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Abstract
This study uses a person-centered approach to investigate construction workers’ 
learning at work, focusing on their approaches to learning, self-efficacy beliefs and 
work engagement and how these vary according to their goal orientation profiles. 
Survey data were collected from Finnish construction sector employees (N = 1,280) 
in June 2021. The data were analysed using latent profile analysis (LPA). Analy-
ses revealed four goal orientation profiles: Disengaged (19.1%), Avoidance-oriented 
(2.1%), Performance-oriented (43.0%) and Mastery-oriented (35.7%). Profiles based 
on high learning orientation (Performance-oriented, Mastery-oriented) had higher 
emphasis on a deep approach to learning, as well as higher self-efficacy and work 
engagement. The profiles differed less regarding unreflective approach to learning. 
The results illuminate construction workers’ learning processes in terms of learn-
ing strategies and motivation and how they compare to those of the more exten-
sively studied student population. The results also encourage finding ways to sup-
port workers’ mastery orientation to benefit not only learning but also well-being by 
enhancing more reflective learning approaches.
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Introduction

Learning at work is seen as a vital factor for the successful development of 
organisations. Most workplace learning takes place informally, outside of formal 
learning contexts (Cerasoli et al., 2018; Noe et al., 2013). Based on the predomi-
nant mode of learning in their respective work environments, the emphasis on 
this informal-formal continuum (see Pylväs et al., 2022) of learning at work can 
be seen to differ between white-collar and blue-collar (manual) workers. White-
collar workers, who typically work in professional or clerical roles, participate 
more frequently in formal learning settings such as training workshops, semi-
nars, or conferences. This formal learning may be structured and organised by the 
employer or accessed through external professional development opportunities. 
In contrast, blue-collar workers, who are typically involved in manual or indus-
trial work, tend to rely more on informal learning methods. Their learning occurs 
primarily through practical experience, mentorship from experienced colleagues, 
and trial and error in their daily work routines (Decius et al., 2019). This informal 
learning is often integrated into the workflow and may be less structured than 
formal learning programs. Individual characteristics (e.g., curiosity, learning goal 
orientation, self-directed learning orientation) are especially important in flexible 
and less determined informal learning situations: blue-collar routine work is con-
nected to learning when ‘… driven by a high degree of curiosity, motivation and 
goal setting’ (Decius et al., 2021, p. 309).

Workplace learning in the aforementioned way is more integrated in the work 
and less explicit from formal training, challenging the ways to conceptualise and 
measure the ways workers actually learn (i.e., what kind of learning strategies 
workers adopt; Bernsen et  al., 2009). The way to assess and bring forth these 
strategies is examining approaches to learning, which are processes or strategies 
adopted to reach desired learning outcomes (Entwistle & Ramsden, 2015). The 
deep approach to learning refers to integrating information and making connec-
tions and analysing knowledge (e.g., Biggs, 1988; Entwistle & Ramsden, 2015), 
which is needed in solving complex problems, for example, and thus necessary 
for learning and development at work (Kirby et al., 2003). The surface approach 
is characterised by memorisation of facts and fragmented knowledge (e.g., Biggs, 
1988; Entwistle & Ramsden, 2015), and thus less desirable in work life learn-
ing (Kirby et al., 2003). The third approach, organised approach, is required for 
investing time and effort for learning (Parpala et  al., 2010). These approaches 
to learning can serve both to benefit and to hinder learning and performance, 
depending on the types of tasks (Hailikari & Parpala, 2014; Kirby et  al., 2003; 
Kyndt et  al., 2013; Lindblom-Ylänne et  al., 2013, 2019; Parpala et  al., 2010). 
This highlights the importance of examining workers’ learning in different work 
fields and contexts (Manuti et  al., 2015). Additionally, research on the learning 
processes via examining approaches to learning has been rare in work context, 
albeit the importance of paying attention to learning processes and strategies to 
support workers’ learning at work in constantly changing working contexts has 
been emphasised (e.g., Kyndt et al., 2013). This is particularly interesting in the 
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blue-collar work context, since automation and development of machines are 
increasingly taking over simpler tasks and thus requiring more and more skills 
and competence from the remaining workforce.

The adoption of these approaches is influenced by motivational and competence-
related factors such as development goals. Motivational beliefs and work engage-
ment are thus important not only for workers’ well-being and performance, but also 
for their learning at work (e.g., Bakker et  al., 2012; Decius & Hein, 2024; Joo & 
Park, 2010). Motivational beliefs in performance situations, whether academic or 
occupational, can be manifested in goal orientations (individual motivational pre-
dispositions) and self-efficacy beliefs (an individual’s belief in his or her ability to 
perform a given task). Mastery, performance, and avoidance goal orientations have 
been considered to be an important factor in explaining learning outcomes (see 
Niemivirta et al., 2019). Closely related to motivation is work engagement, a rela-
tively stable, positive, fulfilling, state of mind (Bakker & Demerouti, 2008). Engage-
ment is often studied in the context of well-being and performance, but it is a less 
common topic in workplace learning research. This is surprising because, just as 
students need to be engaged in their studies in order to learn (Taylor & Parsons, 
2011), it is reasonable to assume that workers’ workplace learning and motivation 
are related to work engagement.

Motivational processes and their impact on learning in organisational contexts 
have been explored to a certain extent (see Tannenbaum & Wolfson, 2022; Vande-
walle et al., 2019), however, much of this research has focused on contrasting the 
effects of specific goal orientations and how they individually contribute to differ-
ent types of outcomes, such as informal learning strategies at work (Santoro, 2022), 
work-related learning (Johnson & Beehr, 2014), and work-related outcomes (Payne 
et al., 2007). Studies examining how the combinations of different goal orientations 
(i.e., goal orientation profiles) predict differences in outcomes in the organisational 
contexts or workplace learning are scarce (Nerstad et  al., 2018), although such a 
multiple goal perspective has been emphasised in recent research on student learn-
ing (Niemivirta et  al., 2019; Wormington & Linnenbrink-Garcia, 2017). This is a 
problem, as these types of designs restrict the interpretations in terms of the multiple 
goal perspective, which contends that adopting multiple goals is an optimal way for 
the individual (e.g., Pastor et al., 2007; Wormington & Linnenbrink-Garcia, 2017).

Following this issue, investigation of the learning processes and approaches, 
method-wise, can be seen to require a particular focus on the individual, as 
they are the actors who enact the processes and realise the outcomes of learn-
ing (Billett, 2022). This does not detach the individual from the social interde-
pendencies and environments for which the individual interacts on and interprets 
information from but calls for methods to examine variance on the level of indi-
vidual compared to variable-level. These approaches, fittingly named as varia-
ble- and person-centered are distinct in a way that variable-centered approaches 
includes latent variable models and considers hypotheses formulated in terms 
of variables or variables relations (Niemivirta et  al., 2019; Spurk et  al., 2020; 
Woo et  al., 2018), while person-centered approaches consider individual differ-
ences more specifically by, for example, identifying subgroups that adequately 
describe the associations among variables in the sample (Howard & Hoffman; 
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2018; Vermunt & Magidson, 2002). The assumptions followed by the variable-
centered approaches, for example, the idea of a homogeneous population which 
have reductable averaged parameters (Hofmans et al., 2020) is in odds with the 
differences in the levels of individuality, company, and sector. It is thus surprising 
to see that studies in vocational and organisational research have relied and still 
rely heavily on variable-centered approaches (Spurk et  al., 2020), though some 
recent studies have started to examine workplace learning using person-centered 
methods, such as clustering and latent class analysis (e.g., Kortsch et al., 2019; 
Van Hootegem et al., 2023). While providing important information, research on 
which factors enhance or impede workers’ learning on the variable level restricts 
the interpretations of multifaceted phenomena such as workplace learning.

The Present Study

This study addresses both empirical and methodological gaps found in the work-
place learning literature. We contend that there is a need for more research on 
how blue-collar (manual labour) workers learn in their work, as the constant 
change in work necessitates development of skills and competence in blue-collar 
construction work. Although studies show that continuous learning by blue-collar 
workers occurs mainly through informal on-the-job training and by trial and error 
in the daily routine (Decius et al., 2019), there is less research linking the adopted 
learning strategies (approaches to learning) and motivation (goal orientations, 
self-efficacy beliefs) in workers’ learning. We address this research gap by exam-
ining what kind of goal orientation profiles can be identified among construction 
workers (RQ1) and how goal orientation profiles predict workers’ approaches to 
learning, self-efficacy beliefs, and work engagement (RQ2), thus linking well-
being and learning at work under motivational goal orientation profiles.

Method-wise, studies examining the effects that approaches to learning and 
goal orientations have on self-efficacy and study/work engagement in both edu-
cational (e.g., Hyytinen et  al., 2018; Palos, 2020) and work contexts (e.g., 
Huang, 2016; Matsuo, 2019) have employed mainly variable-centered approaches 
(hypotheses formulated in terms of variables or variable relations; Niemivirta 
et  al., 2019). These approaches restrict interpretations in terms of a multiple 
goal perspective (Pastor et al., 2007; Wormington & Linnenbrink-Garcia, 2017). 
We address this lack of person-centered research by using latent profile analy-
sis (LPA) method, which seeks to identify the smallest number of groups that 
adequately describe the associations among observed continuous variables. Using 
LPA, we can identify worker profiles based on goal orientations and subsequently 
identify more advantageous or disadvantageous profiles in terms of learning and 
well-being at work. This provides both theoretical and practical implications on 
how support strategies can be provided for blue-collar construction workers in 
general but also tailored based on their profiles and addresses the needs for under-
standing learning processes and strategies in order to support learning at work in 
constantly changing working contexts (e.g., Kyndt et al., 2013).
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Theoretical Framework

This study focuses on the relevant learning and well-being processes that contrib-
ute to the topic of blue-collar construction workers’ learning. We first define and 
describe the outcome variables, namely approaches to learning, self-efficacy beliefs, 
and work engagement, and end by introducing goal orientations, their connections to 
the other constructs, followed by the study hypotheses.

Approaches to Learning at Work

Researchers have emphasised that it is important to pay attention to the processes 
and strategies of learning in order to support workers’ learning in constantly chang-
ing working contexts (e.g., Kyndt et  al., 2013), and therefore, it is important to 
explore how workers actually learn. By examining approaches to learning, which 
can be seen as processes or strategies adopted to reach desired learning outcomes 
(Entwistle & Ramsden, 2015), it is possible to capture how learning actually occurs 
in the context of work. Three distinct but not exclusive approaches to learning have 
been identified in academic contexts: deep, surface and organised (e.g., Parpala 
et al., 2010). These three approaches to learning form different kinds of combina-
tions among individuals—meaning that they all are adopted to certain extent in dif-
ferent contexts, but the extent to which each approach is adopted by an individual, is 
influenced not only by the individual’s personal preferences or tendencies, but also 
by the context and environment (Biggs, 1988; Parpala et al., 2010). Thus, in the con-
text of work, the working context and nature of work tasks influence the approaches 
to learning adopted by each worker.

The need to enhance the deep approach to learning, not only in academic con-
texts but also in working life, has been recognised (Kirby et al., 2003; Kyndt et al., 
2013). This is the type of learning that includes relating previous knowledge with 
new information to form a coherent whole, integrating information from differ-
ent sources, making connections, considering different viewpoints and analysing 
and applying knowledge (see Kirby et al., 2003; Kyndt et  al., 2013). This type of 
learning is necessary to solve complex problems in the rapidly changing contexts 
in which organisations nowadays operate (Kirby et al., 2003). The deep approach to 
learning has been shown to be positively related to learning outcomes at work, such 
as career success (Hoeksema et  al., 1997) and perceived career development and 
subjective job performance (Froelich et al., 2014). Furthermore, the deep approach 
to learning is related with autonomous motivation, but also with controlled moti-
vation among workers (Kyndt et al., 2013). This result suggests that controlled, or 
extrinsic motivation, does not necessarily undermine autonomous, or intrinsic moti-
vation, but can actually enhance it (Kyndt et al., 2013), as previously suggested by 
Vansteenkiste et al. (2006).

However, other approaches to learning can also be beneficial, depending on the 
work task characteristics. In expert work, for instance, if the goal is to strive for 
precision and an absence of errors, the surface approach to learning may support 
achieving such goals (Kyndt et al., 2013). However, the surface approach involves 
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routine memorisation and lack of critical evaluation, which typically leads to a frag-
mented knowledge base (Lindblom-Ylänne et  al., 2019). The adoption of the sur-
face approach is often related to a preference for well-defined tasks and instructions, 
which might cause challenges when workers are faced with tasks that cannot be 
solved through relying on existing routines (Hoeksema et  al., 1997). Further, the 
surface approach has been shown to be negatively related to career success.

In studies conducted in the workplace, the surface approach has often been 
divided into two distinct approaches, the surface–rational approach and the sur-
face–disorganised approach (Kirby et  al., 2003). The surface–rational approach 
entails a preference for accurate and detailed work involving adopting surface strate-
gies such as memorisation. It has been linked to an experience of high job perfor-
mance, but not with other types of learning outcomes, such as career development 
(Froelich et al., 2014). The surface–disorganised approach is characterised by sur-
face motives and is related to a sense of incompetence and dissatisfaction with the 
working environment (Kirby et  al., 2003; Kyndt et  al., 2013). This has also been 
shown to have a negative effect on learning outcomes in the context of work, such as 
perceived career development and job performance (Froelich et al., 2014).

Deep and surface approaches have been researched in relation to organised 
approach to learning, which involves an individual’s investment of effort and time in 
learning (Entwistle & Peterson, 2004; Parpala et al., 2010). This functional engage-
ment of the organised approach to learning differs from, for example, the cognitive 
commitment of the deep approach (Lindblom-Ylänne et  al., 2013). The organised 
approach to learning is often related to the deep approach to learning, leading to 
desired learning outcomes (Hailikari & Parpala, 2014). The organised approach was 
previously referred to as the achievement approach (Marton & Säljö, 1976), which 
emphasised obtaining good grades. The organised approach does not include this 
achievement component. While the existence of the achievement approach has not 
been identified in the workplace context (Kirby et al., 2003), the organised approach 
could be related to a worker’s success at work through the investment of time and 
effort in one’s own work. Therefore, in the present study, we explore workers’ 
approaches to learning by means of this three-dimensional model that includes deep, 
surface, and organised approaches.

Self‑efficacy Beliefs

Self-efficacy beliefs are an individual’s beliefs in their own ability to perform a 
given task. They affect human functioning not only directly but also through other 
important determinants, such as goal aspirations (Bandura, 2000). Self-efficacy 
plays a significant role in learning at work, not only because workers with high self-
efficacy beliefs are likely to set high goals for their work, but also because they make 
an effort to learn how to perform new tasks and have confidence that their efforts 
will lead to success. They also have persistence when facing difficult tasks (Ban-
dura, 1982, 2000). For organisations, employers’ high self-efficacy is considered a 
key to success, since it is related to their motivation, engagement in learning and job 
performance (Bandura, 2004; Stajkovic & Luthans, 1998). It has also been shown 
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that workers with higher self-efficacy are likely to engage in experimentation, inter-
act more with their colleagues, and regulate their practices more strongly (van Daal 
et al., 2014). Self-efficacy beliefs can have a different level of impact on work per-
formance for blue-collar workers compared to white-collar workers since, for exam-
ple, autonomy and opportunities for job crafting can mediate the relationship (Mira-
glia et al., 2017), which can be generally higher in white-collar work.

Work Engagement

Work engagement can be described as a relatively stable, positive, fulfilling, work-
related state of mind (Bakker & Demerouti, 2008) that can fluctuate over time 
(Schaufeli et al., 2002). As a positive psychology construct, engagement involves a 
willingness to dedicate physical, cognitive, and emotional resources to work (Chris-
tian et al., 2011) and can be considered to be an antidote to burnout (Schaufeli et al., 
2006). Schaufeli et  al. (2006) divide engagement into three components. The first 
component, vigour, is characterised by work-related energy, resilience, and effort. 
The second, dedication, refers to strong work-related involvement and pride. The 
third, absorption, is characterised by total concentration on work, wherein one finds 
a task so interesting that it is difficult to interrupt one’s focus on it. Although organi-
sational commitment and job involvement differ conceptually from engagement (as 
they do not focus on work tasks specifically), they are facets of engagement (Chris-
tian et al., 2011).

Goal Orientations

Research on goal orientations – individuals’ tendencies to prefer and pursue cer-
tain types of goals and outcomes (Nicholls, 1989) – is one of the most prominent 
recent approaches to the study of motivation. Originally, a dichotomous distinc-
tion was made between mastery and performance goals, with mastery goals focus-
ing on developing competence and performance goals focusing on demonstrating 
competence (Dweck, 1986; Nicholls, 1984). Performance goals were soon refined 
to include both approach and avoidance components (trichotomous model; Elliot & 
Harackiewicz, 1996), as were later mastery goals (2 × 2 model; Elliot & McGregor, 
2001; see also Elliot et  al., 2011; Elliot & Hulleman, 2017). Some conceptualisa-
tions and operationalisations have also included work avoidance goals, namely the 
goals of avoiding effort and getting through work as easily as possible (e.g., Nicholls 
et  al., 1985), and outcome-focused goals, which refer to the striving for absolute 
success, such as succeeding in one’s studies or getting high grades (e.g., Grant & 
Dweck, 2003; Niemivirta, 2002).

The person-oriented approach has shown that people differ in the emphasis they 
place on different goals. Depending on the operationalisation used, typical profiles 
include a predominantly mastery goal profile, a predominantly performance goal 
profile or a combined mastery and performance goal profile, a work avoidance pro-
file, and a profile with no particular emphasis. We found only one person-oriented 
study that examined goal orientation profiles in the context of workplace learning 
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(Nerstad et al., 2018). The participants were engineers and technologists in Norway, 
another Nordic country, but focused more on white-collar workers. Based on meas-
ures of mastery and performance goals only, they identified four profiles: primarily 
mastery-oriented, indifferent, moderate multiple goals, and success-oriented.

Regarding our first research question (RQ1: What kind of goal orientation pro-
files can be identified among construction workers?), we set the following hypoth-
esis based on the previous research conducted in work (Nerstad et al., 2018) and a 
higher education context (see Niemivirta et al., 2019):

H1: The identified goal orientation profiles include a predominantly mastery 
goal profile, a predominantly performance/success goal profile, a combined 
mastery- and performance-approach goal profile, a profile with moderate or 
low-level orientations, and a work avoidant profile.

Links Between Goal Orientations and Outcomes

Our second research question (RQ2) considered how goal orientation profiles pre-
dict workers’ approaches to learning, self-efficacy beliefs, and work engagement. In 
educational context, goal orientation profiles have been found to be associated with 
different patterns of outcomes (Gonçalves et al., 2017; Hong et al., 2020; Lo et al., 
2017; Schwinger et al., 2016; Tuominen et al., 2020; Tuominen-Soini et al., 2012). 
An emphasis on mastery seems to be the most adaptive, with links to engagement, 
effort, achievement, and interest, whereas an opposite pattern of associations has 
been attached to a work avoidance profile, including, for example, inferior perfor-
mance, low engagement, and cynicism. An emphasis on performance-focused goals 
has been associated with performance-related concerns, such as anxiety, fear of fail-
ure and exhaustion. Interestingly, however, the pursuit of performance goals can also 
lead to high levels of engagement, effort, and achievement, albeit with increased lev-
els of stress and worry, when combined with an emphasis on mastery goals.

In line with findings in the educational context, a study in the work context by 
Nerstad et  al. (2018), studying engineers and technologists from various occupa-
tional groups in Norway, found that primarily mastery-oriented and success-oriented 
were the most adaptive profiles, as the participants in these groups reported the high-
est levels of work effort, work quality, and personal initiative. However, members of 
the success-oriented group also reported higher negative affect than those who were 
mastery-oriented, which is also consistent with observations from the educational 
context suggesting a link to both positive and negative outcomes for those who pur-
sue performance-related goals. In terms of different goal orientation strengths and 
configurations, compared to students, working adults are presumed to focus more on 
performance than on learning (Kunst et al., 2018; Tynjälä, 2008).

Motivation in terms of goals is connected to learning at work (e.g., Bakker 
et al., 2012; Decius & Hein, 2024; Joo & Park, 2010; Tannenbaum & Wolfson, 
2022), whereas mastery, performance, and avoidance goal orientations have been 
considered to be an important factor in explaining learning outcomes in both 
educational context (see Niemivirta et al., 2019) and work context (e.g., Decius 
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et al., 2021). In educational context, approaches to learning are closely connected 
with achievement goals, since mastery goals produce deep learning strategies and 
performance goals surface learning strategies, and surface approach and perfor-
mance orientation (Dull et al., 2015; Hulleman et al., 2010; Senko et al., 2011). 
Still, performance goals can produce beneficial outcomes when combined with 
emphasis on mastery goals, while work avoidance profile predominantly produces 
negative outcomes (e.g., Tuominen et al., 2020). Following this, mastery and per-
formance-approach goal orientations have been found to be related to workplace 
learning and work performance outcomes (Theis & Bipp, 2020). The benefits of 
performance goal orientation in work make sense, as workers can focus more on 
performance than on learning (Kunst et al., 2018). Learning goal orientation has 
also been found to positively relate to informal learning at work, particularly in 
blue-collar work (Decius et al., 2021). Based on the previous research we hypoth-
esise as follows:

H2: Mastery-focused goal orientation profiles (predominantly mastery goal 
profile and predominantly performance goal profile, combined mastery- and 
performance-approach goal profile) are associated with greater deep and 
organised approaches to learning compared to less learning-focused profiles 
(profile with moderate or low-level orientations and work avoidant profile).
H3: Mastery-focused goal orientation profiles (predominantly mastery goal 
profile and predominantly performance goal profile, combined mastery- 
and performance-approach goal profile) are associated with a lower surface 
approach to learning compared to less learning-focused profiles (profile 
with moderate or low-level orientations and work avoidant profile).

Mastery and mastery approach goals correlate moderately or strongly with 
self-efficacy, while the correlations between performance avoidance/mastery 
avoidance and self-efficacy are generally low (Coutinho & Neuman, 2008; Huang, 
2016; Korpershoek et al., 2015). Based on these studies, we hypothesise that:

H4: Mastery-focused goal orientation profiles (predominantly mastery goal 
profile and predominantly performance goal profile, combined mastery- and 
performance-approach goal profile) are associated with higher self-efficacy 
beliefs compared to less learning-focused profiles (profile with moderate or 
low-level orientations and work avoidant profile).

Work engagement is closely related to motivation and studies have found that 
mastery goal orientation is positively related to work engagement (Adriaenssens 
et al., 2015; Bipp et al., 2021; Jones et al., 2017; Matsuo, 2019). We thus expect 
the following:

H5: Mastery-focused goal orientation profiles (predominantly mastery goal 
profile and predominantly performance goal profile, combined mastery- 
and performance-approach goal profile) are associated with greater work 
engagement compared to less learning-focused profiles (profile with moder-
ate or low-level orientations and work avoidant profile).



	 I. J. Puhakka et al.    4   Page 10 of 32

The theoretical framework of the study and the study hypotheses are presented in 
Fig. 1.

Methods

Participants

The study participants (n = 1,386) were Finnish construction-sector workers. After 
the removal of incomplete responses, the sample size used in the analysis was 1,280. 
The participants were mostly men (87%) and had an average age of 45.3  years 
(SD = 12.2) and average work experience of 21.1  years (SD = 12.9). The partici-
pants were employed in different-sized companies, quite evenly distributed: most 
worked in small companies (11–50 employees; 33%), followed by large companies 
(over 250 employees; 27%), medium-sized companies (51–250 employees; 23%), 
and micro-sized companies (fewer than 10 employees; 17%). The participants were 
employed in companies operating in various sectors: Building construction (49.1%), 
Building services (13.6.%), Painting (11.5%), Construction product industry (9.8%), 
Infrastructure (9.7%), Asphalting (3.0%), Waterproofing (1.9%), and Flooring 
(1.2%). The highest obtained educational level for the majority of respondents was 
upper secondary (high school, vocational degree; 72%), followed by post-secondary 
non-tertiary (specialist vocational qualification; 10%) and primary (comprehensive 
school; 9%).

Procedure

The data were collected by means of the “CoOL@Work” survey online during June 
2021. In addition to demographic information, the survey included questions about 
goal orientations, self-efficacy beliefs, approaches to learning at work and work 
engagement. The link for the survey and information about the study were distrib-
uted via email by the Finnish Construction Trade Union to its members (N = 36,565), 
both currently employed and unemployed, excluding only pensioners, students, and 
entrepreneurs. All of the recipients had functioning e-mail addresses as they were 
members of the union and on the union’s email list. The survey was created and 
managed using the Qualtrics survey platform (www.​qualt​rics.​com). Respondents 
were able to answer in Finnish or in English.

Measures

Approaches to Learning at Work

Approaches to learning at work were measured with 12 self-rating items reflect-
ing the subscales of deep approach, surface approach, and organised approach. The 
items were drawn from the HowULearn questionnaire (Parpala & Lindblom-Ylänne, 
2012), modified to fit the work context. An introductory statement asked participants 

http://www.qualtrics.com
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to ‘Reflect on your working and learning at work during the last six months’, after 
which they gave their answers to each item on a five-point scale ranging from 1 
(strongly disagree) to 5 (strongly agree). Sample items were: “I try to relate new 
things to my previous knowledge.” (deep approach); “I often have trouble making 
sense of the things I have to learn.” (surface approach); and “I organise my work 
time carefully to make the best use of it” (organised approach).

A three-factor Confirmatory Factor Analysis (CFA) on the items suggested a rela-
tively poor fit: χ2(51) = 419, p < 0.001, Comparative Fit Index; CFI = 0.888, Root 
Mean Square Error of Approximation; RMSEA = 0.08, Standardized Root Mean 
Square Residual; SRMR = 0.07 (see cut-off values in “Statistical analysis”). An 
inspection of modification indices indicated that one organised approach item (“I put 
a lot of effort on my learning”) would load strongly on all three factors, so we tested 
whether removing the item would improve the fit and result in a clearer factor struc-
ture. The fit of the modified model was good: χ2(41) = 226, p < 0.001, CFI = 0.937, 
RMSEA = 0.06, SRMR = 0.05, so we used this solution for calculating mean scores 
(see Table 1 for descriptive statistics and internal consistencies [McDonald’s ω] of 
scales).

Self‑Efficacy Beliefs

Self-efficacy was measured with five items (e.g., “I believe I will do well in my 
work”), again adopted from the HowULearn questionnaire (Parpala & Lindblom-
Ylänne, 2012). An introductory statement asked participants to “Reflect on your 
views on work during the last six months”, after which they responded on a five-
point self-rating scale ranging from 1 (strongly disagree) to 5 (strongly agree). 
The reliability (ω) for the measure was 0.79 (descriptive statistics are reported in 
Table 1).

Work Engagement

Work engagement was measured with three items: “At my work, I feel bursting with 
energy.” (Vigor); “I am enthusiastic about my job.” (Dedication); “I am immersed 
in my work.” (Absorption). The items are from the ultra-short, 3-item version of the 
Utrecht Work Engagement Scale (UWES-3; Schaufeli et al., 2019). An introductory 
statement asked participants to “Reflect on your working and learning at work dur-
ing the last six months”, after which they responded on a five-point self-rating scale 
ranging from 1 (strongly disagree) to 5 (strongly agree). The reliability (ω) for the 
measure was 0.78 (descriptive statistics are reported in Table 1).

Goal Orientations

Goal orientations were measured with 15 self-rating items on five different orien-
tations (mastery–intrinsic, mastery–extrinsic, performance approach, performance 
avoidance and work avoidance), reflecting the personal importance of different 
goals. The subscales (three items per each orientation) were created based on previ-
ous research in the educational context (Niemivirta, 2002), modified here for the 
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work context. An introductory statement asked participants to “Reflect on your 
goals regarding your work and work tasks during the last six months”, after which 
they responded on a five-point scale according to the degree of importance (1 = not 
important, 2 = little importance, 3 = somewhat important, 4 = important, 5 = very 
important). Sample items were: “My goal is to maintain my skills” (mastery–intrin-
sic); “My goal is to be an expert in my field” (mastery–extrinsic); “My goal is to be 
better than my colleagues” (performance approach); “My goal is to avoid failure at 
all costs” (performance avoidance); and “My goal is to do only the mandatory work 
tasks and nothing more” (work avoidance).

A CFA on the items suggested a moderate fit to the data: χ2(80) = 640, p < 0.001, 
CFI = 0.916, RMSEA = 0.07, SRMR = 0.06. As the latent correlation between mas-
tery–intrinsic and mastery–extrinsic orientations was as high as 0.99, we specified 
a model in which the mastery–intrinsic and –extrinsic items were merged into one 
factor. There was no improvement in the fit: χ2(84) = 672, p < 0.001, CFI = 0.911, 
RMSEA = 0.07, SRMR = 0.07, but the low factor loading and an implied cross-
loading (based on modification indices) of one mastery–extrinsic item (“My goal 
is to advance in my career”) on the performance approach factor suggested that its 
exclusion might improve the model, which, given the wording of the item, seemed 
justified. This item was excluded from the merged mastery–intrinsic and –extrin-
sic factor and, consequently, this modification resulted in a model with acceptable 
fit: χ2(71) = 445, p < 0.001, CFI = 0.938, RMSEA = 0.06, SRMR = 0.06, as well as 
a clear factor structure with high and consistent factor loadings. This solution was 
used for calculating mean scores. Descriptive statistics along with internal consist-
encies (ω) are shown in Table 1.

Data Analyses

CFA was used to assess the structural validity of the scales. For evaluating model fit, 
we used the CFI (cutoff-value close to > 0.95; Bentler, 1990), the RMSEA (cutoff-
value close to < 0.06; Steiger, 1990), and the SRMR (cutoff-value close to < 0.08; 
Hu & Bentler, 1999), along with the chi-square statistics. All models were esti-
mated using the full-information maximum likelihood estimation with robust stand-
ard errors, as implemented in the Mplus 8.8 statistics program (Muthén & Muthén, 
1998–2017).

LPA is a probabilistic model-based approach to classifying individuals, which 
seeks to identify the smallest number of latent classes (groups) that will adequately 
describe the associations among observed continuous variables (Vermunt & Magid-
son, 2002). Classes are added stepwise until the best fit to data is achieved. Advan-
tages of LPA compared to traditional clustering methods are that individuals are 
classified into clusters based on membership probabilities estimated directly from 
the model, covariates can be used for profile description, and statistics are provided 
to aid in deciding the optimal number of classes describing the data (Vermunt & 
Magidson, 2002). More traditional methods, such as k-means clustering, perform 
well under strict conditions (e.g., local independence and equal error variances 
across clusters), however, this assumes that clusters are spherical with the same 
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radius in multidimensional space. This necessitates variable standardisation, which 
only partially addresses the issue. In contrast, LPA does not rely on these restric-
tive assumptions, making it more robust and adaptable to complex data structures 
(Magidson & Vermunt, 2004).

Within Mplus, the Akaike Information Criterion (AIC), Bayesian Information 
Criterion (BIC), sample-size adjusted BIC (SABIC), Vuong–Lo–Mendell–Rubin 
(VLMR), and adjusted Lo–Mendell–Rubin (LMR) likelihood ratio tests are reported 
as statistical criteria for determining the optimal number of profiles. The model with 
lower AIC, BIC, and SABIC values is considered to provide a better fit to the data, 
and p-values smaller than 0.05 for VLMR and LMR suggest the model with one 
fewer class to be rejected in favour of the estimated model (Lo et al., 2001). Moreo-
ver, the classification quality and clarity of the profiles, as well as their correspond-
ence to theory and previous research, are considered when deciding on the most 
appropriate solution (Marsh et al., 2009). As to the classification quality, we consid-
ered the entropy measure, which reflects classification accuracy, ranges between 0 
and 1, and can be interpreted similar to a reliability coefficient for the classification 
(with values close to 0.80 or above to be desirable; Asparouhov & Muthén, 2014a), 
and average posterior class probabilities, which reflect model-estimated latent class 
membership probabilities for individuals with their highest membership probability 
in the given class (with values of 0.70 or above to be desirable; Masyn, 2013).

To examine profiles’ differences on the outcomes, we applied the so-called BCH 
method (Bolck–Croon–Hagenaars approach; Bolck et al., 2004), as implemented in 
Mplus (see Asparouhov & Muthén, 2020). The BCH method avoids shifts in latent 
classes when including dependent variables in the model (Bakk & Vermunt, 2016), 
and provides equality tests comparing class-specific means of the outcomes across 
the latent profiles (Asparouhov & Muthén, 2020). Furthermore, as experienced 
workers may have developed more effective learning approaches and higher self-
efficacy through their prolonged engagement with job tasks, we included work expe-
rience in the analysis to control for its potential effects. To explore the prediction 
of work experience on profile membership, we added years of work experience as 
a covariate to the model using the auxiliary R3STEP command, as implemented in 
Mplus, which permits the examination of predictive effects in the form of multino-
mial logistic regressions directly within the LPA (Asparouhov & Muthén, 2014b).

Results

Descriptive Statistics and Bivariate Correlations

Descriptive statistics and bivariate correlations of the study variables are presented 
in Table  1. The approaches to learning correlated with one another mainly as 
expected. The deep approach correlated positively with the organised approach, and 
the surface approach correlated negatively with the organised approach. However, 
the correlation between the deep and surface approaches was very weak, whereas 
in academic contexts there is typically a stronger negative correlation between 
these dimensions (e.g., Coertjens et al., 2016; Herrmann et al., 2017). The expected 
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correlations between approaches to learning and self-efficacy emerged with these 
data. There was a strong positive correlation between the deep and organised 
approaches and self-efficacy and, respectively, a strong negative correlation between 
the surface approach and self-efficacy.

Goal Orientation Profiles

The first main goal was to examine what kinds of goal orientation profiles could 
be identified among the workers (RQ1). The results from a series of LPAs showed 
that the information criteria continued to decrease through all estimated models 
(Table 2), but the first slight stabilising “elbow” was observed after the four-group 
solution. The entropy was somewhat higher for the six- and seven-group models, but 
the pVLMR and pLMR supported the four-group solution. It did include one very 
small group (n = 27), but an inspection of the profiles suggested it to be a meaning-
ful, if rather extreme profile, with a particular emphasis on work avoidance, which 
resembles profiles identified in previous research. Also, the average latent profile 
probabilities were relatively higher in the four-group solution (Table  3), so we 
opted for the parsimonious solution1 and chose to continue with that. According to 

Table 2   Fit indices for LPA

AIC BIC SABIC pVLMR pLMR Entropy Group sizes (n)

2 classes 13,098.68 13,165.69 13,124.39 0.0002 0.0002 0.578 507, 710
3 classes 12,796.84 12,889.62 12,832.44 0.0004 0.0005 0.705 609, 98, 573
4 classes 12,681.53 12,800.09 12,727.03 0.0128 0.0141 0.694 245, 27, 551, 457
5 classes 12,600.68 12,745.01 12,656.07 0.0623 0.0659 0.666 74, 310, 225, 186, 485
6 classes 12,464.78 12,634.88 12,530.05 0.0621 0.0660 0.757 109, 248, 239, 22, 385, 277
7 classes 12,421.11 12,616.98 12,496.28 0.2383 0.2428 0.780 9, 282, 250, 385, 106, 

236, 12

Table 3   Average latent class 
probabilities for most likely 
latent class membership (row) 
by latent class (column)

Group 1 Group 2 Group 3 Group 4

Group 1 0.785 0.008 0.073 0.134
Group 2 0.071 0.929 0.000 0.000
Group 3 0.047 0.000 0.855 0.097
Group 4 0.095 0.000 0.094 0.810

1  In addition to the number of profiles, the model can be specified in terms of whether and how the vari-
able variances (equal, varying) and covariances (equal, varying, zero) are estimated, thus resulting in six 
different types of parametrizations. The default model (Model 1) has equal variances and covariances 
fixed to zero. We estimated all six types of models with one to six profiles. Out of the 36 models, 23 con-
tained warnings indicating some problems with the models, and 4 did not converge at all. Given this, we 
decided to work with the most parsimonious type of model (i.e. Model 1), after which all 6 alternative 
models converged and gave reasonable results without warnings.
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the mean score profiles (Fig. 2) and comparison of estimated means (Table 4), the 
resulting four groups were labelled as (1) disengaged, (2) avoidance-oriented, (3) 
performance-oriented, and (4) mastery-oriented.

Those in the disengaged group (19.1%) displayed a relatively (within-group) high 
emphasis on mastery as well as on performance avoidance and work avoidance, 
less so on performance approach orientation, while the small group of avoidance-
oriented respondents (2.1%) reported a similar level of work-avoidance orientation, 
but very low other orientations. The performance-oriented respondents (43.0%) dif-
fered from these by showing higher mastery and clearly the highest levels of both 
performance-approach and performance-avoidance orientations. Compared to the 
performance-oriented group, mastery-oriented participants (35.7%) reported equally 
high mastery orientation, but lower performance-approach and -avoidance orienta-
tions, and clearly the lowest level of work avoidance.

Fig. 2   Goal orientation profiles

Table 4   Group mean differences in goal orientations

Note. Means within a row sharing the same subscripts are not significantly different at p < .05, based on 
the Wald test. ES = effect size: 

√

�2∕N

Disengaged Avoidance-
oriented

Perfor-
mance-
oriented

Mastery-
oriented

M SE M SE M SE M SE χ2 p ES

Mastery 3.51 0.12 1.68 0.16 4.42a 0.03 4.37a 0.07 1706.67  < .001 1.15
Performance-approach 2.11 0.08 1.45 0.15 3.44 0.06 2.57 0.10 906.04  < .001 0.84
Performance-avoidance 2.64 0.10 2.07a 0.24 3.66 0.06 2.15a 0.06 1565.32  < .001 1.11
Work avoidance 3.00a 0.15 3.09ab 0.34 2.97b 0.06 2.07 0.07 439.22  < .001 0.59
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The multinomial logistic regressions indicated that those with longer work expe-
rience were more likely to be in the disengaged group compared to the mastery-
oriented group: B = 0.040, p < 0.001, OR = 1.04, 95% CI [1.02, 1.06], but less likely 
compared to the performance-oriented group: B = –0.043, p < 0.001, OR = 0.96, 95% 
CI [0.94, 0.98]. No other effects were observed.

Goal Orientation Group Differences

Turning to the second main goal, we compared goal orientation groups in relation 
to approaches to learning, self-efficacy and work engagement (RQ2). The compari-
son of estimated means showed significant differences across all dependent factors 
(Table  5, see also Fig.  3). In line with our second hypothesis (H2), mastery- and 

Table 5   Mean differences in approaches to learning, self-efficacy, and work engagement across the latent 
goal orientation profiles

Note. Means within a row sharing the same subscripts are not significantly different at p < .05, based on 
the Wald test. ES = effect size: 

√

�2∕N

Disengaged Avoidance-
oriented

Perfor-
mance-
oriented

Mastery-
oriented

M SE M SE M SE M SE χ2 p ES

Deep approach 3.39 0.05 2.22 0.23 3.95a 0.03 3.91a 0.03 150.41  < .001 0.36
Surface approach 2.50a 0.06 2.11abc 0.23 2.42ab 0.04 2.01c 0.04 56.69  < .001 0.22
Organised approach 3.08 0.05 2.16 0.21 3.80 0.03 3.65 0.04 174.65  < .001 0.39
Self-efficacy 3.81 0.05 3.22 0.24 4.30 0.03 4.41 0.04 118.68  < .001 0.32
Work engagement 2.70 0.07 1.87 0.14 3.69a 0.04 3.77a 0.04 342.78  < .001 0.53

Fig. 3   Group means in outcomes
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performance-oriented showed an equally high emphasis on the deep approach. In 
line with our third hypothesis (H3), mastery-oriented had the lowest levels of sur-
face approach to learning compared to other groups. However, performance-ori-
ented respondents had similar levels of surface approach compared to disengaged 
and higher levels compared to avoidance-oriented, which went against our expec-
tations. Mastery-oriented displayed higher self-efficacy and work engagement than 
any of the other groups, the performance-oriented having the second highest val-
ues. This was in line with our fourth (H4) and fifth hypotheses (H5). Avoidance-
oriented participants reported clearly the lowest levels of all outcomes, except for 
the surface approach, where they did not differ from mastery- and performance-
oriented groups. Compared to mastery- and performance-oriented participants, the 
disengaged displayed less emphasis on deep and organised approaches to learning, 
but more emphasis on the surface approach, while at the same time reporting lower 
self-efficacy and work engagement. All in all, the group differences were largest on 
organised approach and work engagement, and lowest on surface approach.

Discussion

Although extensive research exists on workplace learning, few empirical studies 
have focused on the actual learning processes of employees. This study addresses 
this gap by examining how blue-collar workers learn through informal, on-the-job 
experiences, which is crucial for their development in constantly changing work 
environments. Previous research predominantly focused on educational contexts, 
leaving a significant gap in understanding the learning strategies and motivations 
of blue-collar workers. By using a person-centered approach, specifically LPA, we 
identified distinct goal orientation profiles among construction workers and under-
stood how these profiles related to learning strategies, self-efficacy beliefs, and work 
engagement.

To answer our first research question (RQ1), we investigated what kinds of pro-
files could be identified in our sample of construction workers. Based on the four 
orientations, we identified four goal orientation profiles: 1. disengaged, 2. avoid-
ance-oriented, 3. performance-oriented, and 4. mastery-oriented. Notably, the avoid-
ance-oriented profile was very small (2.1%) and while its inclusion was statistically 
and theoretically justified, there is uncertainty of the presence of this profile that 
needs to be taken into account (see Limitations for further discussion). Otherwise, 
these profiles were relatively similar to the goal orientation profiles identified in pre-
vious studies in an educational context (Niemivirta et al., 2019), with a few differ-
ences. As expected in our first hypothesis (H1), the mastery-dominant profile that 
has low levels of other orientations (mastery-oriented) and a contrasting avoidance-
dominant profile were both distinct in the results. Deviating slightly from expecta-
tions, the performance-oriented profile had a higher mastery orientation compared 
to performance orientations, with a relatively high level of avoidance orientation. 
This profile can be seen as the combined mastery and performance goal profile of 
previous literature in the work context (e.g., Kunst et al., 2018), while this group can 
be compared to the moderate group identified in academic studies (Niemivirta et al., 
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2019). Since working adults focus more on performance than on learning compared 
to students (Kunst et al., 2018; Tynjälä, 2008), the performance-oriented group is, 
as expected, the largest. However, owing to the common conception of profit focus 
in the construction business, a more distinct performance-oriented profile was 
expected to emerge. The absence of this distinct profile might derive from the differ-
ences between the goals of workers and those of higher management with regard to 
performance orientation. In this view, the results seem positive in terms of the learn-
ing potential of workers. This can also indicate that blue-collar construction workers 
consider their work differently from white-collar ones (e.g., Hu et al., 2010). These 
differences should be further investigated in future research.

The disengaged profile can be seen as the typical profile with no particular 
emphasis on any specific orientation in work-related studies but differs from the 
most common profiles identified in previous studies in educational settings. The pro-
file involves moderate levels of mastery and avoidance and low performance orien-
tations, representing workers who have learning goals but are also indifferent to per-
forming and have an avoidance orientation. This group could be described as doing 
whatever work is necessary but lacking additional motivation for learning and devel-
opment. Providing learning opportunities and support to counter avoidance activi-
ties could help these workers to maintain motivation, as there is still an orientation 
towards learning and performing (Decius et al., 2021).

Regarding the group sizes, the distinctly small avoidance-oriented group is usu-
ally more prevalent in the academic context. Additionally, the disengaged type of 
group is most likely more common among students. These size differences and the 
larger sizes of mastery-oriented and performance-oriented groups further illustrate 
the differences between work and educational contexts. Considering the avoidance-
oriented group, the clearest difference from the other groups is the distinctly low 
mastery orientation, which indicates the lack of motivation in learning and probably 
in work in general. The small size is interesting also regarding to the differences 
of work avoidance or procrastination between white-collar and blue-collar workers, 
which has been found to be higher in white-collar or higher status jobs (e.g., Ham-
mer & Ferrari, 2002; Vitak et al., 2011). The present study is thus in line with the 
previous research but encourages additional comparative research between blue- and 
white-collar workers in terms of learning avoidance.

The second research question (RQ2) considered whether the profiles differed in 
terms of approaches to learning at work, self-efficacy beliefs, and work engagement. 
The results showed that profiles based on high mastery orientation (performance-
oriented and mastery-oriented) had higher levels of deep and organised approaches 
to learning, which was as expected (H2). Previous research has shown that work-
ers’ deep approach to learning may be related with both controlled/extrinsic and 
autonomous/extrinsic motivation (Kyndt et  al., 2013). The results of the present 
study are aligned with this, since both the mastery–intrinsic and mastery–extrin-
sic were merged in the mastery orientation. Both deep and organised approaches 
have been shown to be related with good learning outcomes among higher education 
students (e.g., Haarala-Muhonen et al., 2017), and thus it could be expected that a 
similar combination among workers leads to good learning outcomes at work. Pre-
vious studies have provided evidence that the deep approach is associated with for 
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example career success (Hoeksema et al., 1997) and job performance (Froelich et al., 
2014), and it has been suggested that there is a need to enhance the deep approach 
to learning in working life (Kirby et  al., 2003; Kyndt et  al., 2013). To our under-
standing, this was the first study exploring the organised approach among workers, 
and the results showed that it is connected not only with goal orientations but also 
with self-efficacy and work engagement. Thus, the organised approach seems to be 
an important component of learning at work. The profiles differed less in regard to 
an unreflective approach to learning (surface approach). This could indicate that, 
in construction sector work or among blue-collar workers in general, the unreflec-
tive way (e.g., rote learning, “cramming”) is not greatly prevalent, at least in terms 
of verbalised knowledge. This could also explain the weak correlation between the 
deep and surface approaches.

The distinctly smallest group, avoidance-oriented, reported the lowest values in 
deep and organised approaches to learning. Such a combination has been shown to 
have less desired learning outcomes (Haarala-Muhonen et al., 2017; Postareff et al., 
2017), and thus could be expected to have negative influence on workers’ learning 
as well. Contrary to our third hypothesis (H3), performance-oriented respondents 
reported higher levels of surface approach compared to the mastery- and avoidance-
oriented. In the case of the avoidance-oriented group, the high level of surface 
approach could be explained by their low interest in learning and deep understand-
ing, which could account for rote memorisation. In the case of the performance-
oriented profile, the high level of surface approach could be explained by their inten-
tion to maximise their learning and succeed by attempting to both understand and 
memorise. The intention to both understand and memorise is less typical but has 
been identified previously among some higher education students who proceed from 
memorising to understanding (e.g., Kember, 1996). There is also evidence that this 
type of combination may yield successful learning outcomes (Kember, 2016).

Regarding group differences in self-efficacy beliefs and work engagement, pro-
files based on high mastery orientation (performance-oriented, mastery-oriented) 
had higher work engagement and self-efficacy beliefs. This was in line with our 
fourth (H4) and fifth (H5) hypotheses. The avoidance-oriented group displayed the 
lowest values in self-efficacy beliefs and work engagement. These results are sup-
ported by previous research findings showing that high self-efficacy is related to 
engagement in learning and to setting high goals for work (e.g., Bandura, 2000). The 
results confirm the important role of self-efficacy in the context of work; strengthen-
ing self-efficacy beliefs could serve the development of goal orientations and work 
engagement.

Theoretical Implications

Together, the results of this study shed light on blue-collar construction workers’ 
learning in terms of learning strategies and motivation and how they compare to 
more extensive research with a student population. Through applying a person-
centred approach in analysing the data, it was possible to identify individual dif-
ferences and identify diverse combinations of the measured variables. The results 
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revealed four types of combinations of goal orientations, which showed nuanced dif-
ferences between the goals of workers which would have remained hidden without 
adopting a person-centred approach. Thus, this approach enabled us to see beyond 
group-level average scores which often hide the variation at the individual level 
(see Lindblom-Ylänne et  al., 2013). We found relatively similar goal orientation 
profiles to previous research done in the workplace context (Nerstad et al., 2018), 
which was interesting as Nerstad et al. (2018) study participants came from a union 
more focused on white-collar workers (engineers and technologists). Thus, profiles 
between white-collar and blue-collar workers seem to be closer than workers and 
students in general. Mastery orientation was prominent in both mastery-focused 
and performance-focused profiles, and, as expected, these profiles showed the high-
est levels of beneficial learning approaches and well-being outcomes. We observed 
a goal orientation structure relatively similar to previous research in terms of the 
major distinctions (mastery, performance, avoidance). This structure is in line with 
the three-dimensional conceptualisation of workplace goal orientations (van Dam, 
2015; Vandewalle, 1997), where mastery goal orientations (mastery–intrinsic, mas-
tery–extrinsic) are merged into learning orientation. In the work context, the inte-
gration of learning and achievement orientations makes sense because learning and 
achievement orientations both aim to achieve success in work tasks, unlike in the 
academic context, where learning and concrete achievements can be seen as more 
explicitly distinct from each other.

From the theoretical perspective, the study results support the existence of 
approaches to learning at work, similarly to Kirby et  al. (2003) and Kyndt et  al. 
(2013), which have mainly been identified in educational contexts. Although there 
were some challenges with the scale measuring the organised approach to learning, 
the results still indicated that this approach plays a central role for workers’ moti-
vation and learning. Therefore, the theories of learning at work could benefit from 
exploring the role of organised learning in more depth. The study also contributes 
to the theoretical understanding of the relationship between goal orientations and 
approaches to learning by indicating that the approaches to learning vary in the dif-
ferent goal orientation profiles.

Practical Implications

Since the results indicated that goal orientations and approaches to learning relate to 
each other, it is important that workers are provided diverse learning opportunities 
in their work, specifically the type of tasks which enable the adoption of the deep 
and organised approaches. For organisations, it is important to be aware of how their 
workers are learning and how the organisation can build a stimulating learning envi-
ronment. For individuals, being able to be engaged in meaningful learning activities, 
is a means to promote personal development. Opportunities for personal develop-
ment are being increasingly valued by workers, and workers who are offered mean-
ingful learning opportunities and experience a stimulation to learn, are less likely to 
leave their jobs (Kyndt et al., 2009).
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With regards to the different profiles, our study identified distinct goal orientation 
profiles among construction workers, indicating the need for tailored support strate-
gies to enhance motivation and learning. Mastery-oriented employees exhibited high 
levels of deep learning approaches and self-efficacy; thus, they could benefit from 
companies providing continuous learning opportunities, challenging projects, and 
advanced training to sustain their motivation. Performance-oriented workers would 
benefit from challenging environments and recognition via incentive programs, per-
formance-based rewards, and clear career advancement pathways. The disengaged 
group showed lower engagement and self-efficacy; thus, interventions could focus 
on enhancing intrinsic motivation through mentoring, skill development support, 
and creating a more inclusive and supportive work environment. Avoidance-oriented 
employees exhibited the lowest levels of motivation and engagement. Intensive sup-
port, such as personalised development plans, regular feedback, and building a posi-
tive workplace culture, could be used to support moving towards a more mastery-
oriented profile. However, as the profiles are probabilistic in nature and extensive 
individual support is not always feasible, strict guidelines and direct implications 
should be made with caution. Rather, understanding and acknowledging the diver-
sity of learning and goals and avoiding one-size-fit-all solutions can provide a better 
picture of opportunities that individuals have to navigate their preferences and paths. 
This could enable identifying more general procedures that benefit many and hinder 
few.

Moreover, the results suggested that the organised approach to learning is associ-
ated with the deep approach to learning, but also with more mastery-focused goal 
orientations, self-efficacy beliefs, and work engagement. Therefore, workers should 
be encouraged to adopt not only the deep approach to learning, but also the organ-
ised approach in their learning endeavours, for example, through systematically 
planning work-related learning activities and being organised and systematic in 
advancing their own learning. Organisations could also contribute to this through 
creating continuous learning opportunities, empowering them towards personal 
development and through creating systems to monitor workers’ learning. Also, sys-
tematic feedback practices could contribute to organised ways of learning, especially 
when it is incorporated in systematic planning of future development. Developmen-
tal feedback about performance to improve future performance, way to “feed-for-
ward” (Griffin et al., 2016), could encourage workers’ organised approach towards 
their own learning.

Limitations and Future Research Directions

This study has limitations with regard to data collection and scales. Even though 
the sample size was relatively large and thus appropriate for analyses, only 4% of 
workers who were sent the invitation filled out the survey fully. This small percent-
age was probably due, at least in part, to substantial numbers of inactive and unem-
ployed recipients, as only pensioners, students, and entrepreneurs were excluded 
from the recipient list. Another factor was the time of the data collection (June), 
when some of the possible recipients might have been on a summer vacation and not 
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actively reading their mail. Most participants who started the survey also finished 
it (92%). However, the small overall response rate calls for caution when consider-
ing the generalisability of the results, as it is also possible that the workers belong-
ing to avoidance-oriented or disengaged groups were hesitant to answer surveys and 
were thus underrepresented in the sample. In addition, as the invitation to answer 
the survey was distributed via the union, some of the potential respondents were not 
reached if they did not belong in the union. Nevertheless, a large majority of work-
ers in the Finnish construction sector are members of the union thus indicating a 
smaller risk of selection bias in this sense.

The use of mono- and cross-sectional measurement (cross-sectional survey) 
brings up limitations regarding the interpretations and validity of the data. Using 
cross-sectional survey in data collection forbids causal interpretations of the results 
(Pearl, 2000), while mono-measurement increases the risk of common method vari-
ance (CMV; Podsakoff et  al., 2003, 2012). CMV can increase from, for example, 
survey complexity, length, and item ordering. Actions to decrease CMV included 
anonymous responding, informative survey cover letter, and keeping the survey as 
short as possible. Another limitation regarding the structure of the data is that we 
were not able to calculate intra class correlation for firm affiliation due to privacy 
reasons of the survey. We cannot thus rule out the potential effects rising from the 
nested data structure.

In terms of the goal orientation profiles, the smallest group (avoidance-oriented, 
2.1%) included less than 5% of the sample which can be spurious (Ferguson et al., 
2020). Still, alongside the statistical values, the presence of this profile is consistent 
with previous research and describes an expected, rather extreme profile, which is 
expected to be smaller in the work context compared to educational context. Never-
theless, the interpretations regarding this avoidance-oriented profile should be done 
with caution due to this small size.

In the present study, the scales adopted to measure approaches to learning have 
been previously used in the context in educational contexts, mainly universities. 
Therefore, they might not fully capture all the essential features of learning processes 
at work. Still, the connectivity of approaches to learning and self-efficacy has been 
established within the HowULearn-questionnaire (Parpala & Lindblom-Ylänne, 
2012) which has been shown to capture the approaches to learning in educational 
contexts and provide reliable information of students’ approaches to learning (e.g., 
Herrmann et al., 2017; Parpala et al., 2010). These scales were utilised in the present 
study with the goal of gaining an in-depth view on workers’ approaches to learning. 
The scales measuring the deep and surface approaches had relatively good reliabil-
ity, but the scale measuring the organised approach required modifications (omit-
ting one item). Since the organised approach seemed to vary between the different 
goal orientation profiles, and was related to the more desirable orientation profiles, 
some research focus should be put on the organised approach in future research. 
Qualitative interview data could provide in-depth information concerning workers’ 
approaches to learning and provide information for scale development, which could 
capture the essential aspects of blue-collar workers’ approaches to learning at work.

As this study considered construction workers’ perceptions of their experiences 
and approaches to learning and well-being, environmental factors and covariates 
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were not in the focus of the present study. Reaching a comprehensive picture of 
how blue-collar workers learn at work could benefit from including also more envi-
ronmental and contextual factors in the analysis. In addition, future studies should 
investigate goal orientation profiles and learning in different occupational fields or 
among different types of workers (e.g., white-collar).

While academic interest in goal orientations at work has been increasing, imple-
mentation and application of the results in organisations have been lagging, pos-
sibly due to the lack of complete and clear models (Vandewalle et al., 2019). More 
understandable and employee-oriented studies are thus needed to yield results for 
practical application. The person-centered approach seems to work reasonably well 
in examining patterns or configurations of goal orientations in the work context, 
and we agree with Spurk and colleagues (2020) that the further application of LPA 
and other similar methods is to be encouraged in vocational behaviour research. To 
further explore potential differences between white- and blue-collar workers, future 
studies could use a mixed-methods approach, combining quantitative LPA to iden-
tify goal orientation profiles with qualitative interviews to explore contextual factors 
influencing learning strategies. Longitudinal research could also reveal how goal 
orientation profiles evolve over time and impact learning outcomes and job perfor-
mance, as observed during educational transitions (Tuominen et al., 2020).

Additionally, future research should include variables that measure the extent of 
informal learning, which was not examined in this study, to understand its role as 
an outcome variable. This comprehensive approach would provide a deeper under-
standing and support tailored interventions for employee learning and development.

Conclusion

The study results obtained using a person-centered approach, indicated that blue-
collar construction workers adopted majorly mastery-focused goal orientation pro-
files, with the avoidance-focused profile being distinctly small. Furthermore, these 
mastery-focused profiles were related to higher beneficial learning approaches and 
well-being outcomes. The results encourage organisations to stay informed about 
their workers’ learning and pay attention to providing learning opportunities to 
blue-collar workers, which can be often overlooked. It is important to acknowledge 
the diversity of blue-collar workers’ learning processes and goal orientations and 
provide tailored opportunities for learning and development at work (see practical 
implications).
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