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This Master's thesis explores the adoption and effects of Generative Artificial Intelligence (AI) 

within the Human Resources (HR) operations at Wärtsilä Oyj, focusing on improving AI literacy 

among HR personnel. Wärtsilä recognizes the essential role of HR in integrating AI to enhance 

HR functions, employee experiences, and well-being. The study used a mixed-methods 

approach, combining qualitative interviews and quantitative surveys, to assess current AI 

literacy and identify barriers to using generative AI tools like WärtsiläGPT effectively. 

The research utilized a mixed-methods approach, incorporating both qualitative interviews and 

quantitative surveys to assess the HR team's current AI literacy and to identify obstacles that 

hinder the effective deployment of Generative AI tools, including the company’s proprietary 

WärtsiläGPT.  

The findings reveal an urgent requirement for enhanced AI literacy within the HR department 

at Wärtsilä to maximize the benefits of generative AI technologies and optimize HR processes. 

Generative AI is familiar to 80% of respondents, but only 9% frequently use the company's 

internal generative AI tools frequently. Only 55% self-evaluate to possess limited to somewhat 

proficient skills in evaluating AI’s application in their field. Despite ethical concerns and the 

need for human oversight, there is a recognized potential for AI to improve automation and 

efficiency. Training needs have been pinpointed in areas such as Gen AI basics, use cases, 

prompt engineering, and ethical AI usage. 

 

A structured framework was developed to guide HR professionals in effectively applying 

WärtsiläGPT and other generative AI tools. The thesis concludes that through targeted 

educational initiatives and this framework, HR professionals can significantly improve their AI 

literacy, crucial for effectively harnessing AI capabilities. 

 

Keywords: Generative Artificial Intelligence, Human Resource Management, Artificial 
Intelligence Literacy  
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The AI tools used in the Master’s thesis and the purpose of their use has been described 

below: 

 

ChatGPT  

ChatGPT served as a tool for topic orientation and search planning. It assisted in the discovery 

of pertinent keywords and guided towards relevant tools and databases.  

 

Elicit 

Elicit helped to search and summarize scientific articles based on research questions and 

specific articles of interest.  

 

Grammarly Premium  

Grammarly supported ensuring clarity, coherence, and grammatical accuracy of the text.  

 

I am aware that I am totally responsible for the entire content of the thesis, including the parts 

generated by AI, and accept the responsibility for any violations of the ethical standards of 

publications. 
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1 Introduction  

 

Generative Artificial Intelligence (AI) applications are becoming a part of organizations’ 

practical operations. Generative AI models can revolutionize communication, content 

generation, and decision-making processes in Human Resource (HR) departments of 

organizations (Strohmeier and Piazza, 2015; Minbaeva, 2020; Samarasinghe & Medis, 2020), 

making it essential to explore their impact in this context. AI becomes an integral part of the 

organization's core and strategy in the most advanced cases. Organizations, such as Wärtsilä 

Oyj, increasingly recognize the strategic significance of AI in optimizing HR functions and 

enhancing employee experiences; thus, the need to assess and nurture AI literacy within HR 

departments has become paramount. Wärtsilä HR's personnel's next strategic move involves 

integrating the company's proprietary GPT, WärtsiläGPT, into their operations. Consequently, 

training employees to utilize these tools proficiently will be crucial for businesses to harness 

their full potential and stay competitive (Chetty., 2023, 6; Yi., 2021).  

As organizations increasingly recognize the strategic significance of AI, the need to assess 

and nurture AI literacy within the personnel has become paramount (Yi., 2021; Chetty., 2023). 

AI literacy refers to the understanding and competence individuals or organizations have in 

artificial intelligence (AI) technologies and their practical applications. It encompasses 

knowledge of basic AI concepts, awareness of ethical considerations, technical proficiency, 

data literacy, problem-solving skills, the ability to assess AI's impact, knowledge of adoption 

strategies, and a commitment to continuous learning. High AI literacy is essential, enabling 

individuals and organizations to effectively utilize AI for innovation and efficiency while 

addressing ethical and societal challenges related to its adoption (Yi 2021, 356-358; Chetty, 

2023; Long and Magerko., 2020). Therefore, gaining a deeper understanding of Generative 

AI performance, capabilities, and evaluation methods is essential for individuals within 

organizations seeking to derive value from this technology.  

Enhancing the employees' AI literacy through practical application is a cornerstone for 

understanding and leveraging generative AI within organizational contexts (Long and 

Magerko., 2020; Weber et al., 2023). Establishing a systematic method for pinpointing and 

assessing the real-world applications of AI is essential for human resources departments. It's 

important for HR specialists to start by analyzing the business challenges and prospects that 

Generative AI can tackle. This entails an in-depth evaluation of the goals, possible obstacles, 

and benefits that Generative AI offers, taking into account its eventual business uses and 

potential impact. This structured methodology is encapsulated within a framework. In this 

context, a framework refers to a set of guidelines, tools, and best practices designed to guide 
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users in applying WärtsiläGPT to achieve specific objectives. As HR personnel engage with 

and apply generative AI in their roles, their AI literacy naturally improves, further empowering 

them to leverage generative AI more effectively. 

 

1.1 Research questions 

 

As the ultimate objective of the thesis is enhancing AI literacy among HR personnel and 

identifying optimal applications of WärtsiläGPT, the following research question(s) are 

outlined: 

 

Research Questions: 

Research Question 1: 

"What is the prevailing level of AI literacy among the HR personnel at Wärtsilä Oyj?" 

 

Research Question 2: 

"What are the essential elements of a framework that support identifying potential use cases 

of WärtsiläGPT?" 

 

To accomplish this, the research encompasses several core objectives. These objectives are 

strategically designed to support the creation of a practical framework for HR professionals, 

enabling them to harness the potential of generative AI. The first objective involves 

comprehensively assessing AI literacy levels within Wärtsilä's HR department. The HR 

department has been chosen as the target group due to the ease of limiting the study to a 

specific department that often serves as a focal point for workforce development and 

technology integration within the organization. By examining the proficiency of HR staff in 

generative AI-related concepts and terminologies and their familiarity with generative AI 

technologies like WärtsiläGPT, a solid foundation for the subsequent framework development 

is established.  

With a clear understanding of the current AI literacy landscape, the developing a systematic 

framework for effectively identifying WärtsiläGPT use cases within the HR department, is 

possible. This framework will provide step-by-step guidance on how HR professionals can 

analyze business problems, determine the suitability of WärtsiläGPT, and integrate them into 
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their processes. It will also encompass guidelines for ethical AI adoption and responsible AI-

driven decision-making. This framework will serve as a valuable tool for breaking down 

complex business problems and evaluating how WärtsiläGPT can provide solutions tailored 

to these challenges. Along the framework, a guidebook is created to guide the use of the 

framework.  

 

1.2 Structure and Research Approach  

 

The theoretical background of the thesis starts with delving into the realm of Generative 

Artificial Intelligence (AI) and its emerging application within an organizational setting and the 

Human Resources (HR) sector. It commences with a foundational introduction to Artificial 

Intelligence (AI), progressively narrowing down to Machine Learning as a pivotal subset of AI. 

Further exploration leads to Deep Learning and Large Language Models (LLMs), with a 

specific focus on how these models, such as GPT (Generative Pre-trained Transformer), have 

revolutionized the ability of machines to understand, generate, and interact with human 

language at a vast scale.  

Next, the significance of Generative AI in the business context is thoroughly examined, 

emphasizing its transformative potential across various sectors, including HR. This section 

also addresses the ethical considerations surrounding Generative AI, underscoring the 

importance of ethical AI deployment, particularly in sensitive areas such as data privacy, bias 

mitigation, and ensuring fairness. The introduction of WärtsiläGPT marks a pivotal point in the 

discussion, showcasing a practical example of Generative AI's application within Wärtsilä's 

HR operations.  

The thesis then transitions to assessing AI Literacy within an organization, defining what 

constitutes AI literacy, and proposing strategies to measure this critical competency among 

HR professionals. Lastly, the theoretical framework introduces structured frameworks, such 

as AI and Machine Learning (ML) Canvases, to leverage Generative AI in business. It reviews 

various AI project canvases developed by scholars and practitioners, illustrating their utility in 

guiding organizations through the thoughtful and effective deployment of AI technologies. This 

comprehensive theoretical backdrop sets the stage for the thesis's primary objective: to 

develop and validate a practical framework tailored to Wärtsilä's HR needs, facilitating the 

ethical, effective, and strategic application of Generative AI technologies within operational 

work. 
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The methodology section of this thesis employs a mixed-methods approach, meticulously 

chosen to comprehensively address the research objectives. This methodology encompasses 

both qualitative and quantitative elements, enabling a holistic understanding of AI literacy 

within Wärtsilä's HR department, the identification of AI literacy gaps, and the development 

and validation of the WärtsiläGPT Use Case Framework. A quantitative survey was distributed 

across a broader segment of the HR department. The statistical analysis of survey data, will 

offer a comprehensive overview of the current state of AI readiness among HR professionals 

at Wärtsilä. The qualitative component of this research primarily involves semi-structured 

interviews with a selected group of HR professionals at Wärtsilä. These interviews are 

designed to gather in-depth insights into the participants' perceptions, experiences, and 

challenges related to the adoption and implementation of generative AI technologies in HR 

practices. The data collected from these interviews will be subjected to thematic analysis, 

allowing for the identification of common themes, patterns, and narratives that emerge from 

the discussions.  

 

In conclusion, this master’s thesis seeks to bridge the gap between generative AI technology 

and professionals by developing a practical framework and tailored to the unique needs of 

Wärtsilä HR department. Through a comprehensive assessment of AI literacy and Wärtsilä 

Use Case Framework development, this research aims to empower HR professionals to 

harness the potential of generative AI, thereby optimizing their decision-making processes 

and enhancing overall organizational performance. 
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2 Generative Artificial Intelligence (AI) and its 

application in an organizational setting 

 

This chapter delves into the role of Generative Artificial Intelligence (AI) in revolutionizing the 

way organizations, specifically Human Resources (HR) departments operate. It begins by 

laying down the basics of AI, then progresses to machine learning and deep learning, 

emphasizing the importance of large language models. The discussion broadens to reveal 

how Generative AI is reshaping business approaches, particularly within HR. Furthermore, it 

critically examines the employment of company data in the deployment of AI solutions, leading 

to the introduction of WärtsiläGPT, Wärtsilä's proprietary GPT. Ethical considerations and 

challenges are scrutinized in depth. The aim is to equip readers with a comprehensive insight 

into how Generative AI can transform HR practices, underlining the ethical dilemmas that 

accompany its adoption in an organizational setting.  

 

2.1 Introduction to Artificial Intelligence (AI) 

 

Artificial intelligence (AI) serves as the foundation of Industry 4.0 (Hecklau et al., 2016) and is 

increasingly becoming a standard practice within organizations. (Ibarra et al. 2018; Müller, 

Buliga, & Voig, 2020) Although the research literature does not provide a wealth of empirical 

data on how artificial intelligence affects the workplace (Rossini et al.., 2019), there is a broad 

consensus that the deployment of intelligent machines will fundamentally alter organizational 

operations and task execution (Hecklau et al., 2016; Huang & Rust, 2018). Researchers have 

begun to recognize both the advantages and challenges presented by the use of AI in the 

workplace, along with the significant effects that intelligent computer-based technologies can 

have on both individuals and organizations. (Ibarra et al., 2018; Müller, Buliga, & Voig, 2020) 

The concept of AI refers to sophisticated computers and machines that replicate the 'cognitive' 

capabilities of the human mind, including learning, reasoning, and planning (Lu et al., 2018). 

AI encompasses a range of intelligent technologies and tools (Lu et al., 2018), which include 

machine learning (Glikson & Woolley, 2020), deep learning models (Bosse et al., 2019), 

genetic algorithms, and artificial neural networks (Elkatatny et al., 2018). Typically, AI is 

described as a machine's capacity to learn from experiences, adapt to new information, and 

execute tasks that are similar to those performed by humans (Microsoft s.a. What is (AI, 2024). 



 
10 

 

 

2.2 Technical background of AI  

 

To grasp the principles underpinning AI and especially generative AI, it's crucial to familiarize 

oneself with the foundational technical aspects behind. This section delves deeper into key 

concepts such as machine learning, deep learning, large language models, and natural 

language processing, providing a more thorough explanation of each. 

 

2.2.1 Machine Learning  

 

Machine learning is a subset of artificial intelligence dedicated to creating algorithms and 

models that empower computers to learn and form predictions or judgments independently, 

without direct programming (Jordan & Mitchell, 2015). It relies on data analysis to identify 

patterns, relationships, and trends, which are then used to make informed decisions or 

predictions (Carle, 2023). Machine learning programs based on prediction models are 

increasingly being used to complement or even replace expert judgment and manual decision-

making (Rastrollo-Guerrero et al., 2020). These models can aid decision-making by quickly 

predicting outcomes from large datasets. Prediction models can be specifically tailored to a 

limited task or problem and are fast and cost-effective (Hammouri et al. 2018). Machine 

Learning techniques are often divided into supervised, unsupervised, and reinforcement 

learning techniques. (Jordan and Mitchell 2015; Weber and Lenz., 2023, 1550; Carleo 2019, 

3) 

Supervised learning trains AI models on labeled data for accurate predictions (LeCun et al., 

2015, p. 436). It includes vital techniques of classification and regression, using algorithms 

like K-Nearest Neighbor, Support Vector Machine, Naive Bayes, Decision Tree, and Random 

Forest (Carleo et al., 2019, pp. 4-5; Das et al. 2023; GoogleCloud s.a What is AI). In business, 

it is used for customer segmentation, fraud detection, sentiment analysis, predicting trends, 

enhancing decision-making, and driving efficiency and innovation (Das et al., 2023; 

GoogleCloud s.a What is AI). Unsupervised learning is a label-free machine learning approach 

that discovers patterns and relationships in unlabeled data. Key techniques include clustering 

and dimensionality reduction (Carleo et al. 2019, 5-6). It is applied in customer segmentation, 

image analysis, and natural language processing, enabling tasks like grouping customers, 

identifying patterns in images, and topic modeling in text analysis (Lu, 2010; GoogleCloud s.a 

What is AI). Reinforcement learning is a machine learning type where an agent learns by 
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interacting with an environment and making decisions through trial and error. It explores, takes 

action, and receives feedback to update its decision-making. (Matsuo et al. 2021, 270; Carleo 

et al. 2019, 6) Reinforcement learning has practical applications in various fields, including 

robotics, game-playing, autonomous vehicles, and recommendation systems. It allows agents 

to learn optimal strategies in complex and dynamic environments where traditional rule-based 

or supervised learning approaches may not be feasible. (GoogleCloud s.a What is AI) 

 

2.2.2 Deep Learning and Large Language Models   

 

Deep learning is a specialized area within machine learning that employs a series of layered 

processing units to facilitate learning tasks (LeCun et al. 2015; Weber et al. 2023, 1551). 

These networks are called "deep" because they contain multiple layers of neurons compared 

to traditional neural networks. Deep learning effectively handles large amounts of data and 

complex problems, such as image or speech recognition and natural language processing. 

(LeCun et al. 2015, 436) Training deep-learning algorithms require large amounts of data and 

computing power (IBM s.a.). 

Large Language Models (LLMs) are part of Deep Learning (Minaee et al., 2024). LLMs consist 

of neural networks with massive amounts of parameters, trained using vast amounts of textual 

data, such as books, articles, and websites. The models are trained to predict a sentence's 

next word (Chang et al., 2024, p. 4). However, with many parameters and the context provided 

by the preceding words, the models can demonstrate advanced emergent abilities, such as 

capturing the semantics of the human language and general knowledge about the world. 

(Chang et al. 2024, 4) LLMs can perform a variety of natural language processing tasks (NLP). 

Natural Language Processing refers to the capability of utilizing, applying, recognizing, and 

producing human-used language. (Chang et al. 2024; Wei et al. 2022). LLMs are crucial for 

NLP because they grasp language comprehensively and contextually. This context awareness 

allows NLP systems to interpret texts accurately, considering the context of surrounding words 

and phrases—for instance, discerning the meaning of "bank" in financial versus geographical 

settings. As a result, LLMs enable the production of responses or texts that are both human-

like and fitting to the specific context in NLP applications. Organizations can address various 

tasks with a single model, including text generation, translation, summarization, sentiment 

analysis, and more. (Chang et al. 2024, 6-12). 
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Users can elicit specific responses or generate content by providing a question or prompt to 

the service. Prompting, often referred to as in-context learning, is a technique where models 

learn tasks based on specific instructions provided as prompts. This approach enables LLMs 

to generate context-aware and task-specific outputs, making them versatile for various 

applications. (Dang et al. 2022, 2 Chang et al. 2024, 5) Regarding response quality, how the 

user formulates the question or prompt for the service is crucial, making prompt formulation a 

particularly crucial skill when using generative AI (Dang et al., 2022, p. 2). Prompt engineering 

involves the skill of designing and formulating effective prompts or instructions for obtaining 

specific outputs from a language model (Dang et al., 2022, p. 2; Chang et al., 2024, p. 5); this 

involves understanding what kind of textual data or prompts will lead to the most informative 

and accurate responses from the model. (Acar 2023). The ease of using prompts for 

interaction has opened up generative AI to a broad audience, even those lacking in-depth 

technical knowledge.  

Organizations can further enhance the performance of pre-trained LLMs by fine-tuning them 

with domain-specific data during training. This process refines the model's understanding and 

performance in the targeted task, improving its effectiveness in specialized applications. 

(Zhang, 2023; Bai et al., 2022) GPT (Generative Pre-trained Transformer) and BERT 

(Bidirectional et al. from Transformers) are two of the most influential and widely used Large 

Language Models (LLMs) in the field of Natural Language Processing (NLP) (Ghojogh & 

Ghodsi, 2020; Zheng et al., 2021). 

 

2.2.3 Generative Artificial Intelligence  

 

Generative AI utilizes machine learning models to create new content such as text, audio, 

video, images, software code, and simulations. This is achieved by training the models on 

extensive datasets. (McKinsey & Featured Insights, 2023). These algorithms employ models 

that undergo training on extensive datasets, which enables them to generate fresh data that 

adheres to the patterns and structure found within the original dataset. Unlike traditional AI 

systems that rely on supervised learning or data-driven algorithms that focus on predictions 

or classifications based on existing data, generative AI utilizes unsupervised, deep learning 

techniques, particularly neural networks, to create new data that resembles the patterns and 

characteristics of the training data it has been exposed to (Agrawal, 2023; Oppenlaender, 

2022; Weisz et al., 2023).  
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Generative AI models are designed to learn the underlying patterns and structures of the 

training data and then use this knowledge to generate new data samples. These models can 

be trained on various data types, including images, text, audio, and video. The generated 

content can be highly diverse and can exhibit characteristics similar to the training data, 

allowing for the creation of realistic and novel outputs. This technology is highly regarded for 

its ability to learn patterns from vast datasets and then generate content that closely resembles 

human-made creations, making it versatile across various domains, including natural 

language processing, image generation, music composition, and more. (Zhou & Lee, 2024) 

The relevance of the newly generated content in its context is determined by the quality, 

timeliness, and pertinence of the dataset used for training. (McKinsey & Featured Insights, 

2023). 

 

Generative AI gained widespread recognition with the launch of a traditional bot named 

ChatGPT (Generative Pre-trained Transformer) for public use in November 2022, succeeded 

by an advanced version, ChatGPT-4, in March 2023 (OpenAI Blog, 2022). The introduction of 

transformers in 2017 allowed simultaneous processing, enhancing output quality and 

efficiency (Uszkoreit, 2017[PI1] ). OpenAI released GPT-1 in 2018, followed by GPT-2 (2019) 

and GPT-3 (2020). GPT-3 faced issues such as producing inaccuracies and offensive content, 

prompting improvements through supervised and reinforcement learning techniques (Ouyang 

et al., 2023). These enhancements included Reinforcement learning from human feedback 

(RLHF), where contractors ranked responses, helping the AI determine relevance (Schulman 

et al., 2017). To improve alignment with user intent, human contractors fine-tuned GPT-3, 

creating GPT3.5. GPT-4, introduced in March 2023, aimed to enhance output accuracy, 

reduce offensive language, and offer better steerability (Open AI GPT 4 Research Blog, 2023). 

GPT-4 can process text and images, providing a more comprehensive understanding of 

context. However, it is not designed to generate images. In addition, concerns remain about 

circumventing guardrails and potential misinformation (Loynds, 2023). Trained on 

approximately 45 terabytes of data from across the web up until 2021, GPT-4's capabilities, 

as highlighted by Achiam et al., 2023, suggest its responses might not always reflect the most 

current information. This training breadth has underpinned ChatGPT's surge in popularity, 

offering impressively human-like responses to a wide array of questions. Its realism in 

interaction is furthered by the model's ability to engage in follow-up queries, acknowledge 

errors, and reject unsuitable requests. The efficacy of ChatGPT's outputs is directly influenced 

by the quality of inputs it receives, which includes both the initial training data and the user-

provided prompts defining the task at hand. The "brain" behind ChatGPT operates on 
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generative AI, a broad field that includes various models, with Large Language Models (LLMs) 

being particularly prominent in business applications, as noted by Lopez-Lira and Tang, 2023. 

 

2.3 Generative AI and its’ significance in organizational context  

 

Organizations are progressively recognizing the potential of generative AI (Von Krogh, 2018). 

Incorporating AI in workplaces can lead to many desirable outcomes, such as improving 

operational efficiency and achieving higher levels of organizational effectiveness (Bughin, 

2018; Wilson et al., 2017). The following section delves into potential applications of 

generative AI within human resources. 

 

2.3.1 Harnessing Generative AI in the field of Human Resources  

 

The role of an organization's human resource management (HRM) function is pivotal in 

successfully integrating artificial intelligence (AI) into the workplace, as highlighted by 

Strohmeier and Piazza (2015). By merging HRM processes with AI, keeping ethics in mind,  

organizations can reap additional advantages (Minbaeva, 2020), including enhanced decision-

making by managers (Liboni et al., 2019), a quicker and more efficient process for hiring 

employees, improved learning opportunities within the workplace (Hamilton & Sodeman, 

2020), increased employee engagement (Tripathi et al., 2012), and better retention of 

employees (Samarasinghe & Medis, 2020). 

As mentioned, there are several opportunities for companies to start implementing generative 

AI in HRM. To delve deeper, organizations are increasingly leveraging AI for recruitment and 

selection processes to enhance efficiency and accuracy. AI's capacity to analyze extensive 

data, identify patterns, and make data-driven decisions streamlines and improves recruitment 

(Viswanath and Vaddepalli et al., 2023). Traditionally, recruitment is labor-intensive, involving 

manual resume screening and preliminary interviews. AI can automate various aspects of 

recruitment, such as resume scanning and candidate information extraction, enabling HR 

professionals to identify and prioritize qualified applicants more efficiently (Priyanka et al., 

2023). AI can also excel in candidate matching and predictive analytics, matching candidate 

abilities to job descriptions and predicting candidate success, thereby minimizing mismatches 

and improving staff retention (Bibi et al., 2016), as well as improving the candidate experience 

through personalized job recommendations (Ooi et al., 2023). Chatbots powered by AI 

streamline candidate communication and preliminary screenings, as Generative AI addresses 
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structured queries by providing natural responses, improving the candidate experience 

(Viswanath and Vaddepalli et al., 2023; Ooi et al., 2023; Malik et al., 2022). AI in recruitment 

offers a substantial benefit in reducing the influence of unconscious bias among recruiters, 

leading to a more diverse and inclusive workforce. Nevertheless, there are hurdles to 

overcome, such as algorithmic bias, privacy issues, and the potential for depersonalizing the 

recruitment process, as noted by Viswanath and Vaddepalli et al. in 2023. 

Generative AI has also the potential of transforming talent and performance management, 

offering innovative approaches for enhancing employee performance, learning, succession 

planning, and career development (Viswanath and Vaddepalli et al., 2023). Ooi et al. (2023) 

argue that Generative AI helps allocate resources to employees best suited for specific tasks, 

improving outcomes and productivity. AI-driven performance analytics enhance performance 

assessments by evaluating various data sources and offering practical suggestions for 

improvement (Viswanath and Vaddepalli et al., 2023). For succession planning, AI can identify 

high-potential individuals and recommend development routes (Viswanath and Vaddepalli et 

al., 2023). While AI can provide neutral feedback, AI should not replace the human element 

in performance management (Viswanath and Vaddepalli et al., 2023). 

Generative AI can enhance training and development by creating interactive and immersive 

learning experiences. It can create personalized learning paths based on past performance 

and learning preferences. Real-time feedback and assessment help learners identify areas for 

improvement and offer targeted resources and activities (Ooi et al., 2023). This all results in 

improved learner engagement. Employee engagement and retention are crucial for an 

organization's productivity and culture. Through sentiment analysis, AI can monitor employee 

morale and identify areas where employees may be dissatisfied or disengaged, allowing 

organizations to take corrective actions. Predictive analytics can identify disengaged 

employees and allow HR to implement targeted retention initiatives. Personalized recognition 

and rewards systems driven by AI can boost staff morale and increase employee engagement. 

These measures can enhance employee involvement and decrease attrition rates. (Viswanath 

and Vaddepalli et al. 2023, Ooi et al. 2023) Moreover, AI-powered approaches can contribute 

to employees attaining a better balance between work and personal life. This is achieved by 

proposing modifications to work schedules, introducing strategies for effective time 

management, and even suggesting health initiatives, all based on an analysis of workloads, 

schedules, and individual commitments. Consequently, this results in increased employee 

contentment, reduced rates of burnout, and overall improved well-being. (Viswanath and 

Vaddepalli et al. 2023, 1720)  
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Generative AI can enhance HR support by providing personalized assistance to employees 

and answering common queries. Chatbots and virtual assistants powered by generative AI 

can engage with employees naturally, even outside regular working hours. Analyzing 

employee data using generative AI helps identify areas for improvement, offering personalized 

coaching to employees. (Budhwar et al. 2022, Chaudhary 2023)  

Concluding from the above research, it is clear that generative AI holds immense promise in 

revolutionizing decision-making within Human Resource Management (HRM) and profoundly 

impacting strategic and sustainable HRM practices. Generative AI can allow HR professionals 

to focus on vital, complex issues that require a human touch. By automating routine tasks, 

such as data entry and scheduling, generative AI frees up time for HR professionals to 

concentrate on strategic endeavors like shaping organizational culture, enhancing 

collaboration, and fostering psychological safety. These strategic decisions, often hard to 

mechanize, become central, facilitating agility and organizational effectiveness.  

 

2.3.2 Ethical concerns around Generative AI  

 

The integration of generative AI in an organizational setting raises significant ethical concerns 

that organizations must address. The rise of generative AI has brought about several 

controversies related to ethical, societal, and privacy concerns. Issues such as bias in AI 

models, misuse of AI for disinformation, and privacy violations have sparked debates and 

prompted calls for responsible AI development and governance. (Huang et al. 2022; Cerqueira 

2021) 

It is essential to understand that a machine learns from its given data. The machine will also 

learn if the training data contains biases and discriminatory features. (Huang et al. 2022; 

Cerqueira 2021) The models can inadvertently generate biased or offensive content if not 

adequately trained or supervised (Thorbecke, 2023). Furthermore, the genuineness of outputs 

from generative AI technologies like GPT-4 is constrained due to the lack of transparency in 

these algorithms, which do not reveal the process behind their response generation. The 

origins of the data used for training are also not disclosed. Additionally, these algorithms' 

tendency to produce incorrect information, referred to as "hallucinations," has sparked 

considerable concern regarding the reliability of their outputs. This issue carries potential 

ethical and reputation risks for organizations considering the use of AI-generated content. A 

notable instance is the $100 billion loss in Google's market value following an erroneous 

answer provided by Bard, Google's AI chatbot, on Twitter during a showcase in February 2023, 

as reported by Thorbecke (2023).  
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The ethical use of AI in HR decision-making is paramount, as underscored by Viswanath and 

Vaddepalli et al. (2023). HR procedures such as hiring, promotions, performance 

assessments, and pay choices must be free of discrimination, prejudice, and unfair treatment. 

Mitigating bias and discrimination in AI-driven HR processes is an ongoing ethical challenge, 

as AI algorithms can amplify biases in historical data. Regular audits, bias-detection tools, and 

diversity and inclusion initiatives are essential strategies to promote fairness. Ensuring that AI 

is utilized responsibly and respecting the rights and dignity of workers and applicants is 

essential to maintaining fairness and equity in these processes. AI algorithms must be 

designed and trained moderately to prevent biases present in historical data from 

perpetuating. Transparency is vital to provide employees and candidates with visibility into AI 

decision-making. Accountability mechanisms should be established to promptly address 

biases and errors in AI-driven HR processes, maintaining ethical standards. (Viswanath and 

Vaddepalli et al., 2023) The collection and handling of employee data, especially in AI-driven 

HR practices, must respect privacy rights, communicate data collection purposes, ensure data 

security, and comply with data protection regulations like GDPR and CCPA. (Viswanath and 

Vaddepalli et al. (2023). 

To conclude, organizations adopting AI in HR must follow key recommendations: establish 

ethical frameworks, prioritize data governance, invest in HR professionals' training, foster 

collaboration, and continually evaluate AI systems for bias and effectiveness. HR 

professionals will evolve into strategic architects, overseeing ethical AI implementation, 

leveraging AI insights for strategic decisions, and advocating for fairness and transparency. 

Upskilling is essential, and they must uphold ethical AI practices. (Scholz 2020, Grigore et al. 

2021)  

 

2.3.3 Generative AI and the Use of Company Data 

 

A subsequent phase in integrating AI to organization’s day-to-day operations is exploring how 

businesses can more broadly utilize trained and operational LLMs with their unique company 

data, ensuring that this integration does not compromise the confidentiality of company 

information. (Tokayev, 2024, 6; Khanna and Srivastava, 2021) LLMs-as-a-Service are 

categorized as proprietary or open-source models (Ahmed et al., 2024), with distinctions 

involving ownership, accessibility, licensing, customization, support, security, and cost 

(Ahmed et al., 2024). The selection among different language model services depends on 

customization needs, security priorities, budget constraints, and specific goals of users or 

organizations. Proprietary services are suited for large enterprises, offering bespoke 
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customization, strict security, compliance, and scalability for large datasets and user bases. 

They also feature dedicated support, advanced language options, and sector-specific 

knowledge developed by established companies. (Mohammed, 2023) 

The combination of Microsoft Azure Cognitive Search and Azure OpenAI Service offers 

businesses a solution for leveraging their data with GPT language models and the ChatGPT 

service. Azure Cognitive Search, a cloud service, can index and retrieve data from a 

company's databases, enabling efficient information retrieval in response to user queries 

(Microsoft, 2024). Azure OpenAI, another cloud service, takes the retrieved data and 

generates natural language responses using ChatGPT (Microsoft, 2024). As with using 

regular ChatGPT, users only need to supply a prompt with the English text command, and the 

model will produce a text completion (Microsoft 2024, What is Azure AI Open Service?) 

 

2.4 Introduction to WärtsiläGPT 

 

A Finnish company, Wärtsilä Oyj, has come to acknowledge the strategic significance of 

Artificial Intelligence (AI) in optimizing operations and elevating the overall employee 

experience. Notably, Wärtsilä Oyj has implemented generative AI for internal purposes -

WärtsiläGPT (Wärtsilä Corporation (A), 2024). Through Microsoft Azure, Wärtsilä Oyj has 

harnessed the power of OpenAI's advanced GPT models. Microsoft Azure allows for fine-

tuning these models to align with specific organizational requirements. Leveraging Azure's 

scalable cloud infrastructure, Wärtsilä ensures essential security and compliance standards. 

(Wärtsilä Corporation (B), 2024) 

WärtsiläGPT aims to be a collection of in-house tools that utilize various large language 

models (LLMs), such as OpenAI's ChatGPT, securely and following Wärtsilä ChatGPT 

guidelines. The goal is to create a set of building blocks powered by LLMs, which can address 

diverse challenges across Wärtsilä and identify synergies between use cases. The Information 

Management (IM) – Machine Learning and Advanced Analytics team at Wärtsilä Oyj 

consistently seeks innovative business applications that harness the potential of large 

language models and AI. Ongoing projects in this domain include "Analyst Buddy" for 

sentiment analysis, "Question Answering for Field Service Applications" for user-friendly 

instructions, "Product Guide Harmonization" for commonalities in product guides, "Lessons 

Learned" summarizing insights from projects, "Marketing Analytics" for content generation, 

and "News Analytics" for extracting specific entities from news articles. "Field Service Mobility 

Chat" is an interactive chatbot to reduce support ticket volume. A conversational interface 

https://wartsila.sharepoint.com/sites/INT-Bulletins/SitePages/Guidelines-to-use-ChatGPT.aspx
https://wartsila.sharepoint.com/sites/INT-Bulletins/SitePages/Guidelines-to-use-ChatGPT.aspx
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called WärtsiläGPT Chat is being developed. It offers secure usage of ChatGPT with private 

data, including the ability to interact with personal Word and PDF documents. The chat is 

continuously improved based on user feedback and evolving needs. (Wärtsilä Corporation (B), 

2024) 

In addition, Wärtsilä Oyj provides internal employees with access to the WärtsiläGPT 

Playground, offering various LLM capabilities such as text summarization, secure translation, 

sentiment analysis, writing advice, and query generation. Employees must follow the 

guidelines outlined on the tool's webpage to use it. Wärtsilä emphasizes safe AI usage by 

educating employees on prompt creation to guide model responses and setting clear 

boundaries to minimize risks like misinformation and biases. WärtsiläGPT assists in managing 

and mitigating these risks, ensuring model outputs align with desired objectives and values. 

(Wärtsilä Corporation (B), 2024) 

WärtsiläGPT and WärtsiläGPT Playground play a pivotal role in augmenting AI literacy within 

the organization by serving as an accessible and educational platform for employees to 

explore and experiment with Large Language Models (LLMs) and natural language processing 

(NLP) capabilities. One of the primary objectives of WärtsiläGPT is to cultivate a mindset and 

understanding of generative artificial intelligence (AI) among all Wärtsilä employees. The aim 

is for employees to proactively identify various business opportunities leveraging AI within their 

teams that may not be readily apparent. (Wärtsilä Corporation (A), 2024) 

At present, WärtsiläGPT is in its initial development phase, with a strong emphasis on 

identifying and learning about the most beneficial use cases for its application. The strategy 

so far has involved engaging in discussions and making joint decisions on the steps to take, 

along with their timing and rationale. Rather than following a pre-established "best practice" 

method or framework for the product's development, the technical team has opted for a 

collaborative approach to decide on its direction. Efforts have been made to create internal 

articles and informational content to increase awareness about these advancements, enabling 

individuals to leverage the benefits of emerging technologies while addressing any associated 

risks.  
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3 Assessing AI Literacy within an organization  

 

Numerous researchers contend that the swift evolution and integration of AI technologies into 

everyday existence emphasize the vital importance of individuals and organizations acquiring 

a solid grasp of AI fundamentals. (Benbya et al., (2021, 2); Berente et al., (2021, 1433); Sjödin 

et al. (2021, 574-575); Cetindamar et al. 2023, 2). A lack of foundational knowledge in AI may 

restrict individuals' capability to proficiently utilize, cooperate with, and critically assess AI 

technologies (Cetindamar et al., 2023, p. 2). Long and Magerko (2020) advocate for further 

research to explore the new skills required in the future. This set of skills is identified as AI 

literacy (Long & Magerko, 2020). 

 

Individuals and organizations must possess a certain level of AI literacy to interact with and 

utilize AI-based systems effectively (Weber et al., 2023). Being AI-literate empowers 

individuals to make informed decisions about the technologies they use and the data they 

share. Employees who understand AI concepts are better equipped to adapt to changing job 

requirements and contribute to AI-driven projects. (Brundage et al., 2018). Measuring AI 

literacy can help identify gaps in knowledge and inform the development of effective training 

programs (Wang et al., 2023) Understanding the AI literacy required of employees enables 

the development of methods for assessing and enhancing these skills throughout the 

organization. This approach broadens employees' basic knowledge and competencies, 

allowing them to effectively interact with and critically assess AI technologies. 

 

3.1 Defining AI Literacy 

 

Several researchers have attempted to define and clarify the scope of AI literacy. According 

to Wang et al. 2023 (3), AI literacy means individuals' familiarity with AI concepts and 

applications, encompassing an understanding of what AI is and how it functions. They define 

AI literacy as the capability to understand and use AI in real-world scenarios, efficiently 

accomplish tasks with AI, critically assess AI-generated data and information, and uphold 

personal responsibilities alongside mutual rights and obligations. (Wang et al. 2023, 3) 

According to Casal-Otero et al. (2023, 17), AI literacy includes the skill to assess AI 

applications critically, enabling the differentiation between AI-enabled artifacts or platforms 

and those without AI. (Long & Magerko, 2020) 
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According to several studies, AI literacy includes an awareness of ethical considerations, such 

as fairness, transparency, and accountability, when deploying AI solutions. Understanding AI 

algorithms, data privacy, and potential biases allows people to navigate the digital landscape 

more wisely. (Burgsteiner, Kandlhofer, & Steinbauer, 2016; Ghallab, 2019). Wang et al. (2023) 

contend that becoming AI literate does not necessitate individuals to master the foundational 

theories or recent advancements in AI. Rather, an individual is considered AI literate when 

they can effectively and sensibly utilize AI products. (Wang et al 2023, 1). 

 

3.1.1 AI literacy in the context of learners  

 

Despite the several attempts to define above of AI literacy, there remains a lack of a clear 

definition of what constitutes "AI literacy." To address this gap, Ng et al. (2021) conducted an 

exploratory review to develop a robust theoretical framework for defining, teaching, and 

assessing AI literacy, in an educational setting. This review, which analyzed 18 peer-reviewed 

articles, suggested four critical components for nurturing AI literacy: knowledge and 

understanding, usage, evaluation, and addressing ethical concerns. These components are 

adapted from established literacy concepts.   

Knowing and understanding AI involves grasping its basic principles and functionalities and 

using AI applications ethically in daily life. This concept, echoed across all 18 reviewed articles, 

emphasizes educating learners about essential AI concepts, skills, knowledge, and attitudes 

without requiring previous expertise. Beyond merely using AI applications, learners should 

grasp the foundational technologies behind them. Burgsteiner et al. (2016) and Kandlhofer et 

al. (2016) define AI literacy as the ability to comprehend the basic techniques and concepts of 

AI as they are implemented across different products and services. (Ng et al. 2021, 505) 

Applying AI concepts and their use in various contexts is a crucial focus of all the articles, 

argue Ng et al. 2021. Rodríguez-García et al. (2020) notably evaluated LearningML, a tool for 

building machine learning models, to help people understand AI applications, their societal 

impact, and the ethical considerations of AI technologies. Furthermore, 9 out of 18 articles 

delved into human-centric aspects, emphasizing the ethical use of AI concepts and 

applications. AI's significant impact on daily decision-making comes with risks; misuse or 

flawed AI design can lead to severe consequences for individuals and society, as Fourtané 

(2020) noted. Despite these risks, only about half of the studies in this review highlighted the 

need for human-centric considerations and the importance of educating individuals to be 

socially responsible, a point raised by Ahmad et al. (2020). Gong et al. (2020) observed that 
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students often overlook ethical issues related to AI, such as biases and legal responsibilities 

or intellectual property concerns. Therefore, it is essential for educators to enhance students' 

AI skills and interests and to foster an understanding of AI's societal impact and ethical 

implications. (Ng et al. 2021, 507) 

Twelve articles extend AI literacy beyond basic knowledge and usage to include the ability to 

critically evaluate AI technologies and collaborate effectively with AI systems, as highlighted 

by Long & Magerko (2020). People proficient in evaluating and creating AI demonstrate skills 

in synthesizing, manipulating, and innovatively applying AI concepts. Thus, AI literacy also 

encompasses a suite of competencies for critical evaluation and effective communication and 

collaboration with AI systems, according to Long and Magerko (2020).  

Ng et al. (2021) highlight that all the reviewed articles stress the necessity of teaching learners 

to apply AI concepts and applications across various contexts, as underscored by Druga et al. 

(2019). There was also a consensus on the need for everyone to develop fundamental AI 

knowledge and skills, fostering motivation and career interest, as Chai et al. (2020b) suggest. 

In addition, Ng et al. 2021, suggest measuring employees' own perception of their knowledge 

and skills in using AI technology. 

 

3.1.2 Series of competencies of AI literate individual  

 

Similarly, Long and Magerko (2020, p. 2) carried out an investigative review across various 

fields of study. Their objective was to identify a series of competencies related to AI literacy, 

with their findings presented in the subsequent table: 

Competency  Explanation 

Recognizing AI  Differentiate between technological devices that incorporate artificial 

intelligence and those that do not.  

Understanding 

Intelligence  

Critically analyze and discuss characteristics that define intelligence in an 

entity. This should encompass an exploration of the varying forms of 

intelligence across humans, animals, and machines, highlighting the distinct 

differences and similarities among them. 

Interdisciplinarity  Understand that numerous approaches exist for conceiving and creating 

"intelligent" machines. Acknowledge the diverse range of technologies 

employing artificial intelligence, encompassing areas like cognitive systems, 

robotics, and machine learning. 
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General vs. 

Narrow 

Differentiate between general AI and narrow AI. 

AI’s Strengths & 

Weaknesses  

Determine the kinds of tasks where AI performs well and those where it 

encounters difficulties. Utilize this insight to decide the suitable instances for 

deploying AI solutions and the occasions where human expertise should be 

prioritized. 

Imagine Future AI Imagine possible future applications of AI and consider the global implications 

these technologies might have. 

Representations Comprehend the essence of knowledge representation and illustrate with 

examples of how knowledge can be represented. 

Decision-Making Identify and explain ways in which computers process information and arrive 

at decisions. 

ML Steps Grasp the sequence of actions required in machine learning along with the 

associated practices and obstacles each phase presents. 

Human Role in AI Acknowledge the critical contribution of humans in coding, selecting models, 

and refining AI systems. 

Data Literacy Grasp fundamental concepts related to data literacy. 

Learning from 

Data 

Recognize that computers often learn from data, potentially encompassing 

your own personal information. 

Critically 

Interpreting Data 

Understand that data must not be taken at face value without thorough 

analysis and requires interpretation. Discuss how the initial training samples 

within a dataset can shape the results produced by an algorithm. 

Action & Reaction Acknowledge that some AI systems have the ability to directly engage with 

their surroundings. They can perform actions based on complex decision-

making processes (like adhering to a specific path) or react spontaneously 

(such as abruptly moving aside to avoid an encountered barrier). 

Sensors Grasp the concept of sensors and acknowledge that computers interpret the 

world through them. Identify the presence of sensors across diverse devices. 

Understand that various sensors facilitate distinct types of world 

representation and reasoning. 

Ethics Explore and detail the diverse viewpoints on critical ethical challenges posed 

by AI (i.e. privacy, employment, misinformation, the singularity, ethical 

decision making, diversity, bias, transparency, accountability). 

 

Many researchers contend that while knowledge of programming plays a crucial role in 

comprehending and making sense of AI, particularly for developers, it can also present a 

significant obstacle for not as literate users. Moreover, it is argued by Long and Magerko 

(2020, 2) that the majority of people who interact with AI in their everyday lives do not require 

programming skills to effectively engage with it. 
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3.1.3 AI literacy in the context of organizations  

 

Cetindamar et al. (2023, 3) focus on defining AI literacy in the context of employees and 

workplaces. In addition to clarifying the concept, they identify the capabilities that can form the 

basis of AI literacy. Researchers have acknowledged this deficiency and have called for the 

development of a comprehensive AI competence framework that would aim to identify and 

assess the critical skills necessary for effectively engaging with AI, regardless of one's specific 

role (Tarafdar et al., 2022). To do so, Cetindamar et al. (2023) conducted a study on AI literacy 

by reviewing academic papers from two datasets: one focused on education and the other on 

business. Dataset one was used to define AI literacy, while dataset two was used to 

understand its dimensions, challenges, and future directions in the workplace. They analyzed 

the most relevant papers, particularly those discussing AI literacy for non-technical employees 

in business settings. They employed quantitative and qualitative methods to define AI literacy, 

research dimensions, challenges, and future directions. (Cetindamar et al. 2023, 3)  

The findings of their study suggest that AI literacy is a multidimensional concept encompassing 

four sets of capabilities. The first set of capabilities is 'technology-related,' which argues that 

employees who are AI literate should have skills in understanding data, its collection and 

collation, analysis, and representation, the range of technologies for this, and their interaction 

with the world. The second set of capabilities is 'work-related' and encompasses the 

identification of AI's prospective utility in a workplace setting. This entails comprehending its 

seamless integration into current work processes. This comprehension involves 

understanding how human skills and AI capabilities complement each other within certain 

areas and their interaction within varied teams and disciplines during complex decision-

making processes over time. (Cetindamar et al. 2023, 8) 

The third set of skills, termed 'human-machine-related,' involves the ability to interact with and 

interpret AI systems, crucial for enhancing human capabilities through human-robot 

interactions. This includes improving processes, creating innovative products or services, and 

boosting collaboration. Research in this area often focuses on protecting and enhancing 

unique human skills, such as adaptive expertise and complex problem-solving. (Cetindamar 

et al. 2023, 8) 

The fourth group of skills is 'learning-related,' equipping individuals to engage in self-directed 

learning and keep up with technological advancements. In today’s fast-paced environment, 

where rapid access to information and decision-making is commonplace, it's essential for 
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individuals to develop cognitive skills for lifelong learning. This includes self-learning abilities 

that help employees adapt to the uncertainties of the digital age. Research also highlights the 

benefits of cultivating a growth mindset, embracing new challenges, and learning from failures. 

(Cetindamar et al. 2023, 8)  

Cetindamar et al. (2023, p. 2) view AI literacy as a capability at the organizational level, 

wherein the sum of individual skills contributes to an organizational strength. This strength 

enables the performance of coordinated tasks and the effective use of organizational 

resources to attain specific outcomes. In conclusion, it's challenging to summarise the specific 

skills an AI-literate person should have. However, it encompasses a multifaceted skill set that 

includes a deep understanding of AI, ethical awareness, practical insight, critical thinking, 

problem-solving abilities, a commitment to continuous learning, and the capacity to 

communicate AI insights effectively, promoting informed and responsible engagement with AI 

technologies in our modern society.  

 

3.2 Strategies for measuring AI Literacy in Organizations  

 

Cetindamar et al. (2023) contend that the majority of research primarily emphasizes curriculum 

topics, presenting a catalog of competencies related to AI literacy without establishing 

concrete assessment criteria. While some research endeavors to evaluate the AI literacy 

levels of students, there's a notable gap in assessing AI literacy within organizational contexts. 

This section aims to explore a selection of studies that offer insights into devising a strategy 

for assessing the AI literacy levels of HR personnel at Wärtsilä Oyj, highlighting the need for 

tailored measurement approaches in professional settings. 

 

3.2.1 Artificial Intelligence Literacy Scale (AILS) 

 

Wang et al. (2023) developed a quantitative scale developed to measure people's AI literacy: 

The Artificial Intelligence Literacy Scale (AILS). The AILS consists of four constructs: 

knowledge, usage, attitude, and ethics. The development of AILS followed the 

recommendations of Hinkin (1998), who proposed a six-step process for developing and 

validating a scale: item generation, content validation, questionnaire administration, item 

reduction, confirmatory factor analysis, and reliability and validity testing. In the first step of 

item generation, self-report items were generated through various methods, such as heuristic 
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association, brainstorming, and card sorting. The self-report items in AILS were structured as 

statements that addressed the behavior, ability, or level of comfort when performing specific 

AI-involving tasks and allowed the respondent to show their degree of agreement with them. 

The items were generated based on a literature review and were designed to be easy for 

ordinary people to understand. 

In the AILS, "knowledge" is measured through items that assess the respondent's knowledge 

of AI-related terminology, their familiarity with AI applications, and their understanding of AI's 

potential benefits and risks. "Usage" is measured through items that assess the respondent's 

ability to use AI applications and tools to accomplish specific tasks, their level of comfort with 

using AI technology, and their experience with different types of AI applications and tools. 

"Evaluation," in turn, is measured through items that assess the respondent's ability to analyze 

and interpret the results produced by AI applications, critically evaluate the outcomes of AI 

applications, and form accurate opinions regarding AI applications and products. Lastly, 

"ethics" is measured through items that assess the respondent's understanding of ethical 

issues related to AI, their ability to identify potential ethical concerns in AI applications, and 

their ability to make ethical judgments regarding AI technology. (Wang et al. 2023) 

After generating the items, the next phase involved validating the scale's content. Five subject 

matter experts (SMEs) assessed the items for the AILS to ensure they effectively represented 

at least one of the four constructs and aligned with existing literature. Following this, the 

questionnaire was administered to two different groups of participants to assess the scale's 

reliability and validity. The scale's items were selected based on their correlations with the four 

constructs. AILS was validated with two participant groups, confirming its effectiveness in 

measuring AI literacy. In summary, AILS is a valuable tool for assessing AI literacy and can 

be used in future research on human-agent interaction and intelligence. (Wang et al. 2023) 

 

3.2.2 Measurement instrument for general AI literacy  

 

Similarly to Wang et al. (2023), the research objective of Pinski 2023 was to bridge this gap 

by defining and outlining the concept of general AI literacy and developing a tool to measure 

individuals' general AI literacy levels. The scale was developed through a four-step research 

design, which included a systematic literature review, item generation, content validity 

assessment, and a pre-test study. The researchers developed the dimensions and items for 

the measurement instrument through a multi-step process.  



 
27 

 

First, they conducted a systematic literature review to identify relevant themes and concepts 

related to AI literacy. Based on this review, they identified three themes: socio-technical, 

explicit/tacit, and revised information system assumptions. Subsequently, their goal was to 

organize items at the junctures of these three themes. For instance, the modification of each 

assumption aimed to categorize it based on its social and technical ramifications. This 

approach yielded a preliminary compilation of 46 items, organized across six dimensions (AI 

and human actors, AI interface, AI input, AI processing, AI output, and AI experience), which 

then underwent a process of refinement. In the third phase, the team implemented two 

strategies for refining content validity and the structure of the scale. Initially, a series of 

interviews with experts was carried out to integrate diverse perspectives on artificial 

intelligence. Following that, they executed two iterations of card sorting to evaluate the 

accurate alignment of items with their respective dimensions. The researchers advocate for 

the combined approach of conducting a systematic literature review alongside expert 

interviews, which is believed to uncover a collection of items possessing strong validity. The 

five dimensions are: (1) AI knowledge, (2) AI skills, (3) AI attitudes, (4) AI awareness, and (5) 

AI ethics. The validated measurement instrument contains 13 items in total. In the table below, 

each dimension and item within the dimension is explained.  

 

The scale 

Dimension  Explanation of the dimension Items included 

AI knowledge  Refers to the factual knowledge 

that individuals possess about 

AI. It includes knowledge about 

the history, development, and 

current state of AI. 

“I know what AI is and what it can do” 

 

“I am familiar with the different types 

of AI”  

 

“I understand the basic principles of 

machine learning”. 

AI skills Refers to the practical skills that 

individuals possess in relation to 

AI. It includes skills such as 

programming, data analysis, and 

problem-solving. 

“I am able to program AI systems” 

 

“I am able to analyze data using AI 

tools” 

 

“I am able to identify and solve 

problems using AI techniques” 

AI Attitude  Refers to the attitudes and 

beliefs that individuals hold 

about AI. It includes attitudes 

“I believe that AI has the potential to 

improve our lives” 
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towards the benefits and risks of 

AI, as well as ethical 

considerations. 

“I am concerned about the ethical 

implications of AI” 

 

“I am aware of the potential risks 

associated with AI”. 

AI awareness  Refers to the level of awareness 

that individuals have about the 

presence and impact of AI in 

their daily lives.  

“I am aware of the AI applications that 

are currently being used in my 

industry.” 

 

“I am aware of the potential impact of 

AI on my job.” 

 

“I am aware of the potential benefits 

of AI in my personal life.” 

AI Ethics  Refers to the ethical 

considerations that individuals 

take into account when working 

with or developing AI systems. It 

includes considerations such as 

fairness, transparency, and 

accountability. 

“I believe that AI systems should be 

designed to be fair and unbiased.” 

 

“I believe that AI systems should be 

transparent in their decision-making 

processes.” 

 

“I believe that individuals and 

organizations should be held 

accountable for the actions of their AI 

systems.” 

 

3.2.3 Comparative self-assessment of AI Literacy  

 

Likewise, the research by Laupicher et al. (2023) emphasizes the significance of possessing 

a credible and dependable tool for evaluating artificial intelligence (AI) learning via 

comparative self-evaluation. The authors describe the development and validation of an AI 

literacy assessment instrument using a bottom-up approach and a Delphi study. Delpih’s study 

is a research method used to gather input from a panel of experts on a particular topic or issue 

(Diamond et al., 2014, p. 401). The instruments underwent validation via an exploratory factor 

analysis, which identified three factors of AI literacy: technical understanding, critical appraisal, 

and practical application. The authors argue that a valid and reliable evaluation of AI training 

is essential for quality assurance and identifying potential strengths and weaknesses of AI 

training. The following is a table excerpted from the article by Laupicher et al. (2023): 
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AI-literacy 

Factor  

Self-assessment tasks  

 

 

 

 

 

 

 

 

Technical 

understanding 

Describe how machine learning models are trained, validated and tested  

Explain how deep learning relates to machine learning  

Explain how rule-based systems differ from machine learning systems  

Explain how AI applications make decisions  

Explain how “reinforcement learning” works on a basic level (in the context of 

machine learning)  

Explain the difference between general (or strong) and narrow (or weak) 

artificial intelligence  

Explain how sensors are used by computers to collect data that can be used 

for AI purposes.  

Explain what the term artificial neural network means 

Explain how machine learning works at a general level  

Explain the difference between “supervised learning” and “unsupervised 

learning” (in the context of machine learning)  

Describe the concept of big data  

Evaluate whether media representation of AI (eg. In movies or video games) 

go beyond the current capabilities of AI  

 

 

 

Critical appraisal 

Explain why data privacy must be considered when developing and using AI 

applications  

Identify ethical issues surrounding AI  

Name weaknesses of AI  

Describe potential legal problems that may arise when using AI  

Critically reflect on the potential impact of AI on individuals and society 

Describe why humans play an important role in the development and 

application of AI  

 

 

 

Practical 

Application 

Give examples from your daily life where you might be in contact with AI  

Name examples of technical applications that are supported by AI  

Tell if the technologies I use are supported by AI  

Assess if a problem in my field can and should be solved with AI methods  

Name applications in which AI-assisted natural language 

processing/understanding is used 

Explain why AI has recently become increasingly important  

Critically evaluate the implications of AI applications in at least one subject 

area 
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In their study, Laupicher et al. (2023) underscore the critical need for quality assurance during 

AI training processes and a thorough analysis of the system's strengths and shortcomings. 

According to Zhao et al. (2022), developing AI literacy necessitates diverse and in-depth 

training encompassing a curriculum, content, methodologies, and hands-on resources. Such 

training must be adapted to learners' unique needs and profiles, considering factors like age, 

technical abilities, interests, and educational backgrounds (Chao et al., 2021).  
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4 Canvases in application of Generative AI in 

business 

 

Simplicity in business often drives the adoption of any technology initiatives. This calls for a 

structured framework that caters to both the technical expertise of data scientists and the 

operational insights of business and domain experts. While data scientists understand AI's 

technical aspects, business professionals can identify the business value and make the 

necessary organizational adjustments for AI integration. AI and Machine Learning (ML) 

canvases bridge this gap by offering a visual, structured approach to AI projects, breaking 

down complex concepts, and guiding users through the lifecycle. These tools enhance 

understanding with a focus on practical applications, educate on data and AI techniques, and 

promote responsible AI use by setting clear expectations, fostering result-oriented planning, 

and encouraging ethical considerations. This integrated approach addresses the need for a 

framework supporting the diverse roles in AI project development and implementation. 

The initial step in this process is crafting a well-defined business case, serving as the crucial 

foundation for the entire endeavor. The Business Model Canvas (BMC), introduced by 

Osterwalder and Pigneur (Osterwalder & Pigneur, 2010), stands out as a highly effective 

framework. It incorporates nine key components, including the value proposition, key partners, 

activities, resources, customer segments, and the streams of cost and revenue. The BMC 

serves as a useful instrument for business professionals in pinpointing new value propositions 

and delineating their value to both the company and its customers (Kerzel et al., 2021, p. 2). 

Nonetheless, as a broad framework, the BMC falls short in addressing the specific 

requirements needed to evaluate if a business challenge can be addressed through the 

application of generative AI. This chapter investigates available frameworks and canvases to 

identify essential elements for the WärtsiläGPT use case framework, aiming to discover 

WärtsiläGPT applications within Wärtsilä's HR department. Several pertinent business case 

models, including canvases focusing on AI, Machine Learning, and Deep Learning, are 

introduced and discussed. 

 

4.1 AI Project Canvas by Jan Zawadzki (2019) 

 

The AI Project Canvas by Jan Zawadski (2019) is an adapted version of the Business Model 

Canvas that helps structure and convey the holistic idea of an AI project to others. It consists 
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of four distinct parts: the ‘Value Proposition’ as the central part of the project, the ‘Ingredients’ 

on the left, the ‘Integration for Customers’ on the right and ‘Financing’ at the bottom. 

 

The Value Proposition explains the project's value to the organization. The ingredients on the 

left consist of three blocks: Data, Skills, and Output. The Data block refers to the data sources 

that will be used to train the AI model. It includes the type of data, the quality of data, and the 

quantity of data required to build the model. The Skills block refers to the skills and expertise 

required to build and maintain the AI project. It includes the technical skills required to build 

the model, the domain knowledge required to understand the data, and the soft skills required 

to communicate the project to stakeholders. The Output block refers to the expected output of 

the AI project. It includes the type of output, such as predictions, classifications, or 

recommendations, and the expected accuracy of the output. 

 

The 'Integration for Customers' part covers integrating the AI project into the current 

infrastructure for stakeholders and customers. It includes the following aspects: The 

integration block explains how the AI project will be integrated into the existing infrastructure. 

It includes details on where and how the project will be used, how it fits into the backend, and 

how the customer will engage with the model. The key Stakeholders block lists the key 

stakeholders involved in the AI project. It includes internal departments like legal, UX, and 

management and external stakeholders like customers and partners. Identifying key 

stakeholders helps ensure that all necessary parties are involved in the project and their needs 

are addressed. Customer block explains who the customer of the AI project is and how they 

will benefit from the project. It includes details on the customer pain points the project is solving 

and the vitamins being added to enhance the customer's life. It also covers the expected 

revenue or cost savings that the project will generate. 

 

The Cost section prompts consideration of potential expenses, such as data labeling or 

computational costs, without necessitating exact figures but rather an overview of cost 

categories. The Revenue section explores how the project might generate income through 

new services or features or by enhancing efficiency and supporting innovation initiatives, 

highlighting the importance of identifying the revenue type as a critical component of project 

planning. All these parts are vital aspects of any AI project. Nonetheless, the AI Project Canvas 

does not delve into technical specifics and is primarily designed for project managers. 
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4.2 AI Canvas by Kevin Dewalt (2021) 

 

The AI Canvas suggested by K. Dewalt (Dewalt, 2021) offers a comprehensive overview that 

combines elements from both business and data science perspectives. The canvas is divided 

into two halves: the left pertains to addressing business-related considerations, while the right 

is dedicated to the technical aspects.  

The business blocks include defining the opportunity, consumers, strategy, and policy and 

process. The ‘Opportunity’ section delivers an in-depth analysis of the use case and the 

benefits the AI model brings to the business, such as enhancing revenue, cutting costs, and 

boosting efficiency. The ‘Consumers’ section details the systems, products, or organizations 

that leverage these results to deliver concrete business value. The ‘Strategy’ insight 

emphasizes the critical role of unique data assets in establishing and maintaining a 

sustainable competitive advantage in AI-driven products. The ‘policy and process’ section 

tackles the essential considerations of data, security, and organizational change brought 

about by AI, including issues surrounding model interpretability and data rights. (Kerzel et al. 

2021, 3) 

Technical blocks include solutions, data, transfer learning, and success criteria. A segment of 

‘Solution’ outlines the high-level description of models, workflows, and system architecture. 

The principal sources of data for model inputs, both internal and external, are discussed in the 

‘Data’ segment. This includes accessibility, data cleansing challenges, APIs, and associated 

costs, which is considered the most critical risk block on the canvas. The ‘Transfer learning’ 

segment includes the technically complex aspect, which identifies pre-existing models, 

datasets, or research papers that the development team can leverage in the building process. 

Lastly, benchmarks for model performance and necessary business metrics are discussed in 

the ‘Success criteria’ segment, ideally quantified for comparison with industry standards. 

(Kerzel et al. 2021, 3) 

 

4.3 AI Canvas by A.Agrawal et al. (2021) 

 

The AI Canvas introduced by Agrawal et al. (Agrawal et al., 2018, pp. 134-138) outlines the 

core concepts of a proposed new project, including the predictions to be made and the 

subsequent actions to be taken. It also touches on some basic aspects of the necessary data 

and training but avoids delving into the technical specifics. The canvas is aimed at non-
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technical audiences. While this canvas could be applied interchangeably to Machine Learning 

(ML) projects, its' overarching focus is on the entire project rather than delving into technical 

specifics.  

This canvas categorizes essential information into the following segments: Prediction, 

Judgment, Action, Outcome, Input, Training, and Feedback. The 'Prediction' phase aims to 

pinpoint the vital information or data required to support well-informed decisions related to the 

planned action. This phase demands the recognition of necessary variables or inputs for 

making precise predictions. During the 'Judgment' phase, attention is given to the standards 

and values employed in evaluating the attractiveness of various outcomes and the potential 

errors linked to those outcomes, establishing a framework for assessing the impacts of 

different decisions. The 'Action' phase involves the explicit determination of the goal or activity 

that the AI system aims to achieve, providing clarity on the action's intent and offering the 

essential backdrop for grasping the AI tool's purpose. (Agrawal, Gans, and Goldfarb 2018, 

134-138) 

'Outcome' defines the metrics for evaluating the success of the AI tool, which is crucial. This 

step entails specifying the benchmarks or indicators that will be used to measure the 

effectiveness of the AI system in achieving the intended outcome. 'Input' involves identifying 

the dataset or information required to feed into the predictive algorithm. The quality and 

relevance of the input data directly influence the accuracy and reliability of the AI system's 

predictions. The AI system requires data to learn and improve its predictive capabilities. 

(Agrawal, Gans, and Goldfarb 2018, 134-138) 

The 'training' section focuses on defining the dataset that will be used to train the algorithm, 

ensuring that it has access to relevant and diverse examples for effective learning. The 

selected dataset should encompass a wide range of scenarios anticipated in real-world use 

and include diverse inputs to avoid biases. It requires balancing sufficient data volume for 

algorithm training with high-quality data to ensure learning from accurate, representative 

examples. Additionally, techniques like data augmentation and synthetic data enhance 

learning and increase the algorithm's robustness to variations where accurate data is scarce. 

The goal is to develop an AI model that performs reliably across various conditions and 

applications. (Agrawal, Gans, and Goldfarb 2018, 134-138) 

Lastly, the' Feedback' mechanism comes into play after the AI system has been deployed and 

used. This process entails using the AI tool's outcomes to improve its performance through 

iterative cycles of evaluation, adjustment, and retraining. It may involve adjusting model 

parameters, updating the training dataset to include new scenarios, or redefining the problem 

statement as insights evolve. This feedback loop keeps the AI system adaptable, allowing it 
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to evolve with changing conditions and user needs, enhancing its accuracy, reliability, and 

long-term relevance. (Agrawal, Gans, and Goldfarb 2018, 134-138) 

 

4.4 Enterprise AI Canvas by U.Kerzel (2021) 

 

The Enterprise AI canvas is aimed at uniting data scientists, AI specialists, and business 

experts to address key questions for identifying valuable use cases for the company and its 

customers, along with technical details about data and machine learning models. (Kerzel 

2021, 2) The first part focuses on the' business view' of the opportunity, including how the use 

case generates value, how success is defined, and which domain expertise is needed. It 

includes three main elements: Value, Success, and Domains. 'Value' is the central item of the 

potential business opportunity and focuses on how it creates value for the organization and 

customers. 'Success' is defined by metrics and KPIs and determines whether the use-case is 

"good" or "bad." 'Domains' refers to the specific industry domain or application area in which 

the opportunity is embedded and the relevant domain expertise needed to evaluate its 

prospects. (Kerzel 2021) 

The section on 'Organization' delves into the current decision-making processes within a 

company and explores how these might change with the introduction of AI. It questions who 

makes decisions and how they are made, considering what changes might be necessary in 

the organization's structure or training to accommodate AI-driven decision-making. 'Decision 

and Optimization' focuses on the operational aspects of implementing AI solutions. It 

examines how AI can enhance current decision-making frameworks for improved outcomes, 

focusing on understanding and optimizing existing processes. The 'Sponsor' section 

underscores the necessity of senior management support for AI integration, emphasizing the 

selection of a leadership team to lead the AI initiative and align it with strategic company 

objectives. (Kerzel 2021) 

The second portion delves into the foundational aspects of the machine learning and data 

model, outlining the process of translating predictions into actionable operational decisions 

and enhancing decision-making efficacy. Key components include Domains and Data Quality, 

Data Sources and Processing, Prediction and action, Features, Constraints, and Evaluation 

and Monitoring. (Kerzel 2021) 

'Domains and Data Quality' focuses on identifying the required domain expertise and 

establishing criteria for evaluating the quality of data alongside data quality assessment and 

improvement methodologies. 'Data Sources and Processing' examines the necessity for 
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specific data sources, discerning between those needed and those already available, the 

types of data essential for the model, and the systems either in place or required for data 

management. 'Prediction & Action' centers on the type of prediction the AI system must 

generate to achieve its goals, categorizing the tasks into either classification or regression 

problems. The 'Features' component emphasizes recognizing key features significantly 

influencing the model's accuracy. Lastly, 'Constraints' explores the expected timeframe for 

generating predictions, the level of detail needed, the frequency for model retraining, and the 

models' deployment options, whether at the edge, on-premise, or in the cloud. (Kerzel 2021) 

 

4.5 Machine Learning Canvas by L. Dorard (2016) 

 

The Machine Learning Canvas created by L. Dorard in 2016 facilitates discussion around data 

collection, machine learning, and value creation. The Machine Learning Canvas is designed 

to be a collaborative tool used by people of different backgrounds (e.g., data science, 

engineering, product, business). The canvas consists of several blocks describing a machine-

learning project's critical aspects. (Dorard 2016) 

The 'value proposition' block describes what the system is trying to do, why it is essential, and 

who will use the system or be impacted by it. The 'Predictions' section focuses on the 

operational aspect of how the system utilizes the models it has developed from data analysis 

to make predictions. This section is divided into several key components, including the ML 

Task, Decisions, Prediction Execution, and Pre-deployment Evaluation. The 'ML Task' section 

outlines what the machine learning model is trying to achieve, what data it requires, and what 

form the predictions or outcomes will take. The 'Decision-making' section elucidates how the 

predictions made by machine learning models are utilized in making informed decisions and 

how they integrate into operational or strategic decision-making workflows, ultimately 

delivering value to the end-users. (Dorard 2016) 

The 'Prediction Execution' aspect addresses the operational strategy behind prediction timing 

and frequency, questioning whether the model should provide real-time predictions as data is 

received or function on a batch processing system with scheduled predictions. 'Pre-

Deployment Evaluation' emphasizes the importance of evaluating the machine learning 

model's performance before deployment, involving selecting appropriate evaluation 

techniques and metrics that align with the model's intended use. (Dorard 2016) 

The learning segment describes how the system will learn from data, including the type of 

machine learning task (e.g., classification, regression), the input data, and the output to 
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predict. It encompasses these elements: Data sources, data collection, feature engineering, 

and model development. The 'Data Sources' segment is critical, focusing on identifying where 

the raw data for learning comes from, whether internal sources like company records or 

external ones like public datasets. It highlights the importance of pinpointing these sources 

and assessing the data's quality, availability, and diversity. (Dorard 2016) 

'Data Collection' covers the strategies for gathering data essential for the system's learning, 

detailing protocols for acquiring the necessary inputs and outputs for machine learning 

models. 'Feature engineering' involves analyzing the collected data to identify the most 

relevant features for the machine learning task. It requires a deep understanding of both the 

data and the problem domain to determine which data attributes are likely to predict the 

desired output. (Dorard 2016) Finally, the last part of the canvas is about evaluating the 

system's performance after deployment. It explains techniques and metrics for assessing how 

well the system performs after deployment and how to measure its value. (Dorard 2016) 

 

4.6 Deep Learning Canvas by Carlos E.Perez (2017) 

 

Carlos E. Perez proposed the Deep Learning Canvas in the book "The Deep Learning AI 

Playbook: Strategy for Disruptive Artificial Intelligence." The Deep Learning AI Canvas is a 

framework designed to answer whether it is feasible to apply Deep Learning to the selected 

context and how to implement it.  

The Canvas starts with a core section titled 'Value Proposition,' detailing the ultimate solution, 

including its delivery's what, when, and how, focusing on cognitive capability. Subsequently, 

the right-hand side is designed to address the business aspect of incorporating an AI system. 

The segment of 'customer' determines the customer's role and identifies the specific role being 

addressed in this canvas. The user is meant to include here any pain points the customer is 

experiencing in their job performance. 'Context segment' is where the context in which the job 

tasks are being performed is evaluated. The user is expected to itemize the tasks being 

undertaken and provide context details that facilitate the customer's ability to complete the 

task. This includes specifics about the customer's interactions with other entities or systems. 

(Perez, 2017) 

The 'Cognitive Limits' section of The Deep Learning Canvas focuses on identifying and 

addressing specific cognitive limitations within a given context, often highlighted by client pain 

points. This involves a deep analysis of the tasks or processes currently hindered by human 

cognitive limits. By understanding these limitations, AI solutions can be designed to augment, 
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enhance, or automate cognitive tasks. In the 'key metrics' section, the focus is on identifying 

measurable indicators of success. The first step involves pinpointing the exact cognitive 

challenge to be tackled, setting an initial benchmark, and then periodically comparing new 

data to this benchmark to gauge progress. For efficiency, it isit's beneficial to set up automated 

systems that can continuously assess these metrics, allowing for regular and systematic 

evaluation of whether performance is improving or if adjustments are necessary. (Perez, 2017) 

The left-hand side focuses more on the essential elements of deep learning and the data 

model. The bottom block is designated for documenting technical debt and its dependencies. 

The key elements are decision support, features, model development, and data logistics. The 

'decision support' segment discusses enhancing user decision-making through AI system 

features, emphasizing a human-in-the-loop approach. It outlines how system outputs aid users 

in making more informed and effective decisions, focusing on user interface design, 

presentation of AI insights, and user feedback mechanisms. It highlights the critical role of 

human judgment alongside AI and acknowledges the importance of human intuition and 

ethical consideration in decision-making. Additionally, the segment addresses the need to 

understand and manage AI errors, including their potential impact on decisions and outcomes. 

It suggests implementing safeguards and error detection mechanisms, allowing users to 

correct or override AI suggestions, thus fostering system reliability and user trust by minimizing 

error risks. (Perez, 2017) 

The 'feature' segment aims to spot the kind of DL network that will be developed. Specifically, 

it pertains to one of these categories: classification, translation, generation, planning, or 

optimization. Each type may require the use of different components of the software system 

in combination with the deep learning network. In the model development phase, the model 

architecture is identified, and any required curriculum training is addressed. Within the 'data 

logistics' section, all processes needed to collect data, along with the tasks necessary for 

preparing data for the curriculum, are documented. (Perez, 2017) 

In conclusion, the role of structured frameworks, like AI and ML canvases, in bridging the gap 

between technical and business perspectives for successfully integrating generative AI in 

businesses is essential. All canvases highlight the necessity of defining clear objectives and 

understanding the challenges that generative AI aims to address. This thesis argues that while 

current frameworks are effective for broad AI initiatives, they require modifications to better 

cater to generative AI applications, stressing the alignment of technical capabilities with 

business goals. This adaptation should also consider organizational settings and users' 

diverse AI literacy levels, ensuring a tailored approach to generative AI use case identification 

and implement 
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5 Methodology  

 

In the empirical part of the thesis, a mixed-methods approach was adopted, incorporating both 

quantitative and qualitative research methodologies. A survey was conducted to gather data 

on the general applicability of the observed phenomena, serving as the quantitative 

component. For qualitative insights, interviews were conducted to explore the varied 

experiences and viewpoints of the participants in depth. Following data collection, content 

analysis was employed to systematically examine the information obtained. The thesis 

meticulously details the research methodologies in Chapters 5.1 and 5.2, while Chapter 5.3 

delves into the ethical considerations critical to conducting research within organizational 

settings, addressing concerns at all stages of the research process. 

 

5.1 Research method and data 

 

The quantitative method involves analyzing subjects through numerical data, either directly 

obtained in numeric form or categorized numerically for analysis. This data is then verbally 

interpreted and explained. (Vilkka 2007, 14) Traditional survey research, often used in 

quantitative methods, collects information using questionnaires or structured interviews, 

ensuring standardized data collection from each respondent, who is sampled from a specific 

population (Rich et al., 2018, p. 143; Hirsjärvi et al. 2006, pp. 125, 182). For this thesis, a 

quantitative approach was chosen as the most effective way to explore the research problem. 

A survey was conducted for data collection, with the findings described verbally and illustrated 

through figures. 

Complementing the survey, qualitative research was implemented in order to gain a deeper 

understanding of the AI literacy level of the Wärtsilä HR department. Qualitative research 

means studying the "meanings, concepts, definitions, characteristics, metaphors, symbols, 

and descriptions" of a target group of the research (Berg 2009, pp. 3-4). The research method 

used was interviews.   

 

5.1.1 Design of the questionnaire  
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In this thesis, a methodology paralleling that of Wang et al. (2023), as detailed in section 3.2, 

is utilized to evaluate AI literacy within the Human Resources department of Wärtsilä. In 

quantitative or empirical research, the focus is on drawing conclusions from previous studies, 

existing theories, and the definition of concepts (Rich et al., 2018, p. 145; Hirsjärvi et al., 2006, 

p. 131). Drawing from previous studies, four key aspects of AI literacy were measured: (1) 

understanding and knowledge of AI, (2) practical use and implementation of AI, (3) critical 

evaluation of AI, and (4) acknowledgment of ethical considerations in AI use. The initial step 

involved developing the items through heuristic association and brainstorming. This process 

led to the creation of items designed to assess the four key aspects of AI literacy. These items, 

were specifically crafted to be easily understandable by the Human Resources personnel.  

Adopting an online survey through Microsoft Forms enabled the efficient gathering of a larger 

number of responses in a set period. The survey utilized various question types, including 

closed, open-ended, and mixed-format questions. Closed questions were designed with a 

limited number of mutually exclusive options to ensure clarity and relevance for all 

respondents. The benefits of such questions include quick completion and straightforward 

analysis. However, they may lead to less thoughtful responses and the potential for bias in the 

way options are ordered or presented, along with the risk of omitting significant choices. 

Respondents may not always give answers the careful thought they require, finding the "I don't 

know" choice too appealing. The presentation and order of options can shape their responses, 

and there's a risk of neglecting to include a crucial choice.  

The questionnaire also included Likert-scale questions. In scale questions, respondents are 

presented with various statements and must choose how strongly they agree or disagree with 

each statement. One form of scale question is the Likert scale (Rich et al., 2018, p. 169; 

Hirsjärvi et al., 2006, pp. 187-189). The Likert scale typically ranges from 5 to 7 points, with 

opinion questions forming either an ascending or descending scale. At one end of the scale is 

usually the option "strongly agree," and at the other end, "strongly disagree" (Rich et al., 2018, 

p. 169; Hirsjärvi et al., 2006, p. 189). An "I don't know" option is also included in Likert scale 

questions for respondents who lack knowledge about the statement.  

Open-ended questions are a distinctive element in surveys and research due to their unique 

characteristics and the specific challenges and opportunities they present. One of their main 

advantages is the ease of formulation. Open-ended questions simply ask for a respondent's 

opinion, experience, or idea in their own words. However, one issue with open-ended 

questions is the tendency for some respondents to skip them. The requirement for more 

thoughtful and extended answers can be daunting or time-consuming for participants, leading 
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to higher rates of non-response for these types of questions compared to closed questions. 

(Rich et al. 2018, 147) 

The design of a self-administered survey is crucial, particularly in terms of aesthetics, to 

enhance response rates. This involves using simple, clear, and balanced design elements. 

According to Jones et al. (2013, p. 6), the order of questions is key, starting with 

straightforward, essential questions, grouping related topics in the middle, and ending with 

demographic questions. This logical flow ensures questions are well organized and easy to 

follow, with introductory and concluding questions framing the survey's scope. Instructions 

were provided for each section to assist respondents.  

In the first section, respondents' background information, or demographic factors, are 

collected. These include position within the HR operational model, gender, age, and native 

language(s). Asking for this information at the beginning of the survey enabled some form of 

segmentation. In the second section, participants' attitude toward generative AI was assessed. 

In the third section of the Survey, the aim was to gauge the participant's foundational 

knowledge of generative AI. Participants were reminded that they did not need to be 

concerned if they were unable to answer some of the questions and that the main goal was to 

identify the starting point in AI familiarity, and contributions from all experience levels are both 

needed and appreciated. Section number four included final questions and comments to 

gauge participants' final thoughts on generative AI and the survey itself.   

After the development of these items, the content was validated by a panel of three subject 

matter experts. This process was essential for guaranteeing that the questions were not only 

pertinent to Wärtsilä Oyj's current circumstances but also specifically relevant to the needs 

and context of the Human Resources department and Wärtsilä Oyj. Consequently, the number 

of items was then meticulously refined and modified, avoiding an overload of questions. 

 

5.1.2 Design of the interview study 

 

In addition to the Survey, four interviews were conducted to gain a deeper understanding of 

the AI literacy levels of Wärtsilä HR personnel. Interviews offer depth and detail that surveys 

alone cannot, allowing researchers to delve deeply into respondent opinions, motivations, and 

feelings for qualitative insights (Rich et al., 2018). The flexible nature of interviews is 

advantageous as it allows the interviewer to adapt questions based on the respondent's 

answers, probing further into exciting areas, a feature not available in the rigid format of 
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surveys. Interviews also clarify ambiguous survey responses and questions, ensuring a more 

accurate understanding of the data collected. (Rich et al., 2018) 

The interview questions were carefully designed to align with previous research findings visible 

in the theoretical background section of the thesis and correspond to the survey questions. 

This methodical alignment facilitates a more holistic view ensuring that the insights from the 

interviews complement and enhance the data gathered from the surveys, leading to a more 

robust and well-rounded research outcome. 

 

5.1.3 Piloting the survey and interview  

 

The research was refined through pretesting and a pilot interview to assess various elements. 

The process assessed the survey’s design, focusing on the clarity and logical sequence of 

questions, as well as the relevance and depth of answer choices. It also evaluated the 

exclusivity of options, the essential nature of each query, completeness of critical content, 

space for open-ended replies, and the total question count. The Microsoft Forms 365 survey 

was pre-tested with a total of 8 HR experts. Out of these, 5 completed the survey, and 3 

responded to both the survey and interview questions. Based on their feedback, some 

questions were clarified, and answer options were modified to be more understandable and 

less open to interpretation. Otherwise, the survey was deemed clear and the questions 

understandable. 

 

5.2 Data gathering  

 

The target group of the study was the HR department of the company Wärtsilä Oyj. 

Participants for the survey were chosen from each of the Wärtsilä HR Operational Model 

functions; HR Leadership Team, People Services: HR Local, People Services: People Support 

Hub, People Services: Talent Acquisition, Communities of Expertise and Business HR. 

Participants represented various countries and business units within Wärtsilä. A cover letter, 

and link to the survey was shared with all HR employees of Wärtsilä by email. The cover letter 

explains the purpose and author of the study, the deadline for responses and that the collected 

information will be treated with strict confidentiality. Additionally, it emphasized the importance 

of responding. Data collection for the survey took place 15th of December 2023-15th of 
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January 2024. A total of 244 questionnaires were sent out. Of these, 109 completed 

questionnaires were returned. 

For the interview, seven participants were meticulously selected through a randomized 

process, ensuring a diverse representation across various business units, geographic 

locations, age groups, and roles within the Human Resources department. These individuals 

were formally invited to participate in the study via email, with an emphasis on the voluntary 

nature of their involvement. This invitation served as a cover letter, reiterating the study's 

purpose and author, assuring the strict confidentiality of the information collected, and 

emphasizing that participation was voluntary. Of these, four participants attended the 

interview. Prior to the interview, participants were requested to complete a comprehensive 

survey, providing valuable preliminary data. Additionally, they were asked to fill out a detailed 

background information form and to sign a consent form, adhering to professional research 

standards and ethical guidelines. The interviews were held in Microsoft Teams in order to be 

able to record the interview.  

 

5.3 Data analysis  

 

After the collection of the research material, the gathered data was analysed. The processing 

and analysis of the research material began immediately after the return of the survey and 

after all interviews were conducted. Microsoft Forms allowed to transfer the results of a survey 

to an Excel spreadsheet. Once in Excel, various tools for data analysis were used in order to 

better understand the collected data. The research results are presented as percentages, and 

partly also as figures or tables as they can improve the understandability of the text (Hirsjärvi 

et al., 2006). The results of open-ended questions are in verbal form. 

 

5.3.1 Analysis of quantitative data  

 

To analyze the survey data, a comprehensive approach was taken to derive meaningful 

conclusions. Responses were directly transferred from Google Forms to Excel, facilitating the 

initial data processing stage. For multiple-choice and Likert-scale questions, frequency 

analysis was conducted to count how often each option was selected, revealing the most and 

least popular choices. Frequency analysis allows for the quantification of occurrence counts. 

Variables were numerically coded to streamline the data into a more manageable and 
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classifiable format. This process simplifies the analysis by reducing the number of variables 

into categories that are easier to visualize and classify. (Vehkalahti 2008, 51-52.) 

The percentage distribution of each option was calculated to understand their relative 

popularity or unpopularity. Group comparisons was also critical across different 

demographics. The demographics of age and role within HR operational model were used. 

This was achieved through methods of cross-tabulation, which assess whether there are 

statistically significant differences in responses based on these variables (Mäntyneva ym. 

2008, 59-62.) For the open-ended questions of the Survey, thematic analysis was used to 

identify common themes or sentiments, providing qualitative context to the quantitative data. 

The key findings of the results were presented in a format that's easy to read for the audience. 

To effectively showcase the survey data, visual aids; bar charts and pie charts were utilized. 

These graphical representations and tables are commonly employed to enhance the clarity 

and impact of the data presentation (Mäntyneva et al. 2008, pp. 59-62).  

 

5.3.2 Data analysis of qualitative data  

Qualitative data analysis, particularly from interviews, demands careful attention to detail and 

a systematic method. A systematic content analysis was conducted following the analytic 

procedures outlined by Berg (2009, p. 341). This process began with multiple readings of the 

transcript without annotating the text. The initial readings aimed to reinforce themes identified 

during data collection and the drafting of short narratives, as well as to unearth new themes 

that had not been previously identified. Coding involves a detailed and systematic examination 

of the text, dissecting it line by line and word by word, to identify relevant concepts and 

categories that align with the data, as Berg (2009, p. 358) advises. This step involves 

extracting specific keywords, sentences, and other pertinent segments from the narratives, as 

detailed by Emerson, Fretz, and Shaw (1995, pp. 185-188). The coding process started with 

the use of differently coloured markers to sift through all the participants' narratives, 

highlighting similar expressions, patterns, connections, and either similarities or 

discrepancies. These highlighted codes were then developed into themes. Finally, the sorted 

material was reviewed again to remove any comments that were not pertinent to the thesis. 
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6 Results  

 

The next section presents the results from both the survey and interviews. It begins with survey 

findings, introducing each question or task, followed by a visualization or explanation of the 

results. Cross-tabulation is used to examine response variations, showing connections 

between participants' roles, age groups within the HR department, and their responses. Lastly, 

the section covers interview outcomes, organizing them into themes for a detailed overview of 

the insights gathered. 

 

6.1 Survey results 

 

The findings from the survey are divided into seven categories.  

 

6.1.1 Respondent’s demographic information  

 

The survey results reveal a diverse demographic background among the respondents. Figure 

one demonstrates the distribution of representatives of each HR function, age group and 

gender.    

 

Figure 1. Survey respondents' self-assessment regarding four key aspects of generative AI 
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6.1.2 Self-evaluation on familiarity and attitude towards generative AI  

 

In figure two below, the survey respondents' self-assessment regarding four key aspects of 

generative AI are presented in form of pie charts: their familiarity with it, their comfort level in 

using it, their concern about its societal impact and lastly, their proficiency to assess if a 

problem in their field of expertise can and should be solved with generative AI methods. 

 

Figure 2. Survey respondents' self-assessment regarding four key aspects of generative AI 
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Below, in figure three, the differences in different demographic groups are visualized for each 

of the question. 

Figure 3. Survey respondents' self-assessment regarding four key aspects of generative AI 

 

6.1.3 Experience of using generative AI and its effect on personal work 

 

In this segment, insight is explored regarding employee’s use of generative AI applications in 

daily life, and their perspectives on the potential impact of generative AI on their HR roles. 

Application of Generative AI applications in everyday life    

There are several participants who mention to have tried or use Chat GPT or WärtsiläGPT. 

Several participants provide more detailed information of what they have used ChatGPT for, 

such as “I use ChatGPT to generate excel formulas, clean up text or even sometimes plan 

trips” and  

“I utilize chatGPT to get inspired for presentations or texts to be created. E.g. I have used it 

for future scenario working to get ideas, creating pitches for public speaking, creating survey, 

linkedin posts, emails etc.”  

 

In professional contexts, respondents cited examples like "Recruiting, Reporting, 

Communication (ChatGPT)" and "Summary creation of email strings, ppt presentations, 

creation of draft email templates."  
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Specific applications of generative AI in daily life were also highlighted. One respondent 

mentioned using AI for "product suggestion in online shopping.” Another described using 

generative AI for “fashion such as looking how a dress or hairstyle or lip color would look on 

me. fun/entertainment to see how I look at a certain age information to get information on a 

new topic or summarize a book to understand its meaning creativity, creating cards/videos 

etc.” One mentioned: “I think I have an app to learn a language with that uses generative AI 

in creating new exercises based on my previous mistakes”.  

There is also expressions of uncertainty or lack of awareness, as seen in responses like "Not 

very sure" and "Don´t know". Some respondents express a more cautious stance, as one 

noted, "I have not identified any. And this frightens me!" or “To be honest, I do feel like I have 

a good awareness of when I am actually using AI. I am not really tuning into the fact that I am 

using it and possibly am even using it at times without even knowing that is what it is.” 

 

Influence of generative AI on HR’s role 

Many respondents touched on the potential for automation and enhanced efficiency, with 

remarks such as "Generative AI could revolutionize our recruitment processes, making them 

more efficient and data-driven." Also, the thought that "There probably are opportunities for 

automatization and improving the efficiency of certain processes, creating guidelines and 

descriptions etc." was shared.  

Nonetheless, these discussions often circled back to ethical considerations, as expressed in 

comments like, “I hope that it will remove some of the administration burden to allow me to 

focus on more value-add tasks. I am sure the impact will be significant but again not really 

taken then time to consciously think about it.” and "While I see the potential for increased 

efficiency, I am also mindful of the ethical implications and the need for human oversight in 

AI-driven decisions."  

Additionally, points were raised about the importance of human presence: 

“Plus: capacity to aggregate large datas and heterogeneous from diverse sources. Cons: 

misuse of AI from third parties, may lead in cheating. We will need to focus on facts only as 

HR, but the "H" of "HR" doesn't only stand for "Facts". Feelings, emotions, actions,... are the 

core of an employee in his/her day-to-day life.” 

Specific uses of AI were also highlighted by several respondents, such as "Generative AI could 

be a game-changer in employee training and development, offering personalized learning 

experiences." and insights like, “It will be the next step to delivering insights to customers on 
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data on demand, so no need to look for them, but they will be delivered based on a natural 

language prompt.” as well as “Saving time from creating notes, analysing and summarising 

and creating power points. Creating content for trainings / workshops.” 

Furthermore, some employees expressed a mix of curiosity and uncertainty about AI's impact, 

stating, "I am intrigued by the possibilities, but unsure about how exactly it will impact my day-

to-day responsibilities." This was coupled with reservations about its practical effects, as in 

“Not much at the moment, but hopefully it can be of help in the future.” And “Could be great 

but not sure how and where it could impact. Just too new with it.”  

Moreover, there was some doubt about whether the company would invest in generative AI, 

with concerns like, “AI could make many processes more efficient and cleverer, it could 

remove repetitive work. However, it requires investments, and I don't believe our company will 

do that in HR area.” 

 

6.1.4 Utilization of Company Internal Generative AI tools   

 

The pie chart below in figure 4 display the extent to which participants utilize internal 

generative AI tools such as WärtsiläGPT Playground, WärtsiläGPT Chat, Bing Chat Enterprise 

(BCE), and Microsoft 365 Copilot. Additionally, participants provided insights on how they use 

these tools and, for those who haven't used a specific tool, reasons for not doing so. 
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Figure 4. Utilization of company internal generative AI tools 
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Figure 5 below shows the differences in different demographic groups when asked about 

utilization of company internal generative AI tools.  

 

 

Figure 5. Demographic difference in utilization of company internal generative AI tools 

 

A prevalent reason for not using WärtsiläGPT Playground was more due to unawareness or 

a shortage of time, as reflected in statements like "I did not know about it" and "I just added it 

as a bookmark in my browser a couple days ago and will try to use it more. The reason is 

more "not had the time" or "forgot it existed", than the capabilities of the tool itself.”  

Another example is “Slightly unsure when it would help me. Partly I forget that it is there as 

I'm not in the routine of using it. I will need to give myself some reminders to try it out on a 

more regular basis :-).” and a comment about its accessibility: “Access, where is it, where do 

i find it to use it? How do i save it to my taskbar to use it more frequently?” 

Work-related limitations were another common barrier, with individuals citing reasons like 

"work overload" and "currently, I'm involved in another project" or explaining “The work profile 

is very different and usages of that application is very minimal or somewhat no.” 

Additionally, there was a noticeable call for further training or information. This need was 

expressed in remarks like, "I feel I am not educated, or maybe innovative enough to use it. 

Maybe an e-learning would help me to start.” and “I prefer to learn by doing & shadowing, to 
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find the best way and keep the solution in context of what I need it for. For a new platform or 

way of working; I would not typically just play with the tool. I don't have the time to just sit and 

play and figure out for myself.” Another sentiment shared was, “It has been on my to do list a 

long time but haven´t found time for it yet - I´m curious but would love to have a tech mentor 

that could guide in person”. 

Respondents were also asked about Microsoft 365 Copilot. If the respondent answered yes 

to knowing what Microsoft 365 Copilot is, they were asked to rate their comfort level with 

integrating Copilot into their everyday operational work. Results are showed in figure 6, 

additionally in figure 7, the differences between demographics are shown.  

 

Figure 6. Use and attitude towards Microsoft 365 Copilot 
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Figure 7. Demographic difference in use and attitude towards Microsoft 365 Copilot 

 

6.1.5 Understanding of technical aspects of Generative AI  

 

This section demonstrates the participant's comprehension of generative AI's technical details. 

Figure eight displays their grasp of Large Language Models and knowledge of supervised 

learning, while figure nine highlights the demographic variations among the respondents. 

Figure ten illustrates how data, along with its quality and diversity, affects the outcome. Below, 

figure eleven again presents the demographic disparities in the responses from the 

participants. Subsequently, examples of how participants responded to prompts are provided. 
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Figure 8. Knowledge on Large Language Models and supervised learning Machine Learning 

Figure 9. Variations in Responses Across Demographics 
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Figure 10. Knowledge on areas of where generative AI can perform well versus where it can encounter 

difficulties. 

 

Figure 11. Differences in Responses by Demographic Groups. 

 

Case study on prompting:  

 

The task give to the respondents was the following: “Imagine you are interacting with a 

(generative AI-powered) Chatbot and you want to explore the possibility of working abroad for 

a duration of time. Please create a prompt for the Chatbot to answer your question.” 

Fifteen percentage of participants gave no answer. 

24% of the total answers provided a single-shot prompt like: "Guidelines of working abroad 

during one year.", "What are the possibilities and durations to work abroad?" and "How long 

can I work abroad?"  

61% gave somewhat more specific answers, providing more details, but still missing more 

specific context explanation:  
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"I'm planning to work in Spain for June-August. What actions should I take?" and "What things 

should I take into consideration when I'm contemplating working abroad for a certain period of 

time?"  

"What are Wärtsilä's prerequisites for working abroad in Europe for three months as a Finnish 

citizen?" 

 

6.1.6 Understanding the impact of data diversity and data quality 

 

This figure twelve below showcases the respondent’s understanding of the impact of data 

diversity and data quality.  

 

 

 

 

 

 

 

 

 

Figure 12. Significance of data diversity and quality of input data. 
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Below, the differences in responses by demographic groups are presented.  

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 13. Differences in responses by demographic groups in understanding the significance of data 

diversity and quality of input data. 
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6.1.7 Knowledge on ethical considerations  

 

Figure 14. Employee’s understanding of ethical considerations when using generative AI.   

 

Figure 15. Differences in responses by demographic groups  
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Figure 16. Understanding of role of human expertise in interaction with generative AI.   

Figure 17. Variations in responses across demographics in understanding the role of human expertise 

in interaction with generative AI.   
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6.1.8 Attendance to Gen AI-related training and training needs  

 

Employees were asked about different generative AI related trainings, whether they had joined 

any and if yes, which training. The most frequent response, making up 40% of the total, was 

a variant of 'no'.  

Nonetheless, a significant number indicated participation in WärtsiläGPT-related trainings, 

such as "The free AI & ML course offered by Wärtsilä." and “Yes, for the chat gpt playground 

when this was familiarized with Wärtsilä organization. Also I was in SD Worx training (our 

payroll partner in Finland) that included examples to use these AI related tools.”  

Several respondents also reported attending external training programs: “Some benchmark & 

customer events from external providers”, “Mercer's "Generative AI for HR: Leading a tectonic 

shift in business" and “I have taken the AI basics course from Helsinki university.” 

A smaller group mentioned to have attended some tailored generative AI trainings: “Copilot 

training and very brief AI training for Marine BHR by Wärtsilä AI specialist and one-to-one 

sparring session with person from HR” and “I did attend a demo of WartsilaGPT which was 

set up by our team.” 

Upon being invited to share open feedback and final observations on the topic or survey, a 

notable trend among many respondents was the call for enhanced AI training and education. 

Suggestions spanned a range of formats, from individualized training sessions to informal 

coffee meet-ups, and even training specifically designed for certain groups or HR functions. 

“Provide general awareness session for HR colleagues" 

Constructive suggestions were also offered:  

"Tech mentor within HR community"  

“Could we have a tech mentor within HR community that people could reach out to on 

questions & sparring?” 

“Time is the key > I am interested in the AI options / solutions; but it would be helpful in case 

someone could show how AI can be utilized. in case something more developed should be 

created, it would be helpful in case there would dedicated person team etc. to help you with.” 

Wishes towards the content of the training varied from general training covering very basics 

of generative AI to more role specific practical use cases of generative AI. 
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Overall, there seems to be a keen interest in harnessing AI at work: "I am very eager to know 

more about AI and understand how I can use this on a practical level" reflects a proactive 

approach towards embracing AI technologies. 

Numerous participants conveyed their appreciation for organizing the survey, emphasizing the 

relevance and significance of the subject matter: “Great survey, got me more insterested, 

thanks” 

 

6.2 Interview results  

 

The outcomes of the interviews have been divided into four distinct categories, each based 

on one of the four case studies given to the participants.  These categories include generative 

AI in the employee feedback process, occurrences of hallucinations, the approach to 

prompting, and ethical considerations. The case study questions in their full form are available 

in Appendix, in section ‘10.7 Understanding of Generative AI within Wärtsilä HR -Interview’. 

 

6.2.1 Case study on application of generative AI in employee feedback process  

 

In this case study, the participants were asked to explore the hypothetical integration of 

generative AI in improving the employee feedback process at Wärtsilä Oyj. The aim would be 

to transition from an annual survey to a more dynamic system that captures ongoing employee 

experiences.  

Employee 106 suggested that generative AI could function as a plugin to collect data from 

one-on-one meetings and check-ins between managers and employees. This AI tool could 

then generate summaries of these interactions, eliminating the need for individuals to manually 

review historical data. Employee 102 highlighted how generative AI could assist managers in 

preparing for meetings by providing summaries and insights into past interactions. This could 

include reminders about pending tasks, frequency of reminders given to employees, missed 

deadlines, and instances where employees sought feedback or support. The employee 

emphasized the potential of generative AI to provide quality analysis of the overall "feel" of the 

year for both employees and managers. This analysis could include key moments where 

support was requested or feedback was given, offering valuable insights for end-of-year 

evaluations. 

Additionally, employee 104 addressed the importance of understanding and interpreting the 

data provided by AI. The employee cautioned against over-reliance on AI for factual 
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information, stressing the need for human reasoning in making sense of AI-generated results. 

She pointed out that while AI can present data, the interpretation and application of this data 

in realistic evaluations remain the responsibility of the human user. 

Employee 105 acknowledges generative AI's speed in data analysis but raises concerns about 

its ability to capture cultural nuances and human behaviours. He stresses the importance of 

human oversight in interpreting AI-generated data to ensure cultural relevance. Employee 102 

discusses generative AI's role in consolidating information and offering quick summaries, 

aiding in understanding complex situations. He highlights the balance between managing 

large data volumes and ensuring efficient analysis, recognizing generative AI's potential in 

professional contexts. 

 

6.2.2 Case study on hallucinations 

 

The case study on hallucinations in generative AI involved employees identifying unrealistic 

or incorrect elements in AI-generated content. Three out of hour employees did not recall what 

hallucinations are so an explanation of hallucinations was first given to them. Employee 106 

with a background in language studies, focused on spotting unnatural combinations of words 

in sentences, highlighting the challenge in discerning AI-generated content.  

Employee 104 discussed their experience with identifying unrealistic or factually incorrect 

elements in AI-generated content. For example, she mentioned a comment about 

telepathically communicating with clients, which they found unrealistic and indicative of AI 

generation rather than human input. She also highlighted a comment about scheduling 

meetings on lunar holidays as another instance of AI hallucination, noting its impracticality. 

The employee pointed out that while AI can generate language, it sometimes leads to results 

that are inconsistent with human communication styles or reality. The employee also 

discussed their understanding of the term "hallucination" in a psychological context, likening it 

to the AI phenomenon where the system generates something that appears real but is not. 

She emphasized that while AI does not have intent like humans, its use of language can lead 

to robotic or unnatural outputs. Additionally, the employee reflected on their experiences with 

AI tools like ChatGPT. It can take over the entire task but may lose the emotional aspect of 

the communication. 

Employee 105 tentatively chose the second and third options as instances of hallucinations, 

although expressed doubt about their selections. The employee admitted to being confused 

and guessed that the third option might be generative AI, while the first and second could be 
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related to hallucinations. This uncertainty highlighted the challenges they faced in discerning 

AI-generated content and understanding the concept of AI hallucinations, reflecting a broader 

difficulty in identifying and interpreting AI errors or misleading information. 

The employee 102 believed that the second statement in the survey question was a 

hallucination. They identified the use of the word "telepathically" as unrealistic and indicative 

of AI-generated nonsensical information. The employee also mentioned that they did not 

choose another statement as a hallucination because they were unsure about the cultural 

context, whether lunar holidays are a global phenomenon.   

 

6.2.3 Impact of AI hallucinations on employees and the company 

 

The impact of AI hallucinations on employees and companies, as discussed by all four 

employees, revolves around the risks of misinterpreting AI-generated data. Employee 106 

highlights the dangers of over-reliance on AI without critical thinking, warning against the loss 

of human interaction in processes like hiring, which can result in missing out on potential 

candidates. Furthermore, the employee warns against the blind trust in information just 

because it is presented in a clear, seemingly intelligent manner. 

Employee 104 emphasizes the severe repercussions of basing decisions on incorrect AI data, 

such as demotivation and productivity loss among employees, leading to significant business 

losses. Employee 105 expressed concern that relying too much on AI for tasks like survey 

analysis could result in inaccuracies that might require further review, ultimately not saving 

time.  

Employee 102 expressed concern that hallucinations could create false expectations among 

employees. Such misunderstandings could also result in reduced employee engagement 

and an increased intention to leave the company. Furthermore, the employee highlighted the 

possibility of miscommunication regarding responsibilities, benefits, value propositions, and 

performance expectations.  

 

6.2.4 Case study on prompting 

Three out of four of the employee’s were not aware of the concept of prompting so the case 

study was started with an explanation of prompting in a simple way.  

Employee 106 highlighted the need for clarity and specificity in AI prompts, suggesting an 

iterative approach to refine the AI's response based on detailed context and specific goals. 
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The employee emphasizes the importance of making prompts more concrete depending on 

their purpose.  

Similarly, the employee 102, suggested being more specific in prompts, such as requesting a 

summary of the latest trends in human resources in particular markets or regions, like the 

energy and marine markets in Europe. Also, employee 104 recommended focusing prompts 

on specific industries, like marine and energy, and aligning them with desired outcomes such 

as cost efficiency, to obtain more pertinent AI-generated insights. The employee suggested 

that making AI prompts more industry-specific and focused on key parameters like impact and 

cost efficiency could lead to better outcomes.  

The employee 105 stressed the importance of providing comprehensive data to the AI for 

accurate analysis, suggesting pre-formulated prompts to guide the AI in providing accurate 

and relevant responses, thereby reducing the risk of misleading information.  

 

6.2.5 Case study on ethical considerations 

 

In the hypothetical situation of Wärtsilä Oyj using generative AI for resume screening, the 

employees shared insightful ethical considerations. Employee 104 expressed scepticism 

about AI's ability to judge cultural fit, advocating for human interaction in such assessments. 

She doubted AI's capacity for high-quality cultural evaluations and questioned the fairness 

parameters set for AI. The employee emphasized that ethics in AI depend on human training 

and input, paralleling the need for nuanced human judgment in legal systems with HR 

processes. She believed AI could match skills and experience effectively but advised caution 

in relying solely on AI for subjective evaluations.  

Employee 105 highlighted the importance of preventing discriminatory criteria in AI processes, 

particularly concerning age, origin, religion, sexual orientation, or other personal traits. They 

emphasized the need for ethical vigilance to avoid biases in AI programming and operations, 

alongside adherence to GDPR standards in handling personal data. Employee 102 

considered the implications of AI in diversity and inclusion during the recruitment process, 

underscoring the need for clear guidelines in AI programming to prevent biases and errors. 

The employee recognized the importance of including specific criteria in the AI's programming 

to reduce potential errors and biases. The employee emphasized the need for the AI to have 

a clear understanding of diversity and inclusion principles to avoid discriminatory practices in 

the hiring process. 
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All the employees expressed interest in participating in future HR training related to generative 

AI, highlighting the need for continuous learning and adaptation in the face of new 

technological advancements. They appreciated the importance of understanding concepts like 

hallucination and prompting in AI interactions and expressed a desire to further their 

knowledge in this field. 
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7 Discussion 

 

Within the evolving field of Human Resources (HR), incorporating Generative AI technologies 

like WärtsiläGPT is becoming crucial for enhancing both daily operations and strategic 

planning. This section discusses the current AI literacy among HR personnel at Wärtsilä Oyj, 

highlighting the importance of AI literacy in leveraging such technologies effectively. By 

answering the sub-research question, "What is the prevailing level of AI literacy among the 

HR personnel at Wärtsilä Oyj?" the aim is to gain a comprehensive understanding of not only 

their knowledge but also their attitudes and perceptions towards generative AI. Understanding 

Generative AI's practical application within an organization hinges significantly on the 

employees' knowledge and attitudes towards it, as they are the primary users. This analysis 

is vital for addressing further questions, as it sheds light on knowledge gaps, attitudes, and 

technical expertise in AI among employees, influencing the design of the framework. These 

findings are critical for responding to the sub-research question 2: "What are the essential 

elements of a framework or canvas for identifying WärtsiläGPT's potential applications?" This 

is fundamental in assessing the factors driving the effective implementation of WärtsiläGPT 

within Wärtsilä HR.  

 

7.1 Prevailing level of AI literacy among the HR personnel 

 

This discussion evaluates the level of AI literacy among Wärtsilä Oyj's HR personnel, focusing 

on their familiarity, comfort, and proficiency with generative AI. It takes into account the 

impacts of their diverse roles and age groups. Understanding the prevailing level of AI literacy 

among the HR personnel is vital for the effective deployment of generative AI, shaping 

specialized training and development initiatives to meet diverse requirements, and most 

importantly, for devising a customized framework or canvas to pinpoint potential WärtsiläGPT 

use cases within the HR department. 

Drawing from theoretical insights and prior studies, AI literacy assessment encompassed two 

primary dimensions: participants' attitudes toward generative AI and their foundational 

understanding of it. Recognizing attitudes toward generative AI is essential for crafting 

effective change management strategies for the integration of the WärtsiläGPT use case 

framework and its broader application. Similarly, grasping participants' basic knowledge of 

generative AI lays the groundwork for the framework, influencing its development, including 
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the formation of its content, leading questions, and guidelines. This foundational 

understanding is pivotal for ensuring the framework's relevance and effectiveness. 

 

7.1.1 Self-evaluation of familiarity and attitude toward Gen AI  

 

The findings on HR personnel's self-evaluation of familiarity and attitude toward Generative 

AI reveal a spectrum of answers. Half of the respondents considering themsevels slightly 

famialiar with generative AI indicates that they have a basic, albeit superficial, understanding 

of AI. They recognize AI in popular applications but might not grasp its full capabilities. A 

significant portion (30%) considering themsevels familiar could indicate a deeper knowledge 

or experience with AI, possibly using AI in their work or actively learning about it. They 

engage more consciously with AI technologies. A small minority with no AI familiarity (8%), 

can be due to lack of interest, exposure, or seeing AI as irrelevant to their lives. 

 

A notable proportion (40%) feels comfortable, indicating a readiness to engage with AI tools, 

while a significant number (35%) remain neutral, reflecting either uncertainty or limited 

exposure. The small percentage feeling very comfortable could represent those with more 

hands-on experience, as the respondents mostly seem to be representatives of the 

Community of Expertise team and age group 20-29 years old. The unanimous comfort with 

AI expressed by the HR Leadership Team could indicate their familiarity with AI at a strategic 

level, including an understanding of its potential benefits and applications in HR practices. 

This insight suggests that the leadership is well-positioned to drive the adoption and effective 

use of AI within the HR department.  

 

A large group remains neutral about the concerns of generative AI's societal impact, 

suggesting either a balanced view or lack of strong opinion. The considerable number 

expressing slight concern indicating awareness of potential issues but not strong 

apprehensions. Those feeling concerned or very concerned, though a smaller proportion, 

highlight a recognition of significant implications AI could have. HR Local and Business HR 

showing higher concern might deal more directly with employee-related issues and see AI's 

potential impact on jobs and workplace dynamics. The Leadership Team's heightened 

concern could stem from their strategic understanding of AI's broader organizational and 

ethical implications. To address these differences, it's advisable to create role-specific training, 

for the training of generative AI and integration of WärtsiläGPT use case framework, this could 

mean that introduction sessions are held individually to each HR function or so called process 
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owners and drivers responsible for different HR processes. These should cater to the unique 

perspectives and concerns of each HR subgroup, providing relevant information and 

facilitating deeper understanding of AI's impact from their specific professional standpoint. 

This approach can help align perceptions and foster a more cohesive approach to AI 

integration in the organization. 

 

While AI tools are finding practical applications in some employees' lives, there remains a gap 

in awareness or understanding of AI's potential and presence in everyday scenarios for others. 

This disparity highlights the need for increasing AI awareness and showcasing its practical 

applications more explicitly within the organization. The majority of respondents feel that they 

have limited to neutral proficiency to assess if a problem in their field of expertise can and 

should be solved with generative AI.  

A significant number of respondents (40%) said to not have attended any generative AI related 

trainings. For the rest, the range of training programs attended by the participants, from basic 

courses to specialized sessions, reflects a diverse level of curiosity and commitment to 

understanding AI. Encouraging and supporting employees in developing these attitudes and 

skills is essential for building a collective AI literacy that contributes to the organization's overall 

capabilities. Thus, fostering lifelong learning and encouraging a growth mindset is not only 

beneficial for individual employees but also enhances Wärtsilä's overall ability to perform 

coordinated tasks and effectively utilize organizational resources in the context of AI. 

 

7.1.2 Utilization of company internal generative AI tools  

 

The significant awareness yet limited usage of WärtsiläGPT Playground among HR personnel 

points to a gap between knowledge of the tool and its practical application in work setting. This 

disparity presents an opportunity for the organization to enhance user engagement with the 

tool. By demonstrating WärtsiläGPT's practical benefits and ease of use, and possibly 

providing targeted training or resources, the company could encourage more widespread and 

effective use of the tool. This is especially relevant for groups with lower awareness or usage 

rates, where targeted outreach and education could significantly boost adoption and 

integration into their regular workflows. The higher engagement in Business HR and the HR 

Leadership Team might reflect a more proactive approach to embracing new tools, perhaps 

driven by their roles which might inherently require staying updated with the latest 

technologies. In contrast, the lower awareness in People Services: HR Local could be due to 

less exposure or need for such tools in their day-to-day functions.  
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The primary reasons for not using WärtsiläGPT Playground and Chat are unfamiliarity with 

the tool, time limitations, and doubts regarding its application in work tasks. Consequently, 

integrating WärtsiläGPT into everyday HR activities is recommended to normalize its use.  

Those that had tried out or use WärtsiläGPT, specified to use it for mainly summarizing texts 

and revising texts to cater to different tones, audiences or contexts. Interestingly, despite the 

frequent need to review lengthy policies and guidelines, a smaller amount employed it as a 

conversational interface for assessing documents. This could be due to several reasons. 

Firstly, there may be a lack of awareness or understanding of this specific functionality. 

Secondly, HR professionals might prefer traditional methods of document review due to 

familiarity or perceived reliability. Lastly, there could be a degree of hesitation to trust 

generative AI with the interpretation of complex, nuanced HR documents. To address this, 

more targeted training and demonstrations showcasing the efficiency and accuracy of AI in 

parsing and summarizing long documents could encourage wider adoption.  

The survey results regarding utilization of Bing Chat Enterprise (BCE) reveal a significant lack 

of familiarity among HR personnel, with a majority (60%) completely unaware of the tool. This 

suggests a potential gap in communication or training regarding new Generative AI tools 

available at Wärtsilä and within the HR sector. Addressing this requires targeted awareness 

campaigns, practical training sessions, and pilot programs to demonstrate BCE's usefulness 

in HR tasks. It is important to point out that as of March 2024, what was previously referred to 

as Bing Chat Enterprise has been rebranded to Microsoft Copilot. This change underscores 

the rapid evolution occurring within the domain of generative AI. 

The survey results indicate a substantial gap in awareness about Microsoft 365 CoPilot among 

the respondents. Given the possibility of implementing Microsoft 365 CoPilot at Wärtsilä, it's 

important for HR personnel to be informed about what this tool is, even if deep familiarity isn't 

immediately required. Awareness of its functions and potential use within the organization 

would prepare HR staff to adapt more readily to its integration, ensuring a smoother transition 

and more effective use of the tool in their operations. Understanding new technologies 

beforehand is key in staying ahead of the curve and leveraging them for organizational benefit. 

It is evident that Wärtsilä HR personnel’s attitude towards generative AI creates a good base 

for utilization of generative AI and WärtsiläGPT. Though, the results underline the importance 

of bridging the gap between the awareness of WärtsiläGPT and its practical application within 

HR operations. Establishing avenues for personnel feedback and inquiries about the tool might 

also promote an environment conducive to ongoing refinement and use. Overall, HR 

professionals’ primary focus seems to be more focused on immediate, practical applications 

rather than exploring its full range of functionalities. This suggests the need for more targeted 
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communication and training within the HR department to showcase the diverse applications 

of WärtsiläGPT and encourage its broader use. Moreover, developing the WärtsiläGPT use 

case framework could significantly aid employees in recognizing potential applications of 

generative AI in their work.  

 

7.2 WärtsiläGPT Use Case Framework  

 

This section addresses the second research question, "What are the essential elements of a 

framework that effectively identifies potential applications of WärtsiläGPT?" The identification 

of these essential elements draws upon the AI frameworks and canvases detailed in Section 

4, titled "The Strategic Power of Structured Framework - AI and ML Canvases," which focuses 

on the application of Generative AI in business contexts. Moreover, insights from a survey 

assessing the AI literacy levels of Wärtsilä HR employees were instrumental in crafting a 

framework tailored to be accessible and to pose relevant questions in line with their 

understanding of generative AI. The framework is however also meant to be a collaborative 

tool that can be used by domain experts, decision makers, UX designers, and data scientists, 

similar to Dorard (2016) Machine Learning Canvas.  

The WärtsiläGPT use case framework is designed around a comprehensive approach, 

integrating theoretical insights and findings from the Wärtsilä HR AI literacy level survey. 

Survey findings revealed a strong interest in generative AI and its application in daily tasks. 

However, it highlighted a significant need for training HR personnel and establishing a 

foundation for integrating generative AI into routine and practical activities. The WärtsiläGPT 

framework simplifies the process of dissecting the business problem at hand, potentially 

making the approach more motivating and inspiring, and thus facilitating change management 

in the adoption of generative AI within Wärtsilä HR. Below is an image of the WärtsiläGPT Use 

Case Framework:  
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The survey section aimed at assessing Wärtsilä HR employees' basic AI knowledge featured 

questions on the core concepts of generative AI, Large Language Models, and supervised 

machine learning. The valuable insights gathered from this section played a crucial role in 

developing the WärtsiläGPT framework. Also, considering the limited familiarity with 

generative AI concepts among Wärtsilä's HR personnel, a comprehensive guidebook has 

been developed. This guidebook offers detailed, step-by-step instructions designed to cover 

all pertinent questions and topics, enabling users to effectively leverage WärtsiläGPT for their 

specific business cases. The responses indicated a starting point, emphasizing the need to 

begin with the fundamentals of generative AI. This approach ensured that the guidance 

provided was accessible and detailed enough for HR employees and users, setting a 

foundation that was both simple and informative, tailored to their level of AI understanding.  

The WärtsiläGPT use case framework is designed around a seven-step decision tree which 

outlines a step-by-step process for identifying potential applications of WärtsiläGPT. The 

seven steps are: 1.) Value Definition, 2.) Problem Identification, 3.) Solution Matching, 4.) Data 

and Technical needs, 5.) Risk and Ethics Assessment, 6.) Solution scale/intensity, and finally 

7.) Execution. Each steps includes guiding questions for the user to answer to. In the 

guidebook, the guiding questions include explanatory notes or references to clarify complex 
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terms or concepts. A more clear visual presentation of WärtsiläGPT use case framework is 

visible in Appendix.  

The framework includes qualifying (row B) and disqualifying (row C.) criteria to ensure the 

practicality and relevance of use cases. If the qualifying criteria (B) is met, the user moves to 

the next step to answer the guiding questions. In case the criteria is not met, the user is guided 

to complete the D. Disqualifying action. The purpose of the D. Disqualifying action is to suggest 

actions for steps where the use case does not meet the qualifying criteria. In such cases, a 

low-effort, single-shot approach is recommended as a pragmatic way to explore the potential 

partial applicability of AI solutions. This approach involves utilizing WärtsiläGPT for simple, 

standalone tasks, such as discussing a PDF document, to assess if generative AI can offer 

any benefits for the problem at hand, albeit on a smaller scale. This action encourages users 

to experiment with WärtsiläGPT in a manner that requires minimal investment in time and 

resources, allowing for a practical exploration of AI capabilities without committing to full-scale 

implementation. This could involve generating templates or prompts, sharing learnings, and 

screening for adjacent use cases that might be better suited for AI application. It offers a 

pathway to gain insights and understand generative AI's utility in specific contexts, even when 

a comprehensive use case development is not feasible. 

Row E, ’AI-Support and Prompts’, enhances the process by offering targeted guidance on 

leveraging generative AI to brainstorm and tackle each guiding question effectively. According 

to the survey results, there is a varying degree of how employees frame prompts. Employees 

should be supported in how to construct clear, detailed prompts that convey their exact needs 

and context to elicit the most accurate and helpful responses from generative AI. In the 

framework, employees receive pre-constructed prompts as examples to demonstrate well-

crafted queries that adhere to basic principles of engaging with generative AI tools. The 

guidebook further elaborates on the concept of prompting, detailing the process and including 

links to Wärtsilä Oyj's internal training sessions on prompting.  

The framework and a link to the Guidebook will be available for Wärtsilä HR in Miro, an online 

whiteboard platform designed to facilitate collaboration among teams. Miro allows for all 

stakeholders to fill in information and edit it, both the domain experts in the HR team and the 

tech experts can communicate in Miro. To further elucidate the WärtsiläGPT use case 

framework, an illustrative example, “MyHR AI Assistant -for HR" is shared with framework 

users, accessible via a provided link on the Miro board. This case study delves into the 

application of the framework in a real-world context, offering insights into the practical aspects 

and challenges encountered while deploying generative AI solutions. The WärtsiläGPT use 
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case framework and the accompanying Guidebook can be found in the Appendix section of 

this thesis. 

 

7.2.1 Value definition  

 

Mirroring the approach taken by all AI, ML and DL Canvas creaors; K. Dewalt's (2021), 

U.Kerzel et al. (2021), L. Dorard (2016), and E.Perez (2017) the WärtsiläGPT use case 

framework also initiates its process with the value definition of the use case. The 1.) Value 

Definition stage of the WärtsiläGPT use case framework determines the significance of 

addressing a problem, emphasizing the assessment of its impact on time, costs, efficiency, 

and quality. This foundational step ensures that the potential application of WärtsiläGPT offers 

real business value and benefits, setting the groundwork for the decision-making process in 

identifying viable AI use cases. This initial step ensures that the focus remains on applications 

that offer tangible benefits such as revenue enhancement, cost reduction, and operational 

efficiency. By adopting this starting point, the framework aligns with Dewalt's emphasis on the 

importance of defining the opportunity upfront, which is crucial for guiding the strategic 

application of AI technologies in a way that delivers real business value.  

 

7.2.2 Problem Identification  

 

Just as Agrawal et al. (2021) emphasize the need for explicit goals in the Action phase of their 

AI canvas, the 2.) ’Problem Identification‘ phase in the WärtsiläGPT framework focuses on 

thoroughly understanding the issue at hand: Can the type of task, problem and desired goal 

be defined?  This step involves a deep dive into the task, the problem itself, and the desired 

outcome. It seeks to clarify whether the problem is well-defined, if the tasks involved are 

repetitive, and whether generating text or ideas, or altering or manipulating text, is required as 

part of the solution. It includes an assessment of the problem's complexity, whether it can be 

segmented into smaller, more manageable components. 

E.Perez (2017) in their Deep Learning canvas also stress considering the context where the 

tasks are performed. Defining what makes the generated content valuable, such as creativity, 

relevance, accuracy, or adherence to specific guidelines. These criteria become the features 

that guide the model's learning and generation process. This adaptation ensures that the 

generative AI application is developed with a clear understanding of what aspects are most 
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critical for success, guiding the selection of training data, model tuning, and ultimately, the 

evaluation of the AI system's performance in generating valuable, actionable content. 

 

7.2.3 Solution matching 

 

The 3.) Solution Matching phase of the WärtsiläGPT use case framework is dedicated to 

aligning the identified problem with the capabilities of generative AI, specifically focusing on 

how well AI, particularly Large Language Models (LLMs), can address the type of task, 

problem, and achieve the desired goal. This stage requires a detailed analysis of whether the 

tasks involved in solving the problem are suitable for automation through generative AI and if 

the goals can be clearly defined and achieved using LLMs. Key considerations in this phase 

include evaluating the performance of LLMs on the specific type of problem identified, 

understanding the nature of the task, and determining if the problem and its solution align with 

what generative AI can feasibly accomplish.  

Incorporating the "Cognitive Limits" section from The Deep Learning Canvas by Carlos E. 

Perez into the 3rd phase, "Solution Matching," of the WärtsiläGPT framework enriches this 

stage significantly. This adaptation extends the scope from traditional classification or 

regression tasks to include generative AI's capabilities in content, ideas, or solutions 

generation. This step focuses on using Large Language Models (LLMs) to address tasks that 

human cognition limits. By analyzing these tasks deeply, it ensures the AI not only fits the 

problem but also improves or automates these tasks. It's crucial to check if the AI can 

realistically meet goals considering our cognitive limits. This makes the "Solution Matching" 

phase essential in the WärtsiläGPT framework, ensuring solutions are both innovative and 

enhance human capabilities, aiming to solve complex issues effectively. 

These survey results highlight a recognition among respondents of the nuanced capabilities 

and limitations of generative AI. A majority understand that generative AI struggles with 

interpreting sarcasm or humour and excels in analysing large datasets. However, in the 

guidebook, the employee is still instructed on how to identify if the generative AI or LLM excels 

in this kind of a task or a problem at hand. In addition, separate instructions can be found from 

the Guidebook to present where LLMs excel and where they might encounter difficulties.  
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7.2.4 Data and Technical Needs 

 

The 4.) Data and Technical Needs phase of the WärtsiläGPT use case framework, also 

highlighted by all AI, ML and DL Canvases introduced, emphasizes the essential role of data 

in powering AI initiatives and the technical prerequisites for their successful deployment. 

Drawing from Agrawal's AI Canvas, this phase underlines the necessity of identifying specific 

datasets and ensuring their quality and relevance for effective AI predictions, mirroring the 

concept that the foundation of any AI system is its input data. Similarly, inspired by Dewalt's 

AI canvas, the WärtsiläGPT framework meticulously evaluates the availability, structure, and 

integrity of the data required to fuel the AI models, ensuring that the foundational elements 

are in place for the AI to function as intended. It delves into the complexities of data 

preparation, including cleansing and preprocessing, to ensure the data is in a usable state for 

AI processing. Lastly, identifying specific data attributes or characteristics that are crucial for 

training the model is important. For LLMs, this might include the diversity of the dataset, the 

range of topics covered, or the inclusion of various linguistic styles and formats. 

Additionally, this stage examines the technical infrastructure needed to support AI initiatives, 

from computing power and storage requirements to software and tools that facilitate the 

development, training, and deployment of AI models. The integration of the "Pre-Deployment 

Evaluation" section from the Machine Learning Canvas by L. Dorard (2016) into this phase 

enhances the framework by introducing a critical step: evaluating the machine learning 

model's performance before deployment. This includes selecting suitable evaluation 

techniques and metrics that resonate with the model's intended purpose, assessing its 

accuracy, robustness, and adaptability to new data, while also taking into account the operational 

environment, stakeholder needs, and domain-specific requirements. 

The survey findings reveal a gap in understanding the impact of data quality and diversity on 

AI performance. A significant portion (41%) lacks awareness of how data quality affects AI's 

ability to generalize and make accurate predictions, and many are unsure about the role of 

data diversity (44%) in reducing bias and improving model generalization. This underscores 

the importance of adding guidelines to the Guidebook that outline what constitutes diverse and 

high-quality data for use by generative AI. 

 

7.2.5 The Risk and Ethics Assessment  

 

Inspired by the principles laid out in K. Dewalt's AI Canvas, the "Policy" section which deals 

with critical considerations around data, security, and the impact of AI on organizational 
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processes, the WärtsiläGPT use case framework incorporates a "Risk and Ethics 

Assessment" phase. The 5.) Risk and Ethics Assessment phase focuses on evaluating the 

fairness of AI use and the acceptability of associated risk levels. This stage involves 

scrutinizing the potential impact of the AI application on individuals and assessing any biases 

that might be present. It also includes determining whether the risks involved are manageable 

and align with the organization's ethical standards and risk management policies. This 

assessment ensures that the use of AI, particularly in sensitive areas like HR, is conducted in 

a manner that upholds ethical principles and minimizes risks to individuals and the 

organization. Agrawal et al. in their AI canvas (2021) highlight the role of human judgment in 

conjunction with AI's analytical power. The WärtsiläGPT framework incorporates this by 

focusing on evaluating outcomes and potential errors, ensuring that decisions are not only 

data-driven but ran by human judgment and aligned with organizational values and standards.  

 

7.2.6 Solution Scale and Intensity Phase  

 

The 6.) Solution Scale/Intensity phase assesses the scope and depth of applying the AI 

solution. This step evaluates the problem's prevalence, the scale of impact on the 

organization, and the feasibility of expanding the solution. It involves analyzing the extent of 

the problem across the company, the clarity of related processes, and the potential business 

benefits of a broader implementation. Critical factors include the commonality of the issue, the 

specificity of processes to the company, and the solution's overall business impact when 

scaled. This phase is essential for planning the AI solution's deployment, ensuring it is 

resource-efficient and aligns with organizational goals, with input from stakeholders across 

business, technical, and risk domains. 

 

7.2.7 Execution  

 

Finally, The 7.) Execution phase involves determining the key stakeholders who should be 

engaged in the execution process, including relevant business units, technical teams, and risk 

management departments. The focus is on ensuring a collaborative effort that leverages the 

strengths and expertise of various departments to facilitate the smooth introduction and 

integration of the AI solution into existing workflows. This multidisciplinary approach ensures 

that AI initiatives are well-rounded, combining technical feasibility with business value. 
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Based on the findings from the research on AI literacy levels among HR personnel, the 

guidebook designed to accompany the Framework has been updated to include more detailed 

instructions and pertinent questions, for steps 3, 4, 5 and 6. These enhancements aim to assist 

users in effectively responding to the queries and comprehending the intricacies. This tailored 

approach ensures that users can navigate through these specific aspects of the framework 

with a deeper understanding, facilitating a more informed application of the Framework in 

identifying and evaluating potential AI use cases. A more detailed version of the framework 

and the guidebook's contents are accessible in the appendix. 
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8 Conclusion  

 

This thesis delves into the theoretical foundations of generative AI and examines the levels of 

AI literacy within the organization, ultimately leading to the creation and validation of the 

WärtsiläGPT Use Case Framework, specifically designed for the Wärtsilä HR department. It 

emphasizes the pivotal role of AI literacy in effectively employing generative AI technologies 

within HR practices. By adopting a mixed-methods research approach, this study not only 

identifies the existing gaps in AI literacy among HR professionals at Wärtsilä but also outlines 

a strategic plan to overcome these challenges. The formulation of the WärtsiläGPT Use Case 

Framework marks a significant step towards providing a structured, ethical, and practical 

pathway for the adoption and implementation of generative AI within the organization.  

 

This thesis significantly enriches the theoretical landscape surrounding the deployment of 

generative AI within the human resources (HR) sector and fills a notable void in existing 

scholarly work by studying AI literacy levels within an organizational setting, particularly 

focusing on generative AI. By systematically exploring the theoretical underpinnings of 

generative AI and assessing AI literacy levels within organizations, it offers a unique 

contribution to our understanding of how generative AI can be integrated into HR practices. 

The creation and validation of the WärtsiläGPT Use Case Framework, specifically designed 

for HR departments, represent a pioneering effort that bridges the gap between theoretical 

knowledge. In doing so, it paves the way for more informed, ethical, and effective deployment 

of generative AI in the HR sector, marking a significant step forward in the scholarly 

examination of AI literacy within an organizational context.Limitations of the study include the 

scope of the research, as the focus was on a specific company in a set industry and function 

of human resources, which may not be generalizable across other sectors within the 

organization. There may also be limitations related to the empirical data collected. Likert scale 

questions and self-reported data, commonly used in research to measure opinions and 

behaviors, carry inherent limitations affecting their reliability and accuracy. Likert scales may 

lead to biases, such as respondents favoring neutral or agreeable responses and avoiding 

extreme positions, which can obscure genuine opinions. The fixed response options might not 

capture the complexity of respondent attitudes, and the assumption of equal intervals between 

scale points is often contested. Additionally, the methodological constraints of self-reported 

data include subjectivity, potential inaccuracies due to memory recall, and variability in 

question interpretation, which may not fully reveal the nuances of behaviours or motivations. 

Furthermore, non-response and selection bias can skew results. Despite these challenges, 
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Likert scales and self-reported data remain valuable for research, with careful question design, 

data triangulation, and validated questionnaires helping to alleviate some concerns and 

providing insightful, though imperfect, perspectives on topics such as the integration of 

generative AI in HR practices. Nevertheless, utilizing Likert scale questions and self-reporting 

to assess AI literacy proved advantageous, as it yielded immediate feedback on employees' 

views and comprehension of AI tools. This method facilitated the gathering of detailed 

information regarding personal experiences and sentiments related to AI use in the workplace. 

It established a crucial foundation for tracking advancements and pinpointing specific needs 

for enhanced education and skill development in AI literacy. 

Additionally, the rapidly evolving nature of generative AI technology means that findings may 

become outdated quickly as new advancements are made. The Wärtsilä GPT framework is 

designed with flexibility in mind, allowing for ongoing adjustments and refinements as we gain 

more insights, as HR personnel become more adept, and as generative AI technologies 

improve. In its current early stages, a significant emphasis is placed on learning and identifying 

suitable use cases for effective application. The approach to its development and utilization is 

not dictated by a rigid "best practice" framework. Instead, it is guided by ongoing discussions 

and collaborative decision-making processes that involve both the domain experts and the 

technical team. This open-ended strategy allows for the framework to be refined and adjusted 

based on collective insights and experiences. As Wärtsilä and its HR personnel become more 

acquainted with generative AI's capabilities and limitations, and as generative AI technology 

itself advances, the Wärtsilä GPT framework remains open to modifications. This flexibility 

ensures that it can adapt to new learnings, technological improvements, and evolving 

organizational needs, making it a dynamic tool in the integration of AI within HR practices. 

In conclusion, this Master's Thesis represents a significant step forward in understanding and 

navigating the complexities of integrating generative AI within HR practices. By developing the 

WärtsiläGPT Use Case Framework, it not only provides Wärtsilä with a strategic asset for 

technological innovation but also contributes valuable insights to the academic community and 

beyond. As AI continues to reshape the landscape of work, this research emphasizes the 

importance of readiness, adaptability, and ethical consideration, paving the way for a future 

where technology and humanity intersect harmoniously in the pursuit of organizational 

excellence. 
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10 Appendix  

 

10.1 Email to all Wärtsilä HR to ask to fill in the Survey  

Subject: Invitation to fill in Survey related to Generative AI   

Dear [Employee's Name],  

I hope this email finds you well.  

I am writing to cordially invite you to participate in a Survey that I am conducting as part of my 

Master’s Thesis for a Master’s Degree in Human-Technology Interaction.   

As Generative AI continues to integrate into our professional settings, grasping its influence 

and potential for incorporation is crucial. Generative AI encompasses AI systems capable of 

producing novel content, including text, images, and music, through learning from extensive 

datasets. My Master’s Thesis focuses on examining the present awareness and perspectives 

regarding Generative AI within Wärtsilä HR. This research aims to enhance our 

comprehension of current knowledge levels and to formulate effective training strategies in 

the future, tailored to your requirements.  

Filling in the survey requires no previous knowledge in the field of Generative AI. The 

primary objective is to gauge our collective baseline knowledge of AI. Input from all levels of 

experience is valued.  

The Survey has been sent to all Wärtsilä HR employees and is strictly anonymous. The results 

of the Survey will be presented during spring 2024.  

I genuinely appreciate your reply and am looking forward to the possibility of your valuable 

input. If you have any questions or need further information, please do not hesitate to reach 

out to me directly.  

Here is a link to the Survey: https://forms.office.com/r/7z50fp9mHW   

 The deadline for filling in the Survey is January 15th 2024.  

 Thank you for your time and attention to this request. Warm regards, Ira  

https://forms.office.com/r/7z50fp9mHW
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10.2 Email to employee to ask for participation in the interview  

 
Subject: Invitation to Participate in an Interview Session  

Dear [Employee's Name],  

I hope this email finds you well. I am writing to cordially invite you to participate in an upcoming 

interview session that I am conducting as part of my Master’s Thesis for a Master’s Degree in 

Human-Technology Interaction.   

As Generative AI increasingly becomes a part of our work environment, it's important to 

understand its impact and possibilities of integration. Generative AI refers to artificial 

intelligence systems that can create new content, such as text, images, and music, by learning 

from large datasets. Few HR employees have been chosen randomly to participate in an 

interview to gain a deeper understanding of the AI literacy level. The interview requires no 

previous knowledge in the field of Generative AI. The primary objective is to gauge our 

collective baseline knowledge of AI. Input from all levels of experience is valued.  

The interview would be held during January 2024 so no need to rush this before the 

Christmas holidays. I would schedule us approximately 1 hour for the interview.  

Your participation is entirely voluntary, and I understand if you are unable to partake. However, 

if you are willing and available to join to support with my Thesis research, kindly confirm your 

participation by replying to this email by 21st of December 2023.  

As part of the interview, I would ask you to complete the following three forms, before the 

interview:   

1. Survey (the same survey has been sent to all HR of Wärtsilä to understand a 

general level of AI literacy within Wärtsilä)  

2. Background information form  

3. Consent form   

I genuinely appreciate your consideration and are looking forward to the possibility of your 

valuable input. If you have any questions or need further information, please do not hesitate 

to reach out to me directly.  

Thank you for your time and attention to this request. Warm regards, Ira  

https://forms.office.com/r/XZ817ijjNS
https://forms.office.com/r/sgpJCUMRAp
https://forms.office.com/r/NCTHf0RZw2
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10.3 Introduction to the interview 

 
Short introduction the Survey and to the Interview   

 

Greetings and thank you for joining the "Generative AI Insight in Wärtsilä HR" Interview. Your 

participation is greatly appreciated.  

This interview is a crucial component of my Master's Thesis research at Wärtsilä Oyj. Your 

involvement in this survey and interview will provide invaluable insights into the awareness 

and understanding of generative AI among Wärtsilä HR staff.  

 During the interview, you'll be presented with a series of open-ended questions and couple 

of short case studies. It's okay if you can't answer every question; the primary objective is to 

gauge our collective baseline knowledge of AI. We value input from all levels of experience.  

 For analysis purposes, the interview will be video-recorded and transcribed. The video 

recordings will be securely held until August 31st, 2024, after which they will be irreversibly 

deleted. Your privacy is of utmost importance, and I am dedicated to following GDPR 

regulations to maintain confidentiality and protect any sensitive information. You are entitled 

to access, modify, or retract your data at any time. Should you have any queries or concerns, 

please feel free to raise them.  

 The findings of this survey and interview will be reported in an anonymous manner. No video 

or audio recordings, nor any personal details, will be disclosed. Only I will have an access to 

the recordings.   

You are free to withdraw from the interview at any moment.  

 With these details in mind, I now seek your explicit consent to participate in this video-

recorded interview.  

Thank you!  
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10.4 Background information form  
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10.5 Consent form  
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10.6 Understanding of Generative AI within Wärtsilä HR -Survey  
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10.7 Understanding of Generative AI within Wärtsilä HR -Interview 

questions  

 

Interview Questions:  

 

1. In general, how did the Survey make you feel?   

2. Why do you think generative AI has become such hot topic 2023?   

3. Case study on application of generative AI:   

  

In a hypothetical situation, Wärtsilä Oyj is seeking to improve its employee feedback process. 

Currently, the feedback is collected annually via a standard survey, and many employees feel 

that this method does not adequately capture their ongoing experiences and concerns. The 

HR team creates a more dynamic, responsive system that encourages continuous feedback 

and better reflects employee sentiments throughout the year. The feedback is effectively 

analyzed to identify common themes and areas for improvement, thus enhancing the 

responsiveness of the HR team to employee concerns.  

 

Please explain to me the following:  

Consider whether and how generative AI could be integrated into this solution. Evaluate the 

potential benefits of using generative AI as well as any limitations or challenges it might 

present.   

  

4. Related to question number 24 in the Survey (screenshot below), please discuss 

any elements in the comments above question that seem unrealistic, out of context, or 

factually incorrect, indicating a potential hallucination.  
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5. What could be the potential impact of these hallucinations on the employees 

involved and the company as a whole?  

6. What steps would you take when you encounter AI hallucinations?   

7. Case study Analysis: Purpose of Prompting  

  

Task for Interviewee:  

Propose any modifications to the prompt that could yield deeper or more specific insights to 

latest trends in Human Resources Management.  

  

Prompt: "Write a summary of the latest trends in Human Resources management."   

  

AI's answer: "The latest trends in Human Resources management include the increasing use 

of artificial intelligence for recruitment and employee assessments. There is also a growing 

emphasis on employee wellness programs and diversity and inclusion initiatives. Additionally, 

remote work and flexible scheduling are becoming more prevalent in workplace policies."  

  

8. In a hypothetical situation, Wärtsilä Oyj integrates a generative AI system for 

initial resume screening. The AI is designed to evaluate candidates based on skills, 

experience, and potential cultural fit, intending to make the recruitment process more 

efficient and fair. What ethical considerations should be addressed in this case?   
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10.8 WärtsiläGPT Use Case Framework  

 



 
109 

 

10.9 WärtsiläGPT Use Case Framework -Guidebook  
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