiwardana et al. 2020). Since different tasks result in different errors, each task should be 

researched independently. LLMs have also been shown to perform worse in zero-shot 

settings, meaning no previous instructions and exposure to the task, than few-shot (Naveed et 

al. 2025, 2). Since the LLMs are shown to improve over time as their complexity and training 

data sets have increased, improvements should also be expected with their weaknesses.  

In their comprehensive overview of Large Language Models, Naveed et al. (2025, 2) claim 

that fine-tuning pre-trained LLMs, such as ChatGPT-5 discussed in this thesis, improves their 
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performance in zero-shot tasks. In addition to the larger quantity of training data, ChatGPT-5 

should be able to perform better in tasks that require more consideration and deep 

understanding.  

As with any other tool meant for language users, the accuracy and practicality of 

automatic language tools must be measured objectively, so that their reliability in language 

processing can be determined. As Hsiao and Hung state (2022, 1) LLMs are a black box 

which means that the way they process and analyze languages is not directly observable or 

interactable. To assess their strengths and weaknesses, it is thus necessary to analyze the 

responses produced by LLMs. 

Outside the technical and computational limitations of LLMs, the languages themselves 

form a challenge for LLMs and their research. The variation in English grammar is so diverse 

and complicated that it is impractical to research the language’s grammar as a whole, and this 

has also been problematic for LLMs (Hsiao & Hung 2022, 1). it is unclear whether LLMs 

analyze the grammar or the established writing conventions. Hsiao and Hung (2022, 2) claim 

that LLMs struggle with pure grammar detection, as they mainly focus on how similar a 

phrase is to the conventions of the target language and not its grammatical composition. 

LLMs have already been tested for their ability to identify simple grammatical errors 

(Algaraady & Mahyoob 2023, 6). Wu et al. (2023, 5) noted at the time that ChatGPT was 

outperformed by specifically developed grammar correction tools. Due to the fact that 

ChatGPT-5 was released only recently, almost all of the previous studies were done on the 

older LLMs.  

As the discussion above has demonstrated, there are many considerations for linguistic 

research performed with LLMs, in addition to the challenges of the English language. As the 

scale and resources needed for assessing any larger part of English grammar are unattainable 

and completely beyond the scope of this thesis, I will focus on a very limited type of errors. In 



this thesis, I will attempt to test the increased performance and accuracy by presenting 

ChatGPT with non-trivial grammar identification tasks. Because LLMs mainly judge based 

on how common the used phrasing is, I will use the omission of prepositions from 

prepositional verbs as the tested grammatical error. The use of a two-part verb should reduce 

problems originating from established writing conventions. The testing will be done in a 

Zero-Shot setting, which was previously shown to be a weakness of LLMs. 

I chose this topic for multiple reasons. First, the most recently released version of 

ChatGPT provides a fresh point of analysis on the iterative research of LLMs. The effect of 

cumulative training of ChatGPT can almost be observed in real time, as studies analyzing the 

previous versions already exist and LLMs’ progress and improvements have been observed 

over time. Secondly, ChatGPT is expected to continue developing both in its fluency in 

English and ability to analyze grammatical errors. It might also become better at 

understanding users’ requests. Thirdly, the use of public LLMs is expected to increase and 

users are expected to become better at formulating their requests. This thesis focuses on 

ChatGPT’s grammatical skills, making it a part of the ongoing research on the modern 

computational tools in language analysis. 

In this paper, I use the acronym ChatGPT to refer to ChatGPT-5, which is the most 

recent version. In cases where it is necessary to refer to the older versions, I will state the 

version as well. In addition, the term “prompt” is used exclusively when referring to the 

whole analysis task given to ChatGPT. The analysis task consists of two parts: the prompt 

question and the prompt text. The prompt question is the set of instructions that explain to 

ChatGPT what exactly it should do, what restrictions it should follow during the task, and 

how it should format the output, i.e. the answer. The prompt text refers to the written text 

produced by a native English-speaker, that is assumed to be grammatically correct, but that 

now has been modified to contain a grammatical error. In addition, when referencing a test 
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instance, I will use following markings (X:Y), where X is the test number and Y the section of 

the test. Y can have a value between 1–3, where 1 is the original unmodified text, 2 is the 

modified erroneous text, and 3 is ChatGPT’s output from prompting. All materials used in the 

thesis can be found in an appendix at the end of the thesis. 

The hypothesis in this thesis is that ChatGPT has improved its natural language 

processing abilities, and as such is universally better at identifying and correcting 

grammatical errors than the previous versions of it. The improvement is expected to be minor 

in scale but significant. The null hypothesis is that no significant improvements can be 

noticed. 

In practice, this thesis attempts to demonstrate possible areas of weakness that ChatGPT 

has in tasks requiring identification of ungrammatical English. The research focuses on 

omitted preposition errors with prepositional verbs using zero-shot prompting. The tested 

error should be complicated enough to need consideration, and the zero-shot design tests a 

method ChatGPT has previously been shown to struggle with. Additionally, the zero-shot 

tasks should better reflect the natural language used by fluent language users. 

This thesis contains six chapters. In this introduction, I provided a short introduction to 

the topic and its challenges. In the next chapter, I will explain LLMs and prepositional verbs 

on a general level, as well as discussing previous research related to the topic. In the third 

chapter, I will explain in detail how the data was gathered and what its limitations are. The 

fourth chapter provides analysis of the data, with examples and short discussion surrounding 

them, while in the fifth chapter, I will discuss the analysis and findings more in detail. The 

final sixth chapter will summarize the thesis and suggest further research points and 

improvements. 



2. What are large language models and prepositional verb errors? 

This section provides a summary of LLMs and ChatGPT-5 and explains the prepositional 

verbs on a general level. Previous studies are also discussed 

2.1 The concept of large language models 

GPT is an initialism of Generative Pre-trained Transformer. It is an example of a Large 

Language Model. ChatGPT-5 is one of the branches of it that allows users to ask it questions 

through an interactive chat window. ChatGPT-5 was released to the public on Nov 30th, 2022 

(OpenAI 2025).   

According to OpenAI (2022), the original ChatGPT was based on InstructGPT, an LLM 

model specially trained to follow prompt instructions (Ouyang et al. 2022, 6), and initially 

trained using supervised fine-tuning and Reinforcement Learning from Human Feedback. 

After its release, it has been updated multiple times, with the most recent public release being 

ChatGPT-5 (OpenAI 2025). 

2.2 The concept of prepositional verbs 

A prepositional verb is a type of verb that has a preposition attached to its meaning, i.e. 

removing the preposition may alter the meaning of the verb. They are similar to prepositional 

verbs in the sense that they can have a preposition that belongs to a verb and gives it meaning 

(Stoian 2024, 5–6). The difference between phrasal verbs and prepositional verbs is that in 

prepositional verbs, the object always comes after the preposition (ibid). According to Stoian 

(ibid.), some prepositional verbs can also function as phrasal verbs, depending on the context. 

2.3 Omission errors with prepositional verbs 

Since research on different types of prepositional verb errors is not the focus of this study, this 

section mainly focuses on the omission of prepositions from the verbs. On a general level, the 

verb can contain many errors, like incorrect tense or place in a phrase. The multitude of errors 
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would be difficult to account for, and consequently, I chose to use the preposition part in error 

creation. Similarly to the verb, the preposition can be of incorrect type or in an incorrect 

position, but these errors increase the risk of the prepositional verb being easier to understand 

as a standalone verb. Thus, possibly the easiest error to identify is the omission of a 

preposition, which was used in this thesis.  

However, the omission of a preposition also has some caveats: some verbs can exist 

with multiple different prepositions, each having different meanings. For only one of the 

prepositional verb variants to be suitable, the grammatical phrase must restrict which verbs 

can function with it, through meaning and structure. 

2.4 Previous research 

Wu et al. 2023 was one of the first studies to investigate ChatGPT’s ability to identify and 

correct grammatical errors. The study found that ChatGPT could detect grammatical errors 

but was outperformed by computational tools that were specifically designed for grammar 

analysis. Its advantages were the ability to change surface expression and sentence structure 

while maintaining grammatical correctness. It was also more prone to over-corrections but 

less susceptible to under-corrections and mis-corrections than the other tools. In contrast to 

this thesis, Wu et al. looked at a broad scale of errors ranging from prepositional and tense 

errors to punctuation. As such, the attention paid to very specific grammar errors was not 

significant. The study was also limited by small, pre-established datasets and was performed 

with a single prompt. 

Chodorow et al. (2007) did early research on prepositional errors using computers to 

detect prepositional errors, including prepositional verbs. Their program used statistical 

analysis to guess which prepositions were most suitable in which positions, if needed. Unlike 

neural LLMs, the program was allowed to skip some sentences and even decline answering, 

based on artificially adjusted probability threshold. The research highlighted some of the 



challenges in the computer-assisted research of English prepositions, like false positives and 

existence of Verb+Preposition+Noun combinations. The research also noted that a strong 

correlation exists between the relative frequency of a preposition and it being predicted as the 

correct preposition. 

In their study of error analysis by ChatGPT and a human instructor, Algaraady and 

Mahyoob (2023) noticed that ChatGPT mainly excels at surface level errors but struggles with 

pragmatical and deeper structural errors. They also noted that ChatGPT made some basic 

mistakes such as misidentifying the subject, incorrectly ordered chronological events and 

mistakenly indicated that a preposition was omitted (ibid. 6). 

3. Data and methodology 

In this study, I used the most recent publicly available version of ChatGPT-5 throughout the 

thesis. It has replaced the previous versions, rendering them obsolete and limiting the access 

to them for research purposes. ChatGPT-5 has been trained with more data and parameters 

compared to previous versions (OpenAI, 2025), which suggests it to be most representative of 

ChatGPT’s abilities. 

 

3.1 Constructing the prompts 

The prompts were designed with a human user in mind, i.e. prompts for Application 

Programming Interfaces (APIs) or other aspects of automatic prompting are not considered. 

The prompt questions are intended to be short, direct and as natural sounding as possible, 

since a language user is not expected to be concerned with details when prompting. 

For the purposes of efficiency and comparison, I will use the zero-shot prompt design 

originally defined by Kojima et al. (2022, 2). Kojima also exemplified a similar Zero-shot 

Chain-of-Thought prompt design that featured multiple sets of instructions and a literal chain 
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of logic that the ChatGPT was expected to follow. However, using it would be out of scope of 

this thesis for multiple reasons. Firstly, it makes the act of prompting unnecessarily complex, 

which is the opposite of the expected usage. Secondly, it gives unnecessary information to 

LLM and makes the text sound unnatural, which could affect the assessment of ChatGPT’s 

abilities. According to Naveed et al. (2025, 10) ChatGPT is a zero-shot learner and thus 

should be capable of analyzing text it has not seen before, like in this thesis. 

The prompts are formatted using Single-Turn Instructions, defined by Naveed et al. 

(2025, 10): a single query contains the instructions and the prompt text. The sample is 

separated from the instructions by a semi-colon, but does not have any other adjustments, 

such as quotation marks. The instructions have a neutral tone, do not explicitly state the 

existence of errors, and reduce the scope of the task to only identifying. The prompt text is 

intended to be understood as a request to ensure the task is performed as analytically as 

possible. The prompt text should contain an error that is reasonably easy for native speakers 

to notice but is not completely obvious. After all, the purpose of this thesis is to test 

ChatGPT’s ability to reason on the same level as a human, which requires understanding the 

context. For this reason, the texts are reasonably readable for a fluent language user, meaning 

that errors like omitted articles from nouns would be trivial and not test anything. 

As such, the phrases should only contain artificially added errors. This might make 

identifying them relatively obvious for LLMs to identify, but the obviousness is somewhat 

mitigated by other errorless phrases. The most significant detail in prompts is that the 

sentence should only make sense grammatically when the prepositional verb is used correctly.  

In other words, only the part of the phrase containing the verb should be identifiable as 

erroneous.  

However, this was not always possible, as the phrases would have needed significant 

modification, and thus it would have opposed the other design philosophy of minimal edits. 



The goal was only to replace existing verbs without modifying their tense and form in the 

phrase, where possible. The main type of alteration was a substitution of verbs or sentence 

parts. In some cases, the tenses and verb form were altered, and sometimes new words were 

inserted, and existing words were removed, with the goal of increasing the pragmatical 

sensibility of the text. These were done at the researcher’s discretion. 

I decided to form the tested phrase by modifying existing grammatically correct 

sentences written by native English-speaking writers. This did not narrow the scale enough, as 

there are also differences between different native varieties of English, and deciding which 

variant is “native” is beyond the scope of this paper. I decided to use American English 

exclusively due to its prevalence, to avoid mixing English variants and because ChatGPT was 

developed by Google, an American company.  

To satisfy initial expectations of being grammatical, newspaper articles from reputable 

online sources, such as The New York Times, New York Magazine and The Washington Post 

were used. Texts should also be such that they were published after the training data cut-off 

(Sep 30th, 2024). For more certainty, only data release after the release of ChatGPT 5 (Aug 

7th, 2025) may be included (OpenAI 2025).  

Lastly, the phrases in texts shouldn’t be too long, or too many phrases should not be 

included in one prompt. The text paragraphs used all contained roughly the same number of 

words with the goal of reducing possible interference from inequal amounts of words. 

3.2 Prepositions used 

In this thesis, I used prepositional verbs identified by Stoian (2024, 5). I will attempt to briefly 

explain their usage here, based on definitions by Cambridge Dictionary. These prepositional 

verbs were chosen because they were already identified and listed by a native English speaker. 

The prepositions also vary between the verbs with the most common being for which was 

used in four verbs. 



11 

 

 

 

Applying for something means requesting something, usually a job; this is mostly done 

by filling in a written application form (Cambridge Dictionary). On its own, apply can mean 

utilizing something (on an abstract level) for something or concretely spreading some kind of 

substance on a surface (Cambridge Dictionary). 

Approving of something means having a positive opinion of it (Cambridge Dictionary). 

The verb approve can also stand on its own but then its meaning changes to accepting, 

allowing or officially agreeing to something (Cambridge Dictionary). In other words, with the 

preposition the meaning addresses opinions but without, it addresses juridical or otherwise 

authoritative acceptance. 

Counting on someone/something means believing that you can depend on them in the 

future if needed (Cambridge Dictionary).  

Dealing with someone means that you talk to or meet someone, usually as a part of the 

job, whereas dealing with something refers to taking action to achieve something or solve a 

problem (Cambridge Dictionary).  

Excusing for something generally means forgiving someone for some kind of reason 

(Cambridge Dictionary).  

Listening to something refers to explicitly paying attention to something to hear them/it 

(Cambridge Dictionary).  

Longing for something means wanting to have it very much (Cambridge Dictionary). 

Resulting in something means causing a specific situation to happen (Cambridge 

Dictionary). 

Searching for something means looking carefully and investigating in order to find 

something specific (Cambridge Dictionary). Search without preparations cannot stand on its 

own as a verb. 

 



3.2 Test environment and chat history 

To reduce the influence of prompt language, I used the same prompt question with different 

texts. Each prompt was always the first message sent to ChatGPT, and no context markers 

were used. Consecutive prompts were sent in a new chat window, using a new browsing 

session without saved cookies. For extra caution, a different IP address was used for each 

task. ChatGPT is assumed to work similarly in every country, if the prompt language remains 

the same. To avoid giving ChatGPT extra training time, the majority of tests were performed 

on the same day, except for the prototype test that was performed one day prior. Time, date 

and other non-human factors are not considered.  

3.3 Performing the tests 

For tests, I used prepositional verbs identified and listed by Andreea Stoian in their 2024 

paper. I intentionally used a limited set of verbs, as so not to exceed the scope of this thesis. 

This reduced the work needed to determine the specific meanings and use cases of each verb 

+ preposition constructions and allowed me to perform detailed analysis on the selected verbs, 

tests and their outcomes.  

However, the variation among the selected verbs seemed to be significant enough, so as 

not to have a significant detrimental effect on the thesis. Their differences were not only 

limited in meaning or the accompanying preposition, but also how commonly they were used 

in natural language. The latest attribute was determined subjectively.  

The error is always intended to be the same. The verb in the original text is substituted 

by a prepositional verb construction, and the rest of the phrase is modified to suit it and be 

grammatically correct. Afterwards, the preposition is removed from the verb making it 

ungrammatical. An attempt was made to minimize the changes to the original phrase. 

However, the scale of changes depended heavily on both the phrases and the prepositional 

verbs used, although the substitution verbs were chosen after analyzing the source text. The 
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method of the thesis was to use multiple verbs and avoid overrepresenting specific verbs, such 

as the most used. This led to some uncommon phrase structures. Consequently, there is no 

measurable consistency in how well the chosen verb fits its phrase and text. There is also no 

consistency in how pragmatic or realistic the modified phrase is.  

For testing purposes, the first test was performed with the prompt “Identify any 

grammatical errors in the following text:”. The answer given by ChatGPT was unnecessarily 

lengthy and did not actually point out or discuss any grammatical elements, possibly caused 

by the ambiguity surrounding the answer type and the task. For clarity, the prompt for further 

tests was modified to: “Identify any purely grammatical errors in the following text and only 

answer with the results:”. In order to be consistent with the remaining tests, the first test was 

performed again with the new prompt, although from a different IP address and with no prior 

history or other information in the browser. 

Using the updated prompt structure yielded the answer: “There are no purely 

grammatical errors.” This suggests that the verb change did not affect the underlying 

grammatical structure, allowing it to still be grammatically and pragmatically valid. There 

was also the question of changing “verbing” to the “verbing + preposition” construction, 

mainly whether changing the verb from its base form negatively affects ChatGPT’s ability to 

understand it, but it is discussed in the next section. 

4. Analysis 

The findings of research are presented in this section, divided into six sections: 1) factors 

affecting the results, 2) quantitative analysis of the results, 3) undetected errors, 4) incorrect 

detection, 5) successful detection, and 6) evaluation of the tests. 



4.1 Factors affecting the results 

There are possibly multiple significant factors that determine how ChatGPT understands the 

request and focuses on different answers when providing it. One of them is the prompt design: 

how long and detailed the prompt is, what kind of verbs are used to give instructions, how the 

task is restricted, and in what kind of format the output is requested for presentation, to name 

a few. The main concern is how ChatGPT understands the instructions and limitations of the 

task, and whether the understanding is different from a fluent human.  

In the testing phase, the prompt was altered to be more concise, which removed a 

significant amount of clutter from the answer, but it is uncertain whether this also reduced the 

amount of time and processing power used for the request. With the increased limitations, 

ChatGPT responded with less writing, although it was not explicitly instructed to do so. It is 

possible that the short answers it provided may have excluded important information or 

details that could have revealed more about its reasoning.  

The task was very open-ended, meaning there are multiple parts where ChatGPT must 

decide the correct course of action. ChatGPT must first understand the instructions, then 

analyze the prompt text, and finally decide how to display the results of its analysis. The way 

it fulfills these steps was completely decided by itself, as an extension of its training.  
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4.2 Quantitative analysis 

Verb+prep No detection Corrected correctly Corrected incorrectly 

apply for 1  1 

approve of 2   

count on  1 2 

deal with  4 1 

excuse for  1 1 

listen to  2 1 

long for  3  

result in  5  

search for 1 1 3 

 

The verb preposition pairings were not equally represented. The main reason was the example 

sentences, where a particular combination was more natural-sounding or easier to edit in than 

a different pair. These judgements were made subjectively. Nonetheless, every combination 

was used at least twice and in different phrases.  

The most used combinations were “deal with”, “result in” and “search for” each with 

five tests. Next were “count on”, “listen to” and “long for” with three test cases. The least 

used combinations were “apply for”, “approve of” and “excuse for” each with two tests. None 

of the pairings thus relied on singular tests, but in contrast, no significant number of tests were 

performed on one singular pairing. The tests were in accordance with the original goal, where 

the intention was to inspect the verb+prep constructions from a user’s perspective. 

A total of 30 test cases were performed, all of which contained at least one error. Of 

these, four were identified as being grammatical. Of the remaining 26 successfully identified 

cases, 15 (57 %) were corrected accurately and 11 (43 %) were not. As already mentioned, the 

criteria for success and failure were mostly subjective. I will discuss them more in-depth later 

in the thesis. 



4.3 No detection 

The first step in correcting grammatical errors is detecting them. Consequently, the instances 

with no detected errors are especially important to evaluate, as they may reveal how ChatGPT 

has functioned in the other outcomes. The lack of detection indicates that ChatGPT evaluated 

the prompt text to already be grammatical, i.e. the insertion of an error was unsuccessful. This 

is also the smallest category, which emphasizes its role: analyzing these test cases is important 

to rule out possible human error, such as a wrongly used verb or detrimental changes to the 

phrase. In contrast, they may help characterize ChatGPT’s limitations in NLP analysis in the 

broad sense, and error identification in the narrow sense. The presence of unexpected 

outcomes also helps pinpointing possible points of weakness in the research. 

There were four undetected test cases in total, two of which were singular instances of 

apply for and search for. These verbs shared the same preposition, but due to their limited 

occurrence, they can be considered flukes and will be considered later. The other two 

undetected instances were made with “approve of”. In contrast to former cases, they were the 

only cases where this specific verb+prep construction was tested. Analyzing their test cases 

might explain why this construction had a high error rate, and why others did not.  

To determine whether any of these three proposed scenarios is true, it is necessary to 

look at the actual phrases where approve of was used. The first such sentence was: 

“This is why some studios do not approve tickets (at least for certain kinds of films) as 

an informative measuring stick for success or failure (eventual profit or loss) of 

movies.” (13:2) 

With respect to the first and second suggested scenarios, this phrase mainly becomes a 

question of pragmatics: both approve and approve of fit here. However, approve on its own 

would indicate authoritative declaration, as previously defined. Not only are “some studios” a 

limited selection, “movie studios” themselves are not an authoritative entity when it comes to 

measuring success. In addition, the sentence quite clearly discusses the opinions of studios, 
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not rulings. While the meanings are separate between the original and modified texts, even the 

original sentence was discussing opinions with “contend that” instead of “do not approve”. 

Thus, in this phrase, it would be more accurate to use approve of. This example suggests that 

ChatGPT sometimes prefers simpler forms over complicated ones. Whether this minor 

alteration to the meaning is significant will be discussed later. 

Interestingly, the second phrase with approve of has many similarities to the first one: 

the sentence is grammatical but not pragmatically felicitous. The question is again what kind 

of entities can use the authoritative form approve when discussing something generic. 

“By that measure, “After the Hunt,” with Ms. Roberts playing a college professor 

approving cancel culture, is a catastrophe.” (6:2) 

In this sentence, there is a college professor expressing an opinion on “cancel culture”. As 

culture as a concept is very abstract and experienced by everyone, it is very unlikely that 

anyone can have such a role. Furthermore, the verb+prep form works better because the 

phrase clearly requests an opinion.  

In summary, both tests featuring approve of, were grammatically correct. This is an 

example of a verb, where the plain form and the prepositional form are close in meaning, 

thereby creating a phrase where only approve of would function grammatically seems to be 

very difficult. As for improvements, it would also be possible to use a different verb structure 

in its place, but that would have exceeded the instructions given to ChatGPT. 

The other instances of undetected missing prepositions were with ‘apply for’ and 

‘search for’. In these phrases, the question was not simply a pragmatic problem of roles. In 

the case of ‘apply for’, the surrounding phrase was the following:  

“Of course, many workers are nowhere close to applying the savings max.” (1:2) 

Starting again from the question of semantics, it is important to determine whether this kind 

of phrase can theoretically exist. From a purely grammatical perspective, apply can exist on 

its own as a verb, even without any prepositions and in infinitival form. However, the 



qualities associated with the object of the phrase, “the savings max”, must also be considered. 

They may restrict what types and forms of verbs can be used with it. The latter part of the 

compound word, “max” suggests that something abstract is being discussed. Additionally, the 

lack of capitalization suggests that it is not a proper noun. If the object of the phrase is 

abstract, as these two factors indicate, then there are limitations to the prepositions that could 

or must accompany the used verb.  

Finally, the last undetected case, the test phrase for searching for was not merely a 

question of pragmatics, because the verb completely lacked a needed accompanying 

preposition. 

“Tesla searches a genuinely strange position here.” (16:2) 

Aside from within idiomatic expressions, there are very few structures where search can 

function without a preposition (Cambridge Dictionary). As this phrase does not resemble any 

known idiomatic expressions, the question is how the phrase would be understood with and 

without the preposition. If the verb was in the intended searching for form, it could have 

meant looking for the physical location of the “genuinely strange position”. Without the 

preposition, the phrase could mean ‘going through the items in the physical position with the 

goal of finding something. Both forms are thus technically grammatically correct, but not 

pragmatically felicitous: For the phrases to be coherent, there would have to exist very 

specific circumstances, like ‘position’ being a pre-determined location, such as a dugout of a 

squad of soldiers. These issues might be caused by the other parts of the phrase, such as 

“genuinely strange” and “here”. These words modify the way the object of the phrase is 

understood, and make some choices seem better than others. 

In conclusion, there were four test cases that were not detected as errors. The most 

common undetected construction, approve of seems to have been understood as to approve 

without the following preposition. Although the latter verb can be understood as 
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grammatically correct in the phrase, its usage often changed the meaning significantly and 

struggled to achieve expected level of pragmatism. 

The divide of being technically grammatically correct but failing to be pragmatically 

felicitous in the given context was also present in the other examples. These results were not 

exclusive to the verbs, and the verbs were related to each other by the presence of the for-

preposition. These factors suggest that non-detection is not tied to the type of verb or 

preposition used, but rather a result of the surrounding phrasing.  

The outcomes align with the thesis, since the original aim was to produce verbs in 

environments where the only possible correction was to add the appropriate prepositions. 

ChatGPT achieved this goal by avoiding unnecessary changes suggesting that it possesses 

some level of ability to identify errors. Furthermore, the testing seems to suggest that 

ChatGPT considers user’s instructions to some extent. Although unintentionally tested, it did 

not perform tasks that were outside the instructions, even when there were no tasks to be 

performed. Finally, the low number of undetected cases suggests that the rest of the phrases 

achieved the intended goal. 

4.4 Incorrect correction 

The second smallest group was successful detection with incorrect correction. The phrases 

were detected to contain an error, but the type of error was not identified correctly. Detailed 

analysis is important because it might not be possible to pinpoint a single cause of error for all 

cases. ChatGPT could have performed the task differently than the user intended or failed to 

meet the expectations for the result. As the tasks have multiple stages that require action, and 

we can only observe the end results, it may be difficult to pinpoint the exact point of failure. 

Analyzing the phrases in this group might help evaluate ChatGPT’s weaknesses and 

limitations. 



The errors in this group seem to form patterns with varying levels of prevalence. For 

example, apply for, deal with, excuse for and listen to each had a single error. In contrast, 

phrases featuring count on and search for resulted in erroneous corrections most of the time. 

The uneven distribution suggests that the errors might be related to the verbs themselves. 

One type of correction, that was used multiple times in different phrases, was changing 

the verb containing the error. The fact that the verb was changed, while the remaining phrase 

was not modified, suggests that ChatGPT identifies the verb as being the cause of error. In 

other words, ChatGPT seems to claim that the phrase could not be grammatical with the 

current verb, even if it was modified. 

In (12), the prepositional verb apply for was changed to acquired, while in (8) deal with 

was changed to earned. 

“Mubi, a streaming service and film distributor, applied the rights to the movie with $24 

million.” (12:2) 

“Theaters in the United States and Canada dealt $445 million earnings across all titles in 

October […]” (8:2) 

Since both phrases became grammatical after the changes, they indicate that ChatGPT had 

successfully identified the location of error. However, the fact that arguably minor alterations 

such as altering the verb or adding particles were not utilized, suggests that the errors in these 

phrases were not correctly identified as prepositional verb errors but as some other type, like 

as a verb choice error. 

In both phrases, the proposed corrections change the meaning significantly. In the 

former phrase, the original verb conveys the meaning that the rights are not yet guaranteed to 

have been received. In contrast, the altered phrase claims directly that the rights have already 

been received, which conflicts with the original phrase. In the latter phrase, the suggested 

verb correcting changes the meaning to such that the whole sum has been received. However, 

the altered ungrammatical phrase suggests that the subject has worked with or handled the 
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specified sum of money. Additionally, the phrasing “earned $445 million earnings” appears 

repetitive, which could have probably been avoided by using a more suitable verb. Secondly, 

the hypothetical construction “dealt with $445 million earnings” has a somewhat dismissive 

tone that a different verb might not convey. The question is whether changing the tone can be 

considered a mistake on ChatGPT’s behalf or an unintended improvement.  

In some phrases, the correction used was to add a preposition in a different location. In 

the following phrases, the preposition from was inserted after “ticket sales” and the 

preposition as after “digital revenue”, respectively.  

“This is why some studios have to excuse ticket sales (at least for certain kinds of films) 

being inaccurate measuring sticks for success or failure” (14:2) 

“The same companies refuse to count digital revenue being accurate, however.” (14:2) 

Interestingly, both phrases were part of the same test case. These changes restore 

grammaticality while simultaneously achieving similar meaning as with the inserted 

prepositions. Interestingly, the insertion is used to correct another phrase that had a different 

verb. In the following phrase as was added directly after count.  

“Instead, movies started to count becoming available for digital rental or purchase after 

as little as 17 days.” (10:2) 

Sometimes, ChatGPT suggested changing a single or multiple words. In the first of the 

following phrases, the verb listening was changed to reaching, while in the latter, search was 

changed to reach. 

 “Of course, many workers are nowhere close to listening the savings max.” (2:2) 

“[…] some 14 percent, or 1 in 7, of its account holders search the annual maximum” 

(2:2) 

These outcomes noticeably have many similarities. Not only were they both from the same 

test case, as in a previous example, the correcting verb was the same for both. While no major 

conclusions can be drawn from such a small dataset, the two examples of duplicate 



corrections suggest that the presence of multiple errors in one test case might affect the 

proposed corrections. 

So far only single-word replacements have been discussed, but there was also a case 

where multiple words were changed. In the following phrase, “search a window” was 

replaced with “seek an opportunity”. The phrase also features another broken verb. 

“[…] which makes Musk’s stated intention to listen the company, and to not search a 

window to try to take apart and take control of the United States government, hard to 

value.” (18:2) 

The proposed change is significantly bigger than in the other case and suggests that the 

original erroneous meaning has been understood as a larger whole than it is. The suggested 

alteration is a common saying that retains the same implied level of abstractness as in the 

original construction. 

The final type of correction was to change the form of the verb, without altering the 

meaning otherwise. In the following phrase there were no other changes than changing 

searched to sought. 

“[…] Hollywood has historically searched $50 million in ticket sales (over an entire 

run) as a benchmark for a “widely seen” drama or comedy.” (4:2) 

In this phrase, ChatGPT changed the past form of the verb, but did not make any other 

changes. 

4.5 Successful correction 

Most of the tests performed for this thesis were successful. In these test cases, ChatGPT 

detected an error and identified the error to be a lacking preposition that should accompany 

the verb. Perhaps the most obvious example of successful corrections were the phrases with 

result in, as ChatGPT successfully corrected all five test cases done with them. Listing all of 

them would be unproductive, so one example is taken from a paragraph with a single error 

and another from a paragraph containing multiple errors. The former is the sole mistake, the 

latter not: 
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“By that measure, “After the Hunt,” with Ms. Roberts playing a college professor 

combating cancel culture, results a catastrophe.” (5:2) 

“It cost an estimated $70 million to make and resulted $3.3 million in the United States 

and Canada after playing for a month.” (6:2) 

In both phrases, ChatGPT slotted the missing in preposition directly after the verb and before 

the object of the sentence. The high success rate raises some concerns though. For example, 

are these example phrases too simple, i.e. would it even be possible to have different 

solutions? While changes such as changing the verb to something else, e.g. yielded, are 

technically possible, such changes would also result in changes in meaning. It would also be 

debatable whether ChatGPT had overstepped its instructions in going from error detection to 

rewriting. 

These concerns can be addressed through other examples where the verb+preposition 

constructions were not always correct. For example, count on and search for both were only 

once corrected successfully. Their phrases are as follows: 

“While success at the box office has always counted how much it costs to make a film 

[…]” (4:2)  

“Again, Tesla is America’s leading EV manufacturer, and while EV growth has stalled 

for the moment, the world is searching electric alternatives.” (20:2) 

In (4) the correction is interesting because the sentence itself was semantically correct, but 

only if the following sentence was not considered. That is, if “success” were understood as its 

own independent entity, then the sentence could work. However, the second sentence and the 

level of abstractness in “success” seem to have been considered, which makes the applied 

correction more fitting. This suggests that ChatGPT can consider the meaning on sentence 

level rather than just on words. 

 On the other hand, in (20:2) the edited phrase is not grammatically solid, 

meaning that the only solution is to alter it. ChatGPT added the omitted preposition.  



4.6 Estimating the accuracy of the tests 

The first consideration is the way ChatGPT has understood the task. The instructions were 

only to identify any grammatical errors, but the method of answering was not explicitly 

limited to writing the names or types of errors or writing the phrases correctly. However, 

ChatGPT answered with corrections, which suggests that instead of classifying the error, a 

better way to pinpoint the error was to show the correction. Since the instructions did not 

explicitly state that ChatGPT should name the type of error, although they very much alluded 

to that, and the corrections were mostly in line with the error type, ChatGPT can be said to 

have performed the task in a suitable manner. Furthermore, disregarding the results only due 

to the unpredictable functioning of ChatGPT would be counterproductive to the research, as 

the test environment was expected to be as general as possible, and these results exemplify it.  

The first question when assessing the impact of any changes is to what degree the 

intentional alterations achieved their goal. Even if the quantity of altered words is significant, 

it might not reflect the actual changes to the meaning. In this thesis, the aim was to edit only 

the verbs and parts of the phrases that enabled the verb to function. The concern was that too 

many changes could have induced other types of errors and made the phrases incohesive, 

possibly negatively impacting the identification of prepositional verbs. Despite the effort, 

ChatGPT identified four phrases as already being grammatical. However, their small number 

suggests that the alterations were generally successful, and that the results could be used for 

analysis. 

The changes to the verbs may have also affected the outcome. In some cases, like (1) 

and (2), the original verb was in infinitival, and the replacement verb stayed in the same form. 

In contrast, in (3) where the original verb was used as is correlated to, the replacement verb 

changed the auxiliary verb while retaining the tense, as in has dealt. Similarly, in (5) the verb 
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was changed from is a catastrophe to results a catastrophe. The verb is in the same tense but 

features the third-person suffix -s that was not needed in the previous sentence.  

Outside the influence of the researcher, ChatGPT also sometimes went beyond the 

instructions and included additions that were not relevant to the task. One such addition was a 

comment, listed similarly to actual corrections, that noted a phrase where nothing had been 

corrected:  

“3. “after as little as 17 days" should be "after as little as 17 days." (This part is 

grammatically correct as written.)” (10:3) 

As can be seen, ChatGPT itself noted that the phrase was grammatical but mentioned it 

despite this. One possible explanation is that it was originally attempting to correct the phrase, 

realized it was unnecessary, and then lost track of what it was doing. Alternatively, due to the 

task being about grammatical correctness, ChatGPT might have wanted to highlight this as 

being grammatically correct, but even then, the outcome is outside the scope of the request. 

Another interesting finding was that in some cases, ChatGPT proposed two corrections 

instead of one. For example, in (4), where the prepositional verb count on was being tested, it 

output two different options:  

‘1. "counted how much it costs" should be "counted on how much it costs" or 

"depended on how much it costs."’ (4:2) 

It is unclear why exactly this phrase triggered multiple correction proposals, but it seems to 

suggest that ChatGPT does consider multiple solutions. This behavior was also repeated some 

other times like in (7), where the whole verb was proposed to be changed. Although ChatGPT 

was never limited to only giving one answer, it seems to have given multiple solutions mostly 

when a correct one was already found.  

It is also important to consider the fact that during the research, in paragraphs with two 

errors, the corrections to the errors were analyzed as being separate from each other. 

However, it is possible that the presence of multiple errors could affect the type of correction 



performed, for example if the erroneous second sentence affected that applicability of the first 

corrected sentence. Although it might not be possible to say in which orders such errors are 

analyzed and corrected by ChatGPT, there were multiple cases where the same correction was 

used twice, even when it was wrong on both cases. This suggests that the number of errors, at 

least of the same type, does affect language processing to some degree. This observation is 

also supported by the fact that only in test cases (6) and (16), out of two possible errors, only 

one of them was identified. Additionally, in both cases the unidentified error was associated 

with a different verb. However, these examples were only a small part; in the majority of the 

examples like (20), both errors were successfully corrected. The small number of exceptions 

suggests that the number of errors may have a slight impact, but in most cases it does not 

significantly affect the outcome. 

5. Discussion of results 

The goal of the thesis was to try to assess ChatGPT’s abilities in analyzing grammaticality of 

English phrases. Secondary goals were to see how it would tackle the problem and what types 

of alternatives it would suggest. The tests achieved different levels of success while generally 

completing the task as intended. Additionally, the corrections suggested by ChatGPT that 

allow direct observation of how the error has been understood, had significant differences 

between them. The main correction types were verb changes and adding prepositions 

elsewhere.  

The results suggest that ChatGPT wants to go beyond the user’s instructions. It is 

unclear whether this is a natural response arising from ChatGPT’s self-enforced training, or an 

intentional behavior added by developers. The second question, aligning more with the needs 

of the hypothetical audience of this thesis, is whether this free interpretation of the 

instructions serves its users better, like in situations where they cannot describe or name their 

needs with enough precision.  
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In addition to the difference in goals, there is also the unknown factor of how literally 

ChatGPT takes the instructions given to it. Although ChatGPT was trained to understand 

human input through supervised learning, it still has to understand the tasks. It is expected to 

understand the instructions in the same manner as a human would, but to the extent of similar 

understanding is naturally questionable. On the other hand, the supervised learning could limit  

the different ways of how ChatGPT understands the prompt instructions. 

However, although the corrections sometimes differed from what was being sought, the 

corrections were still correct. It can be reasonable to assume that some of them would have 

been the preferred types of corrections in real-life environments. This could be explained by 

the fact that natural language forms the majority of training data. Consequently, some 

constructions can be expected to be more common, and by extension, be perceived as being 

better than the rarer verb + preposition constructions used in this thesis. 

The tests were not perfect in the isolation of the target error, but they seem to have 

reached the bare minimum needed to form functioning test cases. ChatGPT seemed to 

generally understand the task, could identify the inserted errors, and in most cases, 

successfully corrected them. These facts suggest that the test results can be used for 

preliminary assessment and characterization of its weaknesses. However, the results are not 

conclusive to make any significant claims regarding its analytical abilities, especially those of 

natural language processing and error correction. Despite the obvious limitations, the 

proposed corrections suggested existence of some patterns, such as simply replacing the verb 

instead of adding a preposition. 

6. Conclusion 

As can be seen from the results discussion, ChatGPT can be said to have some ability to 

distinguish between grammatical and ungrammatical written text. The analysis of incorrect 

and undetected cases indicate that the tests successfully produce and isolated prepositional 



verb errors. The range of outcomes confirms that the goal of the thesis has been achieved. The 

results indicated that most of the time ChatGPT can successfully identify prepositional verbs 

that have missing prepositions, although sometimes the verbs were not recognized as needing 

prepositions. Overall, its ability to analyze the grammar of English seems to have improved in 

comparison to older models. 

This study focused on ChatGPT’s analysis of English grammar using prepositional 

verbs that lack the required preposition. Since the focus was exclusively on missing 

prepositions, other errors like using the wrong preposition with a verb or having the 

preposition in incorrect locations were not considered. Other grammatical errors such as verb 

form errors, or errors done with phrasal verbs were also excluded. Additionally, the study did 

not assess the impact of factors impacting ChatGPT’s functioning like prompt instructions, 

text types or the test environment. Finally, the successful test cases were not analyzed in the 

same detail as the other cases, which could have led to important details being unobserved. As 

such, the results of this study reveal fairly little about ChatGPT’s abilities. 

Due to this being a limited attempt at assessing ChatGPT’s abilities in error 

identification, no conclusive remarks can be made based on the available data. For better 

results, the research should be repeated with significantly more test phrases and better-tailored 

context phrases, and on both smaller and larger selections of prepositional verbs. Researching 

other more complicated types of prepositional verb errors, e.g. using the wrong prepositions, 

could improve the reliability of the results. To further test ChatGPT’s abilities, similar tests 

should also be done on other grammatical errors like missing articles. For a better 

understanding of the state of computational natural language processing, similar tests should 

be performed on other neural network LLMs.  
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Appendixes 

Appendix 1: List of prepositional verbs 

Prepositional verb Source 

count on Stoian, Andreea M. 2024 

 approve of 

long for 

apply for 

result in 

listen to 

deal with 

excuse for 

search for 
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Appendix 2: Source texts, modified texts and responses 

The table below includes the prompt question and the text sources, including the date of 

accession. The country mentioned above the texts indicates the geographical location of the IP 

address that was used for prompting. 

 
Prompt: Identify any purely grammatical errors in the following text, and only answer with the results: 

Text source: https://www.washingtonpost.com/business/2025/11/13/irs-401k-ira-contribution-limits/ 

[14.11.2025] 

Original Modified Answer 

1/2 Finland/Finland (different IP) 

Of course, many workers are 

nowhere close to reaching the 

savings max. According to the 

401(k) administrator Vanguard, 

some 14 percent, or 1 in 7, of its 

account holders reach the annual 

maximum, a level that has 

remained consistent for the past 

five years. 

Of course, many workers are 

nowhere close to applying the 

savings max. According to the 

401(k) administrator Vanguard, 

some 14 percent, or 1 in 7, of its 

account holders reach the annual 

maximum, a level that has 

remained consistent for the past 

five years. 

There are no purely grammatical 

errors. 

Of course, many workers are 

nowhere close to reaching the 

savings max. According to the 

401(k) administrator Vanguard, 

some 14 percent, or 1 in 7, of its 

account holders reach the annual 

maximum, a level that has 

remained consistent for the past 

five years. 

Of course, many workers are 

nowhere close to listening the 

savings max. According to the 

401(k) administrator Vanguard, 

some 14 percent, or 1 in 7, of its 

account holders search the annual 

maximum, a level that has 

remained consistent for the past 

five years. 

1. "nowhere close to listening the 

savings max" should be "nowhere 

close to reaching the savings 

max." 

2. "search the annual maximum" 

should be "reach the annual 

maximum." 

 

Source: https://www.nytimes.com/2025/11/14/business/media/box-office-collapse-hollywood.html 

[16.11.2025] 

Original Modified Answer 

3/4  Sweden/Norway 

While success at the box office is 

always correlated to how much it 

costs to make a film, Hollywood 

has historically used $50 million 

in ticket sales (over an entire run) 

as a benchmark for a “widely 

seen” drama or comedy. 

While success at the box office 

has always dealt how much it 

costs to make a film, Hollywood 

has historically used $50 million 

in ticket sales (over an entire run) 

as a benchmark for a “widely 

seen” drama or comedy. 

"has always dealt how much it 

costs" should be "has always dealt 

with how much it costs" 

While success at the box office is 

always correlated to how much it 

costs to make a film, Hollywood 

has historically used $50 million 

in ticket sales (over an entire run) 

as a benchmark for a “widely 

seen” drama or comedy. 

While success at the box office 

has always counted how much it 

costs to make a film, Hollywood 

has historically searched $50 

million in ticket sales (over an 

entire run) as a benchmark for a 

“widely seen” drama or comedy. 

"counted how much it costs" 

should be "counted on how much it 

costs" or "depended on how much 

it costs." 

"searched $50 million" should be 

"sought $50 million." 

 

5/6 Denmark/Iceland 

By that measure, “After the 

Hunt,” with Ms. Roberts playing a 

college professor combating 

cancel culture, is a catastrophe. It 

cost an estimated $70 million to 

make and collected $3.3 million 

in the United States and Canada 

after playing for a month. 

By that measure, “After the 

Hunt,” with Ms. Roberts playing a 

college professor combating 

cancel culture, results a 

catastrophe. It cost an estimated 

$70 million to make and collected 

$3.3 million in the United States 

and Canada after playing for a 

month. 

“results a catastrophe” → “results 

in a catastrophe” 

 

By that measure, “After the 

Hunt,” with Ms. Roberts playing a 

By that measure, “After the 

Hunt,” with Ms. Roberts playing a 

"resulted $3.3 million" should be 

"resulted in $3.3 million." 

https://www.washingtonpost.com/business/2025/11/13/irs-401k-ira-contribution-limits/
https://www.nytimes.com/2025/11/14/business/media/box-office-collapse-hollywood.html


college professor combating 

cancel culture, is a catastrophe. It 

cost an estimated $70 million to 

make and collected $3.3 million 

in the United States and Canada 

after playing for a month. 

college professor approving 

cancel culture, is a catastrophe. It 

cost an estimated $70 million to 

make and resulted $3.3 million in 

the United States and Canada 

after playing for a month. 

 

7/8 France/Germany 

That said, the box office is hurting 

as a whole. Theaters in the United 

States and Canada collected $445 

million across all titles in October, 

the lowest total on record, after 

adjusting for inflation and 

excluding 2020, when the 

pandemic darkened screens. 

That said, the box office longs 

better results as a whole. Theaters 

in the United States and Canada 

collected $445 million across all 

titles in October, the lowest total 

on record, after adjusting for 

inflation and excluding 2020, 

when the pandemic darkened 

screens. 

"longs better results" should be 

"longs for better results" or "shows 

better results" depending on the 

intended meaning. 

 

That said, the box office is hurting 

as a whole. Theaters in the United 

States and Canada collected $445 

million across all titles in October, 

the lowest total on record, after 

adjusting for inflation and 

excluding 2020, when the 

pandemic darkened screens. 

That said, the box office is hurting 

as a whole. Theaters in the United 

States and Canada dealt $445 

million earnings across all titles in 

October, the lowest total on 

record, after being excused 

inflation and excluding 2020, 

when the pandemic darkened 

screens. 

"dealt $445 million earnings" 

should be "earned $445 million in 

earnings" or "brought in $445 

million in earnings." 

"excused inflation" should be 

"excluding inflation." 

 

9/10 Poland/Estonia 

During the pandemic, Hollywood 

largely ended the long-held 

practice of giving theaters an 

exclusive window of about 90 

days to show new movies. 

Instead, movies started to become 

available for digital rental or 

purchase after as little as 17 days. 

During the pandemic, Hollywood 

largely ended the long-held 

practice of giving theaters an 

exclusive window of about 90 

days to show new movies. 

Instead, movies resulted 

becoming available for digital 

rental or purchase after as little as 

17 days. 

"movies resulted becoming" should 

be "movies resulted in becoming" 

or "movies became available." 

"after as little as 17 days" could be 

revised to "after only 17 days" for 

clarity. 

 

During the pandemic, Hollywood 

largely ended the long-held 

practice of giving theaters an 

exclusive window of about 90 

days to show new movies. 

Instead, movies started to become 

available for digital rental or 

purchase after as little as 17 days. 

During the pandemic, Hollywood 

largely listened the long-held 

practice of giving theaters an 

exclusive window of about 90 

days to show new movies. 

Instead, movies started to count 

becoming available for digital 

rental or purchase after as little as 

17 days. 

"listened the long-held practice" 

should be "listened to the long-held 

practice." 

"count becoming available" should 

be "count as becoming available." 

"after as little as 17 days" should be 

"after as little as 17 days." (This 

part is grammatically correct as 

written.) 

 

11/12 Latvia/Lithuania 

Critics raved about “Die My 

Love,” about a woman slipping 

into madness. It debuted in eighth 

place last weekend, with about 

$2.8 million in domestic ticket 

sales. Mubi, a streaming service 

and film distributor, paid $24 

million for the rights. 

Critics raved about “Die My 

Love,” about a woman dealing 

madness. It debuted in eighth 

place last weekend, with about 

$2.8 million in domestic ticket 

sales. Mubi, a streaming service 

and film distributor, paid $24 

million for the rights. 

"about a woman dealing madness" 

should be "about a woman dealing 

with madness." 

 

Critics raved about “Die My 

Love,” about a woman slipping 

into madness. It debuted in eighth 

place last weekend, with about 

$2.8 million in domestic ticket 

sales. Mubi, a streaming service 

Critics raved about “Die My 

Love,” about a woman longing 

madness to arrive. It debuted in 

eighth place last weekend, with 

about $2.8 million in domestic 

ticket sales. Mubi, a streaming 

"longing madness to arrive" should 

be "longing for madness to arrive." 

"applied the rights to the movie" 

should be "acquired the rights to 

the movie." 
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and film distributor, paid $24 

million for the rights. 

service and film distributor, 

applied the rights to the movie 

with $24 million. 

13/14 Netherlands/Belgium 

This is why some studios contend 

that ticket sales (at least for 

certain kinds of films) are no 

longer an informative measuring 

stick for success or failure 

(eventual profit or loss). The same 

companies refuse to disclose 

digital revenue, however. 

This is why some studios do not 

approve ticket sales (at least for 

certain kinds of films) as an 

informative measuring stick for 

success or failure (eventual profit 

or loss) of movies. The same 

companies refuse to disclose 

digital revenue, however. 

No purely grammatical errors. 

 

This is why some studios contend 

that ticket sales (at least for 

certain kinds of films) are no 

longer an informative measuring 

stick for success or failure 

(eventual profit or loss). The same 

companies refuse to disclose 

digital revenue, however. 

This is why some studios have to 

excuse ticket sales (at least for 

certain kinds of films) being 

inaccurate measuring sticks for 

success or failure (eventual profit 

or loss). The same companies 

refuse to count digital revenue 

being accurate, however. 

"excuse ticket sales" → should be 

"excuse ticket sales from" 

"being inaccurate measuring sticks" 

→ should be "as inaccurate 

measuring sticks" 

"refuse to count digital revenue 

being accurate" → should be 

"refuse to count digital revenue as 

being accurate" 

 

Text source: https://nymag.com/intelligencer/article/elon-musk-return-tesla-value-hurt-or-help.html 

[16.11.2025] 

15/16 Luxembourg/Serbia 

Tesla finds itself in a genuinely 

strange position here. On the one 

hand, the company has some 

fairly serious challenges, some of 

which might benefit from the 

attention of an energetic and 

focused chief executive with a 

major stake in the firm. 

Tesla finds itself in a genuinely 

strange position here. On the one 

hand, the company has some 

fairly serious challenges, some of 

which might result gaining the 

attention of an energetic and 

focused chief executive with a 

major stake in the firm. 

"might result gaining" should be 

"might result in gaining." 

 

Tesla finds itself in a genuinely 

strange position here. On the one 

hand, the company has some 

fairly serious challenges, some of 

which might benefit from the 

attention of an energetic and 

focused chief executive with a 

major stake in the firm. 

Tesla searches a genuinely strange 

position here. On the one hand, 

the company longs some fairly 

serious challenges, some of which 

might benefit from the attention 

of an energetic and focused chief 

executive with a major stake in 

the firm. 

"longs" should be "faces" or "has" 

to correctly convey the intended 

meaning. 

Corrected sentence: "On the one 

hand, the company faces some 

fairly serious challenges..." 

 

17/18 USA/Canada 

Elon Musk has single-handedly 

managed to turn Tesla’s lineup of 

competent, anodyne, popular cars 

into Cybertrucks, reputationally 

speaking, which makes Musk’s 

stated intention to refocus on the 

company, and to spend a bit less 

time trying to take apart and take 

control of the United States 

government, hard to value. 

Elon Musk has single-handedly 

managed to turn Tesla’s lineup of 

competent, anodyne, popular cars 

into Cybertrucks, reputationally 

speaking, which makes Musk’s 

stated intention to deal the 

company, and to spend a bit less 

time trying to take apart and take 

control of the United States 

government, hard to value. 

"deal the company" should be "deal 

with the company." 

The phrase "and to spend a bit less 

time trying to take apart and take 

control of the United States 

government" is awkward and 

unclear in structure. Consider 

rephrasing for clarity. For example: 

"and spend a bit less time trying to 

dismantle and take control of the 

United States government." 

 

Elon Musk has single-handedly 

managed to turn Tesla’s lineup of 

competent, anodyne, popular cars 

into Cybertrucks, reputationally 

Elon Musk has single-handedly 

managed to turn Tesla’s lineup of 

competent, anodyne, popular cars 

into Cybertrucks, reputationally 

"to listen the company" should be 

"to listen to the company." 

"to not search a window" is 

awkward; a more natural phrasing 

https://nymag.com/intelligencer/article/elon-musk-return-tesla-value-hurt-or-help.html


speaking, which makes Musk’s 

stated intention to refocus on the 

company, and to spend a bit less 

time trying to take apart and take 

control of the United States 

government, hard to value. 

speaking, which makes Musk’s 

stated intention to listen the 

company, and to not search a 

window to try to take apart and 

take control of the United States 

government, hard to value. 

might be "to not seek an 

opportunity." 

"take apart and take control of" is 

redundant. "Take apart" could be 

removed or rephrased for clarity. 

 

19/20 Italy/Spain 

The idea that someone else could 

better run Tesla, the car 

manufacturer, is plausible enough, 

as is the theory that distancing the 

brand from Musk could mitigate 

some reputational damage. Again, 

Tesla is America’s leading EV 

manufacturer, and while EV 

growth has stalled for the 

moment, the world is trending 

electric. 

The idea that someone else could 

better run Tesla, the car 

manufacturer, is plausible enough, 

as is the theory that distancing the 

brand from Musk could result 

some reputational damage. Again, 

Tesla is America’s leading EV 

manufacturer, and while EV 

growth has stalled for the 

moment, the world is trending 

electric. 

"could result some reputational 

damage" should be "could result in 

some reputational damage." 

 

The idea that someone else could 

better run Tesla, the car 

manufacturer, is plausible enough, 

as is the theory that distancing the 

brand from Musk could mitigate 

some reputational damage. Again, 

Tesla is America’s leading EV 

manufacturer, and while EV 

growth has stalled for the 

moment, the world is trending 

electric. 

The idea that someone else could 

better deal Tesla, the car 

manufacturer, is plausible enough, 

as is the theory that distancing the 

brand from Musk could mitigate 

some reputational damage. Again, 

Tesla is America’s leading EV 

manufacturer, and while EV 

growth has stalled for the 

moment, the world is searching 

electric alternatives. 

"deal Tesla" should be "deal with 

Tesla." 

"searching electric alternatives" 

should be "searching for electric 

alternatives." 
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Appendix 3: Example of a test case 

 


